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Introduction

Criminal justice institutions are the backbone of a country’s rule of law and
economic development. Understanding factors that could influence the per-
formance and behavior of public officials within these institutions is crucial
for designing policies that promote accountability and enhance institutional
effectiveness.

This dissertation examines factors that shape the behavior and per-
formance of two actors in the criminal justice system: judges and police
officers. It comprises three stand-alone papers, each based on newly col-
lected administrative data from Thailand.

The first chapter, “Courtroom Surveillance: Evidence from a
State Intervention in the Courts”, study the consequence of govern-
ment interventions in the court under autocratic regimes. Despite the fact
that governments have intervened in the courts in several countries, and es-
pecially in autocratic governments, the consequence of such reform is highly
debated. For instance, in Israel and South Africa, it has been questioned
whether reforms that undermine judicial independence could destabilize the
country’s democratization.

In this paper, I study the consequences of the 2017 judicial reform
in Thailand during the autocratic regime that arguably lowered judicial
independence by monitoring judges. The reform requires draft verdicts for
certain cases to be reviewed by a superior court judge before judgment
delivery. Further monitoring and enforcement of the reform were put in
place in 2019.

To study the reform, I constructed a new dataset based on Thai courts’
documents spanning 2015-2020, which I transcribed from case-level com-
plaint and judgment texts and linked with individual-level registry data.
Using the difference in difference design that compares treated cases that
contain offense types subject to superior court review to control cases that
do not subject to additional review, I found that: (i) cases that are subjected
to court revision received significantly longer prison sentences, (ii) the effect
does not kick in until 2019 when extra monitoring and enforcement is intro-
duced, and (iii) the effect is driven by previously lenient judges being more
stringent after the reform. The results could not be explained by a change
in case composition that is driven by criminals’ behavior, prosecutors, or

case assignment process in the court and were indeed a result of a change in
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judicial decision-making. In addition, I found that while drug-related and
unrest offenses received harsher punishment, cases involving politicians and
public officers’ malfeasance however received significantly more favorable
treatment.

The second chapter, “Punished Beyond Her Crime: Evidence
from Women in Drugs Offenses”, study gender disparity in the criminal
justice system, focus particularly on drugs offenses. Drugs have been a
persistent problem in many countries, leading governments to often adopt a
tough approach to combat drug trafficking, and women worldwide have been
disproportionately incarcerated for drug offenses. In the US, over 35 percent
of incarcerated women are imprisoned for drug-related offenses, compared
to only 19 percent of men. This disparity is even more pronounced in Latin
American and Asian countries.

In this paper, using the same court data as the first chapter but now
spanning 2005-2020, I document that the gender disparity in drug offenses
differs from other types of crime. While women typically receive more fa-
vorable treatment in the criminal justice system, the gap is consistently
negative for drug offenses-women receive harsher treatment than men in
these cases. This difference cannot be explained by observable case or de-
fendant characteristics, is highly robust to selection on unobservable, and is
driven by nearly half of the judges in the sample. Heterogeneity analyses
reveal that this result is primarily driven by cases in which women are ar-
rested alone. When women are arrested alongside multiple co-defendants,
they are not treated significantly differently from men. The results shed
light to the fact that tough-on-drugs policy may disproportionately affect
women, particularly those at the lower end of the drug chain.

The third chapter, “Fast-tracked Officers: Promotion, Corrup-
tion, and Policing”, shifts the focus to police departments. I combine
newly digitized police personnel and arrest data from Thailand for the pe-
riod 2017-2022 to study the dynamics of police promotions. Specifically, I
investigate the factors that predict police promotion in different periods.

I analyze both formal promotions (advancement to a higher rank) and
informal promotions (reassignment to more desirable police stations, as mea-
sured by survey data on officers’ preferences). I first document that officers’
tenure is an important predictor of formal promotion, but not for informal
promotion. This confirms the fact that there is rules on the minimum tenure

required for formal promotion, while informal promotions do not have rules
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on tenure requirement.

Using a 2018 reform that aimed to curb corruption through stricter
seniority-based promotion criteria and mandatory rotation rules, I examine
how rigorously these regulations were enforced and whether they altered
the characteristics of officers who were promoted. I find that the rules
were only partially enforced. While tenure remains a strong and consistent
predictor of formal promotions overall, there was a negative spillover effect
into the informal promotion channel after the reform: officers with shorter
tenure became more likely to receive favorable transfers. Moreover, the
effect further weakened during periods of heightened suspicion of corruption.
These findings suggest that although the reform modestly shaped formal
promotion practices, informal patronage and discretionary influence likely

persisted despite tighter regulations.
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Chapter 1

Courtroom Surveillance:
Evidence from a State

Intervention in the Courts

Abstract:

Judicial independence stands as the cornerstone of any democratic
nation. How does state intervention, specifically through the monitoring of
judges, affect the judiciary? To study this question, I collect and transcribe
novel case-level administrative complaint and judgment texts from criminal
courts in Thailand during the autocratic government period of 2015 to 2020.
I analyze the effects of the 2017 constitutional reform mandated by a military
coup. This reform requires draft verdicts for severe and politically sensitive
cases to be reviewed by a superior court before judgment delivery. Using a
difference-in-differences design, I find large and significant impacts on judge
behavior: judges became more stringent in cases subject to superior court
review. The effect does not fully emerge until 2019 when extra monitoring
and enforcement is introduced, and is primarily driven by previously lenient
judges. This indicates that the reform increased the uniformity of verdicts
as intended. However, heterogeneity analyses revealed that while severe
drugs and social stability offenses received longer prison sentences, cases
involving politicians and public officers’ malfeasance received significantly
more lenient treatment. Additionally, these effects are more pronounced in
regions that are more politically aligned with autocratic rule.
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1.1 Introduction

Political parties and judicial review are two distinct institutions that
mutually protect and balance each other to ensure the stability of democratic
states. In recent decades, however, government interference in judicial pro-
cesses has increased in various countries. This interference occurs through
both formal mechanisms—such as constitutional and legislative changes (like
Hungary, Israel, Thailand, or South Africa)—and informal political maneu-
vers (like Pakistan, or Poland’s far-right Law and Justice party). This raises
important questions: To what extent should the state intervene with and
monitor the courts? What are the underlying motives behind state inter-
vention in the judiciary?

Monitoring is a common tool used to mitigate agency problems in any
organization. Fconomic theory suggests that monitoring can reduce cor-
ruption or malfeasance by increasing the cost and likelihood of detection
(Becker and Stigler 1974), thereby improving organizational performance
(Ferraz and Finan 2008; Ferraz and Finan 2011; Di Tella and Schargrod-
sky 2003; Borcan, Lindahl, and Mitrut 2017, Vannutelli 2023). However,
the context of judicial monitoring differs from other contexts. Judges are
highly capable individuals, and monitoring them can compromise judicial
independence, potentially weakening the system of checks and balances in
democratic countries (Ginzburg and Moustafa 2008).!

Despite academic discussion and profound anecdotal evidence of po-
litical attacks on the judiciary, the exact motives and consequences of these
interventions remain unclear. Very little research has documented the ex-
tent to which state intervention in the courts affect case outcomes and the
judiciary. This paper addresses the gap by providing empirical evidence on
the consequences of monitoring judges on case outcomes. Identifying the
causal effect of monitoring on case outcomes is challenging given the many
factors that affect both monitoring and case outcomes; cases are selected on
observed (and unobserved to the researcher) dimensions that are also related
to sentences. Thus, previous research has often been limited to qualitative

studies or estimating correlations.

L«The court would determined the future of our democracy. It was as important to
the new constitution as the parliament and presidency. Judges should be creative and
independent in ensuring that, in contrast to apartheid, no person was above the law,
regardless of their race, power or wealth.” (Nelson Mandela, South Africa Constitutional
Court opening 1995)



To identify the effect of monitoring on case outcomes, I examine a
unique large-scale reform implemented by the military-coup government in
Thailand. The 2017 judicial reform in Thailand mandated that draft ver-
dicts for selected severe and politically sensitive cases be reported to re-
gional court superiors before judgment delivery. Additionally, final verdicts
for these cases must be reported after the judgment if the defendant con-
fesses early, i.e., before the case assignment. These requirements—specifically
which cases must be reported—vary across regions in Thailand.

Although the stated aim of the reform was to increase transparency
and uniformity of verdicts across judges, its consequences are unclear and
have never been evaluated. With rising public concerns among lawyers and
NGOs that the reform could erode judicial independence, the reform was
more heavily enforced in 2019 to ensure its effectiveness and continues to be
implemented to this day.

To study the effects of the reform, I construct a novel case-level dataset
based on Thai Provincial Courts’ complaint and judgment texts, which span
the period of military control during 2015-2020. These data have never
been linked across different courts nor used by researchers before. I linked
this dataset with (i) individual-level court registry data using anonymized
case IDs to obtain case characteristics, defendant characteristics, and pros-
ecuter and judge identifiers, (ii) charge-level punishment range data, which I
scraped from the universe of criminal laws in Thailand, and (iii) constituency-
level electoral data. By transcribing and coding the exact characteristics of
each case, I can identify the precise offense category and the maximum prison
sentence range associated with each charge. Using a difference-in-differences
design, I exploit suboffense-by-region variation in reform exposure and tim-
ing to compare changes in sentencing outcomes between treated cases that
contain suboffense types subject to superior court review to control cases
that are not subject to additional superior court review.

I find that the reform has a large and robust effect on judges’ behavior.
Cases subjected to superior court revision before judgment received signifi-
cantly longer sentences by 38.57 months (107.1 percent increase relative to
the mean) following the reform. Also, the dynamics of the estimates reveal
that although the reform was implemented in 2017Q1, it was only after the
introduction of extra monitoring and enforcement in the second phase of
the reform (2019Q1) that estimates increased significantly. The results are

large and signicant only for cases that are subjected to draft verdict revision
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before judgment delivery, but insignicant for cases for which final verdicts
are to be reported after judgment delivery. This highlights that the success
of the reforms depends crucially on strong monitoring and enforcement.

In additional analyses, I demonstrate that the results cannot be ex-
plained by changes in the number of crimes, prosecutor behavior, or the
case assignment process. Instead, results are mainly driven by previously
lenient judges becoming more stringent after the reform. This suggests that
the reform increased both punishment stringency and sentencing uniformity
across judges.

To better understand the political incentives behind the reform and
explore whether it served as a monitoring tool to reduce judicial bias, a polit-
ical strategy to gain support, or a means to consolidate power and facilitate
state corruption, I document significant variation across offense categories
and local political alignments. The reform’s impact is primarily driven by
severe drug-related offenses, which constitute the majority of serious crim-
inal cases, as well as cases related to political unrest. In contrast, cases
involving politicians and public officials’ malfeasance received significantly
more lenient treatment. Moreover, I find that the effect is more pronounced
in areas with stronger political support for the autocratic regime. Overall,
my findings provide empirical evidence that the state leverages the courts
to expand social and political control and enforce greater uniformity among
judges. However, the results also suggest that increased judicial oversight
could undermine the rule of law.

This paper contributes to several strands of the literature. First, it re-
lates to the literature on monitoring and judicial behavior. Monitoring has
long been used to mitigate principal-agent problems in the public sector.
Prior work has studied monitoring mechanisms in various contexts, such as
local government audits (Ferraz and Finan 2008; Ferraz and Finan 2011; Di
Tella and Schargrodsky 2003), external random auditors (Vannutelli 2023),
the use of CCTV in exam environments (Borcan, Lindahl, and Mitrut 2017),
courtroom broadcasting (H. Chen, Y. Chen, and Yang 2024), and central
government oversight of pollution (Axbard and Deng 2024). This paper
contributes to that literature by examining judicial monitoring: mandated
review of draft verdicts by court-appointed superiors. While this oversight
mechanism may increase consistency and reduce variance in sentencing, it
also risks compromising judicial independence by shifting discretionary au-

thority from randomly assigned trial judges to centralized court leadership.
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This trade-off—between standardization and autonomy—offers important
insights into how monitoring shapes judges’ behavior in politically sensitive
institutions.

Second, the paper contributes to the literature on political influence
over the judiciary. Existing studies have documented how politically power-
ful actors receive more favorable legal outcomes even in democratic settings
(Poblete-Cazenave 2023; Lambais and Sigstad 2023; Downey and Grunwald
2023). However, empirical evidence on such political intervention under
fragile democracies or authoritarian regimes remains limited.? This study
fills that gap by providing case-level evidence from Thailand, a context of
fragile democracy, demonstrating how institutional reforms imposed by an
autocratic regime affect judicial behavior and case outcomes.

Third, this paper contributes to the literature on the consequences
of judicial reforms. In the U.S., the extent to which advisory, non-binding
sentencing guidelines influence sentencing outcomes and judicial decision-
making has long been debated and studied.? Despite widespread judicial
reforms in developing countries, empirical evidence on the consequences of
these reforms remains limited. Recent work has begun to fill this gap. For
example, Ernest, Yi Lu, and Wang (2022) study judicial independence re-
forms in China that removed local government control over the budgets and
personnel decisions of local courts and document that greater judicial inde-
pendence reduced local protectionism, encouraged cross-regional integration,
and boosted economic growth. This paper builds on that work by providing
empirical evidence on intervention in judicial decision-making. Specifically,
I examine a reform that centralized oversight of draft verdicts in severe and
politically sensitive cases, revealing how such interventions influence judicial
behavior and the distribution of legal outcomes.

Finally, this paper contributes to the growing literature on bias in
judicial decision-making. Prior research has documented various forms of
bias in legal systems, including political bias (Anwar, Bayer, and Hjalmars-
son 2019), racial bias (Anwar, Bayer, and Hjalmarsson 2019; Alesina and

2There exist a large literature on autocratic strategy to maintain social and political
control-e.g. through propaganda (Adena et al. 2015; Yanagizawa-Drott 2014), censor-
ship (King, Pan, and Roberts 2014; Rozenas and Stukal 2019; Simonov and Rao 2022),
repression (Gehlbach et al. 2024), local elections (Martinez-Bravo et al. 2022), and pa-
tronage promotion (Jia, Kudamatsu, and Seim 2015; Xu 2018; Wen 2024). Despite the
prevalence of judicial capture by autocratic government, there remains limited evidence
of such itervention.

3E.g. Bushway and Piehl (2001); Bushway, Owens, and Piehl (2012).
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La Ferrara 2014), gender and religious bias (Ash et al. 2021), and in-group
favoritism (B. Mullen, Brown, and Smith 1992; Shayo and Zussman 2011).
This study adds a new dimension by examining how institutionalized over-
sight by more experienced or higher-ranking judges—as mandated by con-
stitutional reform—shapes these biases. Specifically, it explores whether
hierarchical review mechanisms reduce individual judge discretion and thus
statistical discrimination, or instead reinforce selective leniency, particularly
in politically sensitive cases. By showing that verdict stringency increased
in some categories (e.g., drug and public order offenses) while politically
connected defendants received more favorable outcomes, the paper provides
nuanced evidence on how judicial monitoring may redistribute rather than
eliminate bias within an authoritarian legal framework.

The remainder of this article is organized as follows. Section 1.2 pro-
vides the institutional background of the Thai judicial system and the 2017
judicial reform. Section 1.3 describes the data and summary statistics. Sec-
tion 1.4 discusses the identification strategy and provides evidence of its
validity. Section 1.5 presents primary estimation results for prison sentence
lengths, and Section 1.6 explores mechanisms by estimating differential ef-
fects by judge stringency.

1.2 Institutional Background

1.2.1 Thai Court System

The Thai court system is structured into three levels: Courts of First
Instance, Courts of Appeal, and the Supreme Court. The majority of cases
are resolved at the Court of First Instance, which include the Criminal
Court of Thailand in Bangkok Metropolis, 96 Provincial Courts, 27 District
Courts, and 29 Juvenile and Family Courts.

Within the capital city of Bangkok, criminal cases are tried at the
Criminal Court of Thailand, Southern Bangkok Courts, Thonburi Courts,
Minburi Provincial Court, and seven District Courts. The number of judges
presiding over a case varies depending on the court’s jurisdiction, ranging
from one to five. Outside Bangkok, in other parts of the country, the venue
for criminal cases depends on their severity. Cases for which the maximum
prison sentence over 3 years in prison, 60,000 baht in fines, or both are tried

at the provincial courts. Less severe cases that do not meet these criteria
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are heard in district courts.

The composition of judicial panels differs between provincial courts
and district courts. Cases in district courts are heard by a single profes-
sional judge, whereas cases in provincial courts are heard by a panel of two
professional judges. In this paper, I focus on criminal cases tried at seven
provincial courts outside Bangkok.

Career judges are recruited through a merit-based system and ap-
pointed as civil servants upon passing a qualification exam. Promotion and
rotation of the judges are determined by the seniority system.* Seniority
among judges is determined by both the cohort in which a judge first passed
the judicial entrance examination and their ranking in that exam, regardless
of age. Judges who entered the judiciary earlier are considered more senior
than those who joined later. Within the same cohort, candidates with higher
exam rankings are considered more senior than those with lower rankings.
Senior judges must be promoted before their juniors and have priority in
selecting their preferred court assignments during rotations. Promotions
that deviate from this seniority order are rare and considered exceptions,
permitted only with the approval of a majority of the Judicial Commission.

The Judicial Commission (JC) comprises both judge-elected and Senate-
appointed members: (i) the President of the Supreme Court, (ii) six judges
elected from the Supreme Court, (iii) four judges elected from the Court
of Appeal, (iv) two judges elected from the Court of First Instance, and
(v) two non-judicial members appointed by the Senate. The Commission
exercises exclusive authority over all judicial personnel matters, including
recruitment, appointments, transfers, promotions, and disciplinary actions
across all court levels. All such decisions require approval by a majority vote
of the Commission.

The administration of each local court is led by a Chief Judge (or
court head), who is the most senior judge in the court. All Courts of First
Instance outside Bangkok are overseen by one of the nine regional courts.
Figure 1.1 provides the graphical summary of the organizational structure
of each regional court and local courts under its supervision. Each regional
court is presided over by one Chief Regional Judge. The selection of Chief
Judge and Chief Regional Judges is based on a senioriy basis, and must be
approved by the majority of the Judicial Commission.

The Chief Regional Judge can preside over cases within his/her region,

4Judicial Service Commission Act, as stipulated in Sections 8, 9, 10, 13, and 33.
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including those involving offenses against public security, serious criminal of-
fenses, high-value claims, and contempt of court. Additionally, if necessary,
the Chief Regional Judge can temporarily transfer a judge within his/her re-
gion to another court for up to three months, with the judge’s consent. Any
such transfer must be promptly reported to the President of the Supreme
Court.

1.2.2 Thai Criminal Justice Process

The processing of criminal cases in Thailand is summarized in Figure
1.2. Once a case is filed in court, either by a citizen or through the pros-
ecutor,”® it first reaches the arraignment hearing stage. At this stage, the
defendant can either confess or plead not guilty. Unlike in the US court
system, there is no plea bargaining in Thai courts.

If the defendant confesses and the case involves a minimum sentence
of less than 5 years of incarceration, a judge on duty can adjudicate the
case right away. These cases, typically small and non-serious, do not require
further investigation by the court and proceed without an attorney. A sig-
nificant number of cases fall into this category, and this streamlined process
significantly alleviates the court’s workload. As a result, the majority of
cases are resolved at the arraignment hearing stage.®

However, if the defendant confesses but the case is more serious (with
a minimum prison sentence of 5 years or more), or if the defendant pleads
not guilty, the case will be randomly assigned to a judicial panel by the
Chief Judge of each court. The panel will then conduct further investigative

hearings, evidence examinations, and witness hearings.

1.2.2.1 Case Assignment to judges

The case assignment process for all provincial and criminal courts fol-
lows a set procedure. At the beginning of each budget year, the chief judge
of each court forms judicial panels, each comprising two judges, through

randomization.” These panels remain intact throughout the year until the

5Thai courts generally accept cases filed by public prosecutors without holding inves-
tigative or preliminary hearings, but cases filed by citizen will go through preliminary
hearings.

It is, at the same time, criticized of defendant’s legal rights— defendants have no
attorney and cannot discuss the case with external lawyers.

"The chief judge will also designate one judge to be a judge on duty for the arraignment
hearing process on a daily basis. The assignment of judge on duty usually set a month
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next budget year or annual rotation. The formation of these panels occurs
annually before the case assignment stage. On average, a provincial court
will have approximately 11 judicial panels.

After the panel is formed and the case arrives at the court, the Chief
Judge randomly assigns cases to these panels of two judges, designating one
as the responsible judge and the other as a consulting judge, adhering to
the “principle of randomization” (Act on Judicial Service of the Courts of
Justice concerning Case Assignment, B.E. 2543 (2000)).8 A case must be
heard and adjudicated by both judges in a judicial panel.” To prevent the
judge from developing a close connection with local people, a judge will be
rotated to a new court after a four-year stay and cannot return to the same

court again in the future.

1.2.2.2 Sentencing Practice and Judicial Discretion

In all criminal cases in Thailand, the prosecutor determines charges,
for which the sentence range naturally follows from the Criminal Code of
Conduct. This sentence range serves as a bound for a judge to exercise
discretion over conviction and punishment.

Judicial discretion in Thailand can be described in two stages. First,
judges determine the final verdict, deciding whether to convict, acquit, or
dismiss the case. Judges then have discretion over the punishment, with
sentences determined according to the court’s internal sentencing guidelines,
known as Yee-Tok. Judges are recommended to follow Yee-Tok closely but
can deviate if approved by the Chief Judge. In the final step, judges can
adjust the sentence set by Yee-Tok under certain conditions specified by the
Criminal Code of Conduct.'®

Judicial discretion in Thailand differs significantly from that in the
US or other Western countries, where Sentencing Guidelines are public.
For example, in the US context, with publicly available Federal Sentenc-

ing Guidelines, sentences are fairly predictable based on convicted charges.

in advance.

8There are exceptions for “specialized cases”, e.g. cases involve juvenile offenders,
corruption and misconduct cases, complex cases expected to take a longer time to process,
all of which will be assigned to more experienced judges by their Division Chief Judge.

9according to the Law for the organization of the Court of Justices

10These conditions include: (i) converting imprisonment to confinement (Criminal Code
of Conduct, Section 23), (ii) granting remission (Criminal Code of Conduct, Section 55),
and (iii) suspending or delaying probation (Criminal Code of Conduct, Section 56).



Consequently, it is widely agreed that prosecutors have more influence over
case outcomes than other criminal justice officials, including judges.'!

In contrast, Thailand lacks statutory sentencing practices and Thai
Sentencing Guidelines differ significantly from those in other countries.!?
First, there are no uniform sentencing guidelines for all courts of the first
instance; each court formulates its own guidelines. This is justified by the
argument that the number of crimes varies across locations, making it prefer-
able for each court to have its own guidelines. Second, these sentencing
guidelines are not publicly available beyond the judiciary. Additionally,
there is no written standard for compliance with or departure from Yee-
Tok, unlike Western sentencing guidelines. Given these differences, judges

in Thailand have substantial influence over case outcomes.

1.2.3 Background and the Implementation of the 2017
Judicial Reform

This section discusses the political background in Thailand leading up
to the constitutional amendments and court interventions. Then, I turn
to the 2017 Constitutional amendment, which is the primary focus of this
paper.

Though Thailand has been a democratic nation since 1932, the coun-
try’s democratic consolidation is still not complete. Thailand’s political
landscape has seen multiple regime transitions, swinging between democratic
and authoritarian administrations as well as several distinct democratic gov-
ernments. The Thai political cycle is depicted in Figure 1.9 of Appendix
1.7, which emphasizes that, on average, a coup was carried out every five
years to put an end to political disputes or instability. After every coup,
the nation was ruled by a military junta for a few years until constitutional
democracy was reinstated.

Figure 1.3 displays the political cycle in Thailand since 1997, showing
numerous transitions between democratic and authoritarian regimes as well
as between left- and right-wing democratic parties, depicted in blue and grey

respectively.'® A noticeable pattern is that anytime a military coup results

M Barkow (2009); Bibas (2010)

2Mahakun (1977); Saengwirotjanapat (2016); Yampracha (2016)

13Thai democratic politics do not have a clear separation between the left and the
right wing, but are more separated by polarization of powers. In this paper, I follow this
mainstream separation and categorize into two polars: liberal vs conservative. Liberal
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in a new government taking office, the constitution is amended to weaken
the independence of the judiciary.

Prior to 2007, a fully elected legislature drafted Thailand’s first con-
stitution on October 11, 1997. The 1997 constitution was referred to as the
“people’s constitution” and was praised as the most democratic constitution
to date since it was drafted by an elected body operating under a democratic
government. This constitution included multiple sections that guaranteed
judicial independence in hearing,'# trials and decisions.'®

The 2007 constitutional amendment, following the 2006 military coup,
eliminated several sections of the 1997 constitution that had guaranteed ju-
dicial independence. Only one section, Section 197, briefly addresses judicial
independence,'® while granting Chief Regional Judges more authority to re-
locate judges without prior consent.

This paper focuses on the 2017 constitutional amendment, which fol-
lowed another military coup on May 14th, 2014. This amendment arguably
resulted in decreased judicial independence compared to previous constitu-
tions. Specifically, only one section (Section 188) guaranteed judicial in-
dependence, and this provision was significantly shortened. It no longer
prevented the transfer of judges without their consent.

This decrease in constitutional protections for judicial independence
consequently led to the amendment of the Act on Judicial Service of the

Courts of Justice in 2017. Although the reform intends to “..to increase

parties here include Thai Rak Thai (TRT) Party, and the two Thaksin-nominee parties
(People’s Power party (PPP; 2007), and Pheu Thai party (PTP; 2011)). Conservative
party here refer to Democrat (DEM) Party.

14Criminal Code of Conduct Section 236 stipulated that “judges who abstained from
the hearing could not adjudicate the case, with the exception of situations involving force
majeure or other legally mandated unavoidable situation.”

15Criminal Code of Conduct Section 249 stipulated that: (i) the trial and adjudication
by judges shall not be subject to hierarchical supervision, (ii) case assignment to judges
shall be in accordance with the rules of law, (iii) case recall from a judge or transfer shall
not be permitted except in the case where justice in the trial and adjudication of the
case shall otherwise be affected, and (iv) a judge may not be transferred without consent,
with the exception of ordinary transfers stated by law/agenda, promotions, disciplinary
actions, or entering the criminal court as a defendant.

16 Criminal Code Section 197: “The trial and adjudication of cases is the exclusive power
of the court. Judges have full independence in trials and adjudications. The transfer of
judges without their consent is not permitted except for temporary transfers as provided
by law, promotions, disciplinary actions, criminal charges, cases affecting the justice of
the trial, or force majeure or other unavoidable necessity. Judges may not be political
officials or hold political positions.”
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the uniformity and unbiasedness of verdicts across judge”,!” it arguably

decreased judicial independence in several aspects. Below I describe details

of the reform and its implementation.

Reform implementation. Before the 2017 reform, once a case
reached the court, the Chief Judge would randomly assign it to a judge, who
then exercised full independence in delivering a verdict. The 2017 reform,
however, introduced two key procedures that that allowed court superiors
to intervene in the sentencing process.

First, the reform established a category of ‘special cases’ for which
judges at both the Court of First Instance and the Appeals Court are re-
quired to submit draft verdicts to the Chief Regional Judges before issuing
a final judgment. These draft verdicts must be sent by post to the Office of
the Chief Regional Judges immediately upon the case’s arrival and received
at least 15 days before the scheduled judgment date to ensure adequate time
for review.

Chief Regional Judges are legally authorized to review draft verdicts,
issue non-binding advisory opinions if they disagree, and return the revised
drafts to the original judges. These reviews function solely as recommen-
dations or guidelines. Judges are not legally obligated to follow them, and
there are no formal penalties for issuing verdicts that diverge from the advice
of the Chief Regional Judges.

The reform aims to leverage the expertise of senior judges, such as
Chief Regional Judges, to enhance the overall quality of judicial decisions.
However, it is worth noting again that the reform grants Chief Regional
Judges expanded authority to reassign judges to other court without their
prior consent. This increase in administrative power may create indirect
pressure, making it more difficult for judges to deviate from the suggested
verdicts. Figure 1.4 provides a graphical summary of how this judicial reform
affects the pre-reformed judicial decision-making process.

The description of ‘special cases’ category is reported in Table 1.1.

These ‘special cases’ are generally (political) sensitive or severe cases, which

1"Media interview of the spokesman for the Court of Justice, ThaiPost newspaper on
October 8th, 2019.
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18 1

include severe criminal cases,'® severe civil cases,'” contempt of court cases,
autopsy investigation, cases that are of public interest, cases that may af-
fect international relations, cases relating to conflict in the southern border
provinces, and cases related to top individuals.?? Understanding what of-
fense categories are classified as ‘special cases’ and being able to observe
these in the data is an essential component of the research design. Section
1.3.2 returns to these details and summary statistics of these special treated

cases.

Regional discretion. Due to variations in location and the number
of crimes across regions, the 2017 Act allows each regional court to have some
discretion in how the reform was implemented at the regional level. In my
data sample, Region 3 and 4 did not make further adjustment from the Na-
tional Act, only Region 1 (central region) deviated. To be precise, Regional
Court 1 issued an immediate adjustment guideline (No. 301.101/v145) on
August 29th, 2017 to be enforced for all courts in the central region. Citing
a high caseload and small number of judges, the Region 1 guideline spec-
ified a higher threshold than the national act for cases subject to review.
For example, the cutoff for criminal cases requiring revision was set at 20
years, and drug offenses were required to be reported if the pure substance
exceeded 50 grams. The details of the heterogeneity of treatment across

regions will be described in Section 1.3.2 and Appendix 1.7.

Extra enforcement. To increase the enforcement of the 2017 Act,
a 2019 Act on Judicial Service of the Courts of Justice was implemented
for all regions. This new Act added an extra layer of moniotoring to the
2017 act in several dimensions. First, the previous enforcement for ‘special
cases’ from the 2017 Act was emphasized in the 2019 Act. This resulted in
each regional court implementing the policy with higher enforcement. Some

regional courts, such as Region 1, issued extra announcements reminding

8These cases include offenses related to national security (Criminal Code of Con-
duct, Sections 107-135), lese-majesté (Criminal Code of Conduct, Section 112), sedition
(Criminal Code of Conduct, Section 116), terrorism (Criminal Code of Conduct, Section
135/1-135/4), criminal cases with maximum prison sentences exceeding 10 years, and
severe narcotics offenses.

19These cases include those where the property in dispute or the value of claims is
at least 5 million baht, civil cases in which a financial institution is the plaintiff and the
assets in dispute exceed 10 million baht, and property ownership disputes involving assets
valued at a minimum of 200,000 baht.

20E.g. the prime minister, cabinet members, senators, MPs, judges, public prosecutors
and senior civil servants
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judges to report the draft verdicts with full details. Second, the 2019 Act
stipulated an additional requirement for the ‘very special cases’, a subset of
the ‘special cases’, to be reported not only to the Chief Regional Judge, but
also to be further reported to the President of the Supreme Court immedi-
ately once the case arrived at the court. Third, due to the high number of
reported cases, most regional courts replaced the old process of reporting
draft verdicts by post with an electronic system to facilitate the reporting

process.2!

Public discussion. While the reform aims to enhance monitoring,
reduce corruption, and enable more experienced judges to improve the qual-
ity of verdicts, it comes with a significant tradeoff: the potential to un-
dermine judicial independence. First, the reform shifts control over case
outcomes from randomly assigned judges to the Chief Regional Judge and
the President of the Supreme Court. This change diminishes the autonomy
of individual judges in deciding their own cases.

Furthermore, as previously noted, while the path to becoming a ca-
reer judge is entirely merit-based—determined by performance on the bar
exam—the appointments of the Chief Regional Judge and the President of
the Supreme Court are made by the Judicial Committee (JC), which includes
both judicially elected and senate-elected members. Shifting greater control
over cases from randomly assigned, merit-based judges to JC-appointed su-
periors may open the door to increased external influence and potential
interference.

The extent to which this tradeoff matters remains contested, and un-
surprisingly, the reform has sparked public debate??— particularly among

2

independent media,?®> human rights lawyers, and academics?*—who ques-

21The exact implementation date of an electronic report systems are unknown and dif-
ferent for each regional courts, but occur between 2019-2020. Here, I gather anecdotal
evidence from each region where the starting date of electronic case report system imple-
mentation is found. For instance, region 1 required the verdict to be reported by email
since the start of 2019 Act on Judicial Service of the Courts of Justice implementation.
Region 2 employed a newly created Electronic Case Report and Management (ECRM)
on May 17th, 2019. Region 4 piloted ECRM system since 2019, but fully implemented
on Jan 4th, 2020 for all courts in the the region.

22 An issue received most media coverage after a judge in Yala Provincial court who
handled a case subjected to revision shot himself in a courtroom in 2019, with a state-
ment that “..many unfairnesses occurred in the court reviewed process and my virdict is
amended unfairly by the Chief Regional Judge”.

238ee iLaw: https://www.ilaw.or.th/articles/3785

24See Thammasat University seminars “Returning the Judgment to the Judge, Return
Justice to the People” held on October 11th, 2019.
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tion whether it helps improve the quality of the verdicts or undermines ju-
dicial independence and erodes the system of checks and balances essential

to democratic governance.

1.3 Data

1.3.1 Data Description

The primary data sources consist of case-level complaint and judg-
ment texts, summarized by court clerks. I collected this dataset from seven
provincial courts outside the capital city Bangkok, distributed across three
regions: central (region 1), lower north eastern (region 3), and upper north

25 Because these data were not centralized and were

eastern (region 4).
stored locally, the collection process depended heavily on the cooperation
and infrastructure of each local court, as well as the workload of officers at
the central Court of Justice (COJ), who linked and anonymized the dataset
for the first time. Given its sensitive nature and the political context, data
like this have not been used to empirically study judicial decisions in Thai-
land before. The resulting dataset is highly unique both in the context of
Thailand and other developing countries.

Through an annonymized unique case ID, the data is linked with
courts’ registry data that contains case characteristics, defendants’ char-
acteristics, and judgment informtaion. All individual names (prosecutor,
defendant, judges) are anonymized by the Thai Court of Justice and re-
placed by a uniquely generated random ID. Case characteristic information
include annonymized case ID, court name, case filed date, charge category,
and prosecutors’ ID. Defendant characteristics consist of anonymized ID,
age, gender, and nationality (e.g. Thai, Chinese, Laos, Burmese). Judge-
ment information covers judgement date, judge ID (for the judge on duty
and the two judicial panel), and case outcome. Note here that the observed
judgment texts refer to the final verdict and do not include the draft verdict
before the judicial review process.

The data is then linked to two other sources: (i) charge-level punish-

26

ment range which I parse from the universe of Thai criminal laws,”® and

25Sample distribution across region is decribed in Table 1.13 in Appendix 1.7.

26There are approximatedly 500 criminal laws in Thailand, including Criminal Code,
Acts, and Royal Decrees. All criminal laws can be downloaded from Office of the Council
of State’s official website.
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(ii) constituency-level electoral data. By linking court data to charge-level
punishment range and coding the precise offense categories from court doc-
uments, I can identify the exact policy implementation a detailed suboffense
level. Furthermore, by connecting the court data with electoral data, I am
able to analyze the political incentives behind the reform. Detailed data
source is described in Appendix 1.7.

The final sample forms an unbalanced panel, including all closed crim-
inal cases from these seven provincial courts, with judgment dates between
January 1st, 2015, and December 31st, 2020.

1.3.2 Defining Treated and Control Cases

To code cases treated by the 2017 reform, I transcribe complaint and
judgement texts using both automated and manual regular expressions to
obtain key variables that determined if a case will be treated. These in-
clude the case-level “maximum prison sentence range”, offense category, de-
tailed information on seized drugs (such as drug size, tablets, and pure
substance), and whether the case involves high-profile individuals (politi-
cians/bureaucrats).

The reform specified two types of treated cases, distinguished by whether
the defendant confesses before the case is assigned to a judge. The first
type consists of “special cases” that must be reported to the Chief Regional
Judge before the judgment is delivered. The second type also involves “spe-
cial cases” but in these, the defendant confesses before the case assignment
process. For this second type, judges are not required to submit a draft
verdict before delivering the judgment. Instead, they only need to report
the final verdict to the Chief Regional Judge after the judgment is delivered.

Table 1.1 provides a summary of all treated case category, along with
number of observations. A detailed description of the treated cases and
the process for scraping these variables is provided in Appendix 1.7 and
1.7. The number of treated cases is reported separately for cases in which
draft verdicts must be reported before judgement delivery (Treatedér), and
cases where only the final verdict must be reported after judgement delivery

(T7'¢e(11feci£2w).27 As a reminder, whether a verdict must be reported before or

27 According to Section 78 of the Criminal Code of Conduct, an offender who confesses
may receive a reduction of up to half the prescribed punishment, provided there are
extenuating circumstances.
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after judgment delivery depends on whether the defendant confesses before
the process of case assignment or not.

One of the key variables that determine a case’s treatment status, the
case-level “maximum prison sentence range”, represents the upper bound
of the prison sentence range from the most severe charge in each case. To
crreate this variable, I first scraped all charges from each case. Then, I
extracted the charge-level prison sentence range from the complete set of
Thai criminal laws and linked these ranges to the corresponding charges. By
associating each charge with its respective prison sentence range, I was able
to rank all charges according to their punishment severity and identify the
most severe charge (i.e., the charge with the highest prison sentence range).
The upper bound of the prison sentence range for the most severe charge
then serves as the case-level maximum prison sentence range. Details of how
treated cases and other variables are scraped are described in Appendix 1.7.

Table 1 demonstrates that whether an offense is eligible for treatment
is determined by two factors: (i) offense category and (ii) charge severity
(measured by a case maximum prison sentence range). I therefore create a
new treatment unit, g (suboffense-level), that summarizes these two aspects
of policy implementation. To explain, a case will be treated if it has a
maximum prison sentence range that is above the regional-level cutoff, or if
it is an offense that falls into the reported category. A case with suboffense g
in region r is treated if Treated’, turns on. This is defined as the maximum

between two binary indicators:

Treated), = maz{I(Of fense,), [(ChargeSeverity,, > Cutof f,)} (1.1)

I(Of fense,) is a dummy equal to one if a case fall in to a reported
offense category. I(ChargeSeverity,, > Cutof f,) is a dummy equal to one
if a case has a maximum prison sentence range higher that the region-level
cutoff, Cutof f,, which equals 20 years for courts in region 1 (four courts)
and 10 years for courts in region 3 and 4 (three courts).

There are 19 offense groups (0), and 4 maximum prison punishment
bins (m). The index g summarized both offense (o) and charge severity (m)
aspects. Thus, g captures variation at the suboffense level, and Treatedgr

varies at the suboffense-by-region level.
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1.3.3 Sample Creation and Descriptive Statistics

To construct the baseline sample, I first exclude cases adjudicated
by the judge on duty and focus on cases that are randomly assigned to
the regular judges. These are cases in which the defendant confesses and
the minimum prison sentence range is below 5 years. By excluding these
non-randomly assigned and relatively less severe cases, I am better able to
construct a comparable control group.

As described earlier in Table 1.1, treated cases are mostly cases with
maximum prison sentence lengths above 10 years. To construct a compara-
ble control group, I limit the non-treated cases to those with a maximum
prison sentence lenghts greater than or equal to 10 years.?® This resulted in
an analysis sample of 74,678 case-by-defendant observations (69,759 defen-
dants). The sample contains 345 judges (352 judge on duty and 457 panel
judge), 226 prosecutors, and 85 crime scene districts.

Table 2.1 displays descriptive statistics at the case-by-defendant level.
The first column shows statistics for the full sample (N=74,060). Statistics
for control cases and treated cases are reported in columns 2 and 3 respec-
tively. As the policy contains two types of treated cases (depending on
whether defendant confesses prior to case assignment to the judge), column
4 reports statistics for Treatedér (N=5,271), and column 5 reports statistics
for Treated?, (N=21,658).

By restricting the control cases to those with a maximum prison sen-
tence range of 10 years, defendants and case characteristics are more com-
parable in pre-determined characteristics. However, there is a significant
difference in the average processing time between the treated and control
cases. The average processing time for treated cases is 52.2 days, nearly
triple the average processing time of control cases, which is 22.3 days. This
discrepancy is expected, as treated cases are typically more serious, and it
may take additional time for them to undergo review by the court head.

In Table 2.1, cases are grouped into 9 crime categories. A case is
assigned to a particular crime category if it contains at least one offense

from that category.?? There are differences in case categories between the

28 Distribution of cases’ maximum prison sentence range can be found in Table 1.12 of
Appendix 1.7.

29Political sensitive offense include offenses against the royal (Criminal Code of Con-
duct, Section 107-112), offenses related to security of the kingdom (Criminal Code of
Conduct, Section 113-135), offenses related to terrorism (Criminal Code of Conduct, Sec-
tion 135/1-135/4), offenses against public officials (Criminal Code of Conduct, Section
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control and treated groups. Most common in the control group are minor
drugs offenses and major drugs offenses, whereas in the treated group, the
most common categories are major drugs offenses and followed by minor
drugs offenses. But drugs offenses make up the lion’s share of both the
treated and control groups.

Regarding sentences, Table 2.1 indicates that treated cases on average
receive more severe prison sentences than control cases. Treated cases are
almost twice as likely to result in incarceration compared to control cases
(incarceration rate is 38.7 percent for control cases and 87.2 percent for
treated cases). Moreover, among those incarcerated, the sentence lengths
for treated cases are over triple the sentence lengths for control cases.

For the empirial analysis, I set prison sentence lengths to zero if cases
are acquitted or received no prison sentence. Life imprisonment is set to 60

years of prison, and capital punishment is set to 100 years of prison.3°

1.4 Empirical Strategy

1.4.1 Graphical Evidence

This section begins by graphically demonstrating the impact of the re-
form. Figure 1.5.A illustrates the average prison sentence lengths over time,
with the reform period indicated by vertical lines in 2017Q3 and 2019Q1.
Prior to the monitoring reform in 2017 and leading up to the additional
monitoring introduced in 2019, the average sentence lengths remain fairly
steady for both the control and treatment groups. In the first period follow-
ing the introduction of extra monitoring in 2019, the average prison sentence
lengths more than double for the treatment group but remain fairly stable
for the control cases.

This figure points to the first graphical evidence of the reform. Al-
though the monitoring reform was introduced in 2017, the effect becomes

136-146), offenses against judicial officials (Criminal Code of Conduct, Section 167-199).
Malfeasance in offices (Criminal Code of Conduct, Section 136-146, 200-205).

30This follows from the Criminal Code of Conduct Section 91(3) that the maximum
prison punishment (less severe than life imprisonment ) a case could received is 50 years.
It is commonly viewed that life imprisonment is a more severe punishment than 50 years
of prison sentence. Also, folloing from Criminal Code of Conduct Section 52(2), a capital
punishment were to be adjusted down by 1/2, it shall be reduced to life imprisonment or
50 years of prison. Thus, it is natural to set capital punishment to 100 years of prison
sentence.
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evident only after the implementation of extra monitoring and enforcement
in 2019. To interpret this figure, it is important to note that there are sev-
eral compositional changes over time that could drive this observed pattern.
As a result, controlling for these factors are necessary for causal inference.
This figure also supports the exogeneity of the refoms. For these changes
to be driven by unobserved factors, one would have to believe that those
confounds coincided with the exact case arrival quarters of the two monitor-
ing regimes and treated offense categories in all regions. Given that the our
sample includes several provincial courts that the spread over three different
regions, this seems unlikely.

1.4.2 Empirical Methodology

I study the effect of case monitoring by exploiting a judicial reform
in Thailand that generates exogenous variation in case monitoring at the
suboffense-by-region level. In essence, I compare changes over time among
(i) treated cases that must be reported to the Chief Regional Judge (as de-
scribed in Section 1.3.2) and (ii) non-treated cases with a maximum prison
sentence of at least 10 years. Thus, the treated and control cases have ar-
guably similar characteristics, except for the level of case monitoring. Table
1.3 shows that pre-determined case characteristics are balanced betweeen
the treated cases and control cases.3!

I estimate the following baseline difference-in-differences specification:

Sigrt = aTTreatedgT + ,BTTreatedgT x Posty + vX; (1.2)
00+ O + Oy + 0, + 0, X t+ j + €10t

Here, Siq4r+ represents sentence outcome for individual ¢, charged with
sub-offense g, in region r and quarter ¢, which includes (i) the prison sentence
lengths (in months), and (ii) share of actual prison sentence over maximum
punishment.** Treated), is a binary indicator which equals one if a case
is classified as a reported category, as described in Table 1.1. Post; is a
dummy equal to one if the case arrives at the court after 2017Q3. Control
variables (X;) include defendants’ age, gender, criminal history, and number

of charges per case.

31Full balancing tables are reported in Table 1.17, 1.18, and 1.19 of Appendix 1.7.
328ee Appendix 1.7 for details of the variable construction.
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The baseline difference-in-differences specification also includes: of-
fense fixed-effects (6,) to control for baseline differences in case character-
istics and sentencing outcome across offenses; charge severity fixed-effects
(61m), measured from a 5-year maximum prison sentence range bin fixed-
effects, to control for differences across charge severity; quarterly fixed-
effects (6;) to capture shocks to criminal justice system that are common
across all offenses; region fixed-effect (6,) to capture time-invariant region
specific effect; region-specific quarterly trend (6, xt) to capture court-specific
shocks that affect all offenses in that region; and judge fixed-effects (a;) to
control for time-invariant judge-specific effect. Standard errors are clustered
at the treatment unit, gr, level. There are 121 gr units in total. The coeffi-
cient 5, then identifies whether cases that are treated by monitoring reform

experience a differential change in sentencing outcomes.

Four identifying assumptions underlie my DiD strategy. First, the
parallel trend assumption requires that punishment severity of the control
and treated cases would exhibit parallel departures from their trends in the
post-reform period in the absense of the reform. While Figure 1.5 provides
the first suggestive evidence of parallel pre-trends, one might still worry
about trends in punishment severity prior to the reform, particularly if such
trends were differential with respect to the policy treatment, e.g. offense
category or case severity. I formally test for this by including offense and
charge severity fixed effects when estimating an event study specification (see
Section 1.5.3.1). This specification also allows me to look at the dynamic
impacts of the reform over the post-reform period.

Second, the DiD strategy assumes that the timing of the offense-charge
severity treatment is exogenous. Although the 2017 Constitution shortened
the section on court protection, there were no indications of case revisions or
state intervention in the court process until the announcement of the 2017
Act on Judicial Service of the Courts of Justice on July 27th, 2017. This act
stated that the effective implementation date would be for all treated case
that were filed from August 26th, 2017 onwards. A test for no anticipatory
effects will also be provided in the event-study analysis (see Section 1.5.3.1).

Third, causal inference relies on the assumption that there are no con-
founding factors. The assumption would be violated if the reform changed
the composition of the cases, or affected the pre-judicial criminal justice pro-

cess in such a way that it affects the quality of evidence presented to judges
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and leads to different observed sentencing outcomes (e.g. via changes in
prosecutor charge decision, or the case assignment process to judges). If
that is the case, it would be less convincing to claim that the results are
driven by change in judicial sentencing behaviour. I discuss and formally
test for each of these potential confounding factors in Section 1.5.3.2.
Fourth, the timing of the reform must not coincide with other events
or reforms that could lead to the observed results. There are a number of
reasons to support this assumption. First, there is no other criminal justice
system reform or changes in punishment severity during the period of study
that could potentially affect punishment severity of only the treated case.
Also, when estimating the result, I include quarter fixed-effects to control
for any shocks that happen to all cases in that quarter. This would wipe out
shocks that affect all offense in a quarter, e.g. financial or political cycles,

or criminal justice reform that affect all cases.

1.5 Main Results

1.5.1 DID Results

I first examine the effects of exposure to superior court review on case
outcomes by estimating equation (1.2) when the dependent variable is the
prison sentence length, in months. The results are reported in Table 1.4.
Column (1) shows the results when controlling only for quarter effects, of-
fense effects, and charge severity effects. Column (2) adds a set of observable
control variables to see if the results are robust to conditioning on the ob-
servables, and column (3) includes all controls as specified in equation (1.2).
Being subjected to superior court review prior to judgment delivery signif-
icantly increases prison sentence lengths by 37.4 months. This is a large
increase given the average prison sentence lengths of 36 months, i.e. more
than 100%. Controlling for judge fixed-effects in column (4), the effect has
little effect on the estimate (sentence lengths increased on average by 38.6
months). These results offer substantial, significant, and robust evidence
that the reforms impact judges’ behavior. The findings suggest that the
state intervention in the court process, which aimed to exert more control,

led to stricter punishments.

I also explore other aspects of the reform implementation. Firstly,
given the nature of the reform, which was first implemented on 2017Q3 and
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then reinforced with extra monitoring and enforcement in 2019Q1, column
(5) allows for differential treatment effects along these two treated periods.
In particular, Post; is separated into Post?°'7 and Post?°!?. The result
shows that the effect of the reform is driven mainly by the implementation
of extra monitoring and enforcement after 2019Q1. This pattern is also
consistent with the event study in Section 1.5.3.1.

Several factors may explain why the effect of the 2017 reform did not
kick in until 2019. First, the reform lacked strict enforcement during its
initial phase. This shortcoming was cited as a key reason for introducing
additional oversight measures in early 2019. These included “extra moni-
toring” by the President of the Supreme Court in 2019 and the adoption of
an electronic case reporting and monitoring system, which replaced the pre-
vious method of sending verdicts by sealed post. Together, these measures
aimed to improve the efficiency of reform implementation. Second, political
pressure may have influenced the timing. Although the reform was initiated
by the military government that seized power on May 14th, 2014, it was not
until after the 2019 general election®® —when the military-backed govern-
ment secured electoral legitimacy and installed the former coup leader as
prime minister—that more decisive action was taken.This turnover suggests
the emergence of politicians aligned with the new junta at both national
and local levels, potentially leading to stronger enforcement of the auto-
crat’s monitoring policies at the judiciary.

Column (6) of Table 1.4 next separates the treatment dummy into
cases report prior to judgment delivery (Treated}") and cases report after
judgment delivery (Treatedg,,). The results are large and significant only for
cases that are subjected to draft verdict revision before judgment delivery,
but insignificant for the latter. Taken together, these two results highlight
the importance of extra monitoring and enforcement in the effectiveness of
case monitoring reform.

To understand the magnitude of the estimates, the mean post-reform
estimate of 38.6 months is substantial (107.2 percent increase), especially
considering that our control groups consist of only serious cases. For in-
stance, Downey and Grunwald (2023) demonstrates that when the govern-
ment intervenes by explicitly requiring federal prosecutors to become more
stringent—Dby charging and pursuing the most severe offense—prison sen-

tence lengths increase by 4.39 months (16.9 percent increase) more in dis-

33 An election took place on March 24th, 2019.
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tricts where the U.S. Attorney implements the policy with greater fidelity

compared to districts where the policy is implemented with less fidelity.

Table 1.5 presents the analysis when the dependent variable is the
share of actual prison sentence over maximum punishment. The results
are consistent in direction and magnitude with the earlier analysis on prison
sentence lengths (in months)—cases that were subject to superior court mon-
itoring of draft verdicts receive 0.061 higher probability of hitting the upper
bound punishment (62.2 percent compared to the mean). This effect is

primarily driven by the post-2019 period.

1.5.2 Robustness checks

Panel A of Table 1.6 assesses the robustness of the results. The base-
line result from Table 1.4, which includes the full set of controls, is shown in
Column (1). To test the robustness of policy implementation across differ-
ent locations, column (2) replaces region effects and region-specific trends
with (provincial) court effects and (provincial) court by entry quarter fixed-
effects. This adjustment accounts for the fact that each court may have its
own local policies or court-specific effects, such as case randomization at the
court level, that affects all cases within that court. In column (3), I further
include offense-specific time trends in the baseline estimation to control for
crime-specific dynamics, such as legal reforms that affect certain offenses
nationwide. The results remain robust.

To demonstrate that the results are robust to exclusion the harshest
punishments, such as capital punishment (set to 1200 months of prison sen-
tence) and life imprisonment (set to 720 months of prison sentence), column
(4) excludes cases that received capital punishment, and column (5) excludes
cases that received either capital punishment or life imprisonment. These
specifications, however, do not change the qualitative nature of the results.

Panel B of Table 1.6 assesses the robustness of column (5) of Table 1.4,
i.e. the results corresponding to the two treatment periods. The baseline
finding holds; the effect of the reform is less stark during the early imple-
mentation,but significantly larger after the 2019 extra enforcement period.

Panel C of Table 1.6 provide robustness of column (6) of Table 1.4, i.e.
when there are two treatment grops. This confirms our previous conclusion
that monitoring is only effective if the draft verdict is required to be reported

before judgment delivery.
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Table 1.7 demonstrates the robustness of the results to an alternative
control group, using only cases reported after judgment delivery (Treatedgr)
as a control. In these cases, the defendant confessed before case assign-
ment, meaning they were not subject to pre-judgment draft verdict screen-
ing. As described earlier, Treatedgr cases share similar characteristics with
Treatedér,
the screening process. Across all specifications, the treatment coefficients

except for the defendant’s confession, which exempts them from

for Treatedér remain large and statistically significant after the reform.

1.5.3 Identification Checks
1.5.3.1 Test of parallel trends and random timing assumption

In this section, I test whether the treatment and control groups would
have exhibited parallel departures from their trends in the post-reform pe-
riods in the absence of treatment. The omitted period (r=-1) is the period
before the reform is fully implemented or the quarter of the reform itself
(2017Q3). Estimates are displayed in Figure 1.6.

Prior to the reform, I find little evidence of differential group trends.
For 7<0, all treatment coeflicients never reach statistical significance at the
5% level. Pretreatment estimates are also jointly insignificant (F' = 2.04, p
= 0.40). This supports both the parallel pre-reform trends and that there
are no anticipatory effects; the reform is not preceded by observable changes
in local crime or differential punishments.

Following the reform, the effects remain insignificant at the 5% level
for the next four quarters (the magnitude of increase are between 16.6 to
39.2 months, mean=23.3). However, the estimates increase thereafter and
are statistically significant in all periods (except 7=8) —sentence lengths
immediately increase by about 83 months and by about 100 months in each
of the following two quarters.

The dynamics of the estimates can be explained by the institutional
setting of the reforms. Although the reform is implemented in 2017Q1, ef-
fects in the first phase of the reform are not significant. It was only after
the introduction of extra monitoring and enforcement in the second phase of
the reform (2019Q1) that estimates increased significantly. The insignificant
estimate associated with 7=8 aligns with anecdotal evidence from Internal
Regional Court announcement No0.301.001/v171, which announced a tem-

porary pause in case monitoring from November 27, 2019, to December 31,
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2019, due to the high caseloads and numerous public holidays during the
New Year festivals.

A recent literature has developed tools to measure the extent of viola-
tions of pretrends and how these would affect the results (Rambachan and
Roth 2023; Roth 2022). I conduct sensitivity analyses of the event-study
results in Figure 1.6 using Rambachan and Roth (2023)’s approach (“Honest
DiD”) with bounds on relative magnitudes. The results of these analyses
are shown in Figure 1.16. This figure indicates that the breakdown value for
the significant effect on treated cases is M=1. These values imply that the
results are robust to allowing for violations of parallel trends up to 1 time

larger than the maximum violation in the pre-treatment period.

1.5.3.2 Test of no confounding effects

The results thus far show that the estimates are robust to controlling
for an extensive set of case and defendant characteristics, which are likely to
proxy for many unobservable confounders. In this section, I provide further
evidence that the results are driven by the behavior of judges and not other
channels. For instance, the reform could change the composition of cases,
the behaviour of prosecutors, and the behaviour of the court head in case
assignment, in such a way that it leads to observed longer prison sentence.

Here, I discuss each of these potential channels.

Change in number of cases. The number of cases could change, for
example, if the reform caused future offenders to behave differently and com-
mit more serious crimes, resulting in longer observed sentences. I present
a number of pieces of evidence against this claim. First, during the reform
period, there is no significant increase in the number of treated case. The
number of cases over the case arrival date (quarter) is reported in Panel A
of Figure 1.7 and is relatively smooth. I also conduct a formal regression
test in Table 1.14 of Appendix 1.7. The results suggest that the number
of treated cases significantly decreased by 46.9 percent. This confirms our
identification assumption that the reform did not affect offenders’ behaviour,
in such a way that it leads to longer prison sentence. On the other hands,
it points to the potential that the reform could reduce crime. This observa-
tion, however, deserves further investigation since harsher punishment could

reduce crime, if it is visible and known by the people.

Change in composition of cases filed. 1 examine whether the
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reform influenced prosecutorial behavior—for instance, whether prosecu-
tors became aware of the reform and began filing cases in higher maximum
prison sentence ranges. Prosecutors might, for example, strategically adjust
charges to fall just below the case reporting threshold to avoid increased
monitoring by court superiors. Similar behavior has been documented in
other contexts, such as in the US context, the Three Strikes Law led prose-
cutors to charge offenders with lesser crimes not targeted by the law (Bjerk
2005). If this is happening in our case, the observed shift in prison sen-
tence ranges may be driven by changes in prosecutorial behavior rather
than changes in judicial decisions.

I again present a number of pieces of evidence against this claim.
First, a graphical representation from Figure 1.13 (in Appendix 1.7) shows
number of cases for each charge severity bins are relatively smooth. There
is no significant jump at the time of the reform. Second, Table 1.15 of
Appendix 1.7 shows a formal balance test for changes in offenses and charge
severity, controlling for prosecutor fixed-effects. The results show that, while
there is a change in a number of cases in certain offense groups (drugs and
firearms), there is no significant change in the number of cases based on
charge severity.?*

Change in case assignment of cases to the judge. Here, I test
for potential manipulation in the case assignment process. For instance, the
reform might have induced the court head to assign treated cases, which are
subject to revision by a court superior, to a strict judge instead of using the
random case assignment process typical of the normal period.

To test for this assumption, I first estimate judge stringency from the
pre-reform period sample based on (i) prison sentence lengths (months),
and (ii) share of actual prison sentence over maximum punishment, which
ranged between zero (most lenient) and one (most stringent).

)35

The leave-out mean judge stringency score (Z;;))*” is calculated from:

J

1 nj (i)
Ziiy = ——— ( D_Sity — Y Si) (1.3)
i — Tj(4)

34 A remaining concern is that similar cases may be assigned different offense codes
by prosecutors. While I cannot test for this explicitly, this is potentially addressed by
including prosecutor fixed effects.

35E.g. Kling (2006); J. Doyle (2007); Maestas, K. J. Mullen, and Strand (2013); French
and Song (2014); Dobbie and Song (2015); Aizer and J. J. Doyle J. (2015); Bhuller et al.
(2020)
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where Sj(g) is the prison sentence lengths (or share of actual prison
sentence over maximum punishment) of defendant d who is incarcerated by
judge j. m; is the total number of defendants handled by judge j, n () is
the number of defendants in case ¢ handled by judge j. Z;(;) thus represents
the average prison sentence lengths in other cases judge j has handled. The
pre-reform sample that is used to construct an index has 228 judges, each of
whom has presided over an average of 113 randomly assigned court cases.

I aggregate this case-level stringency score3% into judge-level stringency
score. Figure 1.8 displays the distribution judge-level stringency measures,
constructed from both sentence lengths and share of actual over maximum
punishment. I utilize this measure to categorize judges as either ‘strict’ if
their stringency score is above the median, or ‘lenient’ if the score is below
the median.

I then test whether judge stringency measure in the pre-reform period
predicts the probability of a judge being assigned a treated case after the
reform implementation. The results are reported in Table 1.16 of Appendix
1.7. Column (1) reports the result at the judge-level. Columns 2 and 3
report the results for the case-level regression. The results show that pre-
reform judge stringency does not significantly predict judge assignment to
treated case, implying that the reform does not change the assignment of

cases to the judge.

1.5.4 Uniformity across Judges

As each judge’s draft verdict is reviewed by the Chief Regional Judge,
the succes of the reform should imply lower verdict variation within region.
To address this hypothesis, Figure 1.18 depicts the distribution of judge
stringency (control for a fully interacted region and year fixed effect) before
and after the reform, with the corresponding summary statistics provided in
Table 1.22 in Appendix 1.7. We can see from Figure 1.18 that the distribu-
tion of both measures of judge stringency shift to the right (mean increased
from 34.1 to 36.8). Interquartile range for sentence lengths stringency de-
creased from 11.2 to 7.8 (Table 1.22 in Appendix 1.7)37. This suggest that

36The distributions of case-level judge stringency measures (controlling for fully inter-
acted quarter and court dummies) are reported in Figure 1.17 of Appendix 1.7.

37The fact that interquartile range for share over maximum sentence lengths stringency
increased from 0.0019 to 0.021 implies that although distribution of judge stringency shift
to the right, the increase in stringency at a lower distribution is smaller or bounded by
the maximum punishment.
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the reform increase court punishment and consistency across judges.

To support this evidence, I also explore differential responses to the
reform by pre-reform judge stringency. I estimate equation (1.2) on prison
sentence lengths, separately for the strict judge and lenient judge subsample.
Strict judges are defined here as those with pre-reform judge stringency
scores above the median, and lenient judges are judges with pre-reform judge
stringency scores below the median. Judge stringency scores are calculated
as described in Section 1.5.3.2.

As shown, I find stark differences in effects between strict judge and
lenient judge. Columns (1) and (2) of Table 1.8 Panel A show that, by being
subjected to superior court review prior to judgment delivery, cases handled
by lenient judges have prison sentence lengths significantly increased by
79.5 months. However, being subjected to superior court review does not
significantly increase prison sentence lengths for cases that were handled by
strict judges.

To assess the robustness of the result, Columns (3) and (4) of Table
1.8 present the estimation results from using alternative measures of judge
stringency, constructed from the share of prison sentence over maximum
punishment. The results are consistent with columns (1) and (2), where it
shows that treated cases handled by lenient judges were treated significantly
more stringent, but insignificantly more stringent for strict judges.

As the policy was implemented differently by region, it is natural to
explore the results for each region. However, the number of treated case will
be very small if we were to consider each region separately for lenient and
strict judges. Keeping this caveat in mind, Panel B of Table 1.8 estimates a
similar model as Panel A, but separating the Treated_(l]TX Post; dummy in
equation (1.2) for each region. The results are aligned with Panel A-treated
cases are given longer sentences by lenient judges, though it is insignificant
in some regions due to small samples. The results however give a mixed
sign, and are insignificant when considering the sample of strict judges.

In interpreting these results, it is important to note that some regions
could have few harsh judges when measured according to the whole sample.
If that is the case, most judges in that region will be classified as ‘lenient’
judge in our measure. As the verdict is reviewed by the Chief Regional
Judge, it is important to understand how the Chief Refional Judge can
influence the behavior of judges in the region.

To better understand the heterogeneity of judges within a region, I
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categorize judges as either lenient or strict based on their stringency scores
compared to the regional median. To be precise, a judge is classified as
lenient if their stringency score is below the regional median, and strict if the
score is above the regional median. Table 1.20 in Appendix 1.7 reports the
result with this new judge classification. The results mirror those found in
Table 1.8 with significant, large positive treatment effects for lenient judges
and insignificant, small estimates for strict judges. Looking at estimates that
allow for differential treatment effects across region in Panel B, the reform
significantly increase sentence lengths in region 1 by 90.5 percentage points
(column 1) and 110.1 percentage points (column 3). Though estimates are
insignificant for regions 3 and 4, they are positive and large, i.e. more than
100% in all regions.

Taken together, these results imply that the reform increases the uni-
formity of the treated verdict, in the sense that it changes the behaviour of
lenient judges to become more stringent, while little to no effect is seen for

the strict judges.

1.6 Mechanisms

The previous sections established that the reform increased punish-
ment stringency and uniformity across judges. However, without knowing
a defendant’s actual guilt, it is difficult to determine whether the observed
uniformly harsher punishments are driven by increased monitoring (if the
original verdict was too lenient) or increased manipulation (if the original
verdict was fair). Also, several literatures had questioned whether sentence
uniformity leads to unfairness. For example, criminal justice scholars com-
monly believe that while sentencing guidelines increase uniformity, they do
so at the cost of bias (Grunwald 2015; Ogletree 1988). They argue that uni-
formity can reduce the fairness of sentences by limiting the judges’ ability to
consider all relevant case characteristics, resulting in deviations from ideal
outcomes.

In this section, I examine the political incentives driving the reform,
aiming to clarify whether it served as (i) a monitoring tool to enhance the
accuracy of punishments, (ii) an instrument for advancing specific policies
or securing political support, or (iii) a means of manipulation to consolidate
power and facilitate corruption by the military regime.

First, our findings suggest that the reform may have served as a moni-

30



toring tool to address the principal-agent problem within the courts, thereby
enhancing fairness and efficiency in judicial decision-making. For instance,
if verdicts prior to the reform were overly lenient, the introduction of mon-
itoring could lead to stricter and more accurate judgments.

Second, the reform could also be viewed as a tool by the government
to achieve specific policy objectives. These objectives might include policies
to satisfy voters, similar to a democratic context. In the U.S., for instance,
Democratic voters are generally expected to support the legalization of abor-
tion, making it natural to expect government intervention to achieve this
policy goal. In the context of Thailand, the “war on drugs” implemented
by former Prime Minister Thaksin Shinawatra since 2003 (leader of a left-
wing party) has been a significant policy that has gained him huge political
support over the years. Other policy objectives might involve autocratic pol-
icy to stabilize social and political unrest, addressing riots, protests, crime
control, or restricting freedom of speech.

Third, the reform could also be interpreted as a tool for an autocratic
government to manipulate the courts and consolidate power. Anecdotal ev-
idence in our case suggests that judicial strictness could either increase or
decrease due to such manipulation. A notable example of harsher treatment,
as revealed by the media, is a murder case in the southern border province
of Yala. Initially, the provincial judge acquitted the defendant due to in-
sufficient evidence, but the case was later reclassified as a national security
offense (one of the reform treated case categories), with the Chief Regional
Judge advocating for capital punishment.?® On the other hand, there are
cases involving high-profile politicians where the reform appears to result in
more lenient judgments by the criminal court. These are national security
offenses (one of the reform treated case category) that were either acquitted
or seemingly treated with greater leniency by the criminal courts.3?

Given these arguments, it is crucial to understand the drivers behind
our findings: why does the reform generate uniformly harsher prison sen-
tences? In the next subsection, I leverage the rich heterogeneity in the data

38The judge later committed suicide in the courtroom in 2019, claiming that his verdict
had been altered by the Chief Regional Judge. This bring media awareness to further
investigate in the case.

39 According to Bloomberg, former Thai Prime Minister Thaksin Shinawatra is facing
indictment over charges linked to his time in office, including those potentially related
to national security offenses. Despite the seriousness of these charges, the former Prime
Minister receive lenient treatment or even acquittal by the criminal court in Bangkok
(Bloomberg News, June 2024).
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to explore the potential incentives of the reform by analyzing the heteroge-

neous effects based on case characteristics and local politics.

1.6.1 Heterogeneity across Case Categories

In this section, I explore the differences across various case categories
to understand which types of crime the government prioritizes for control
and which receive more lenient treatment. Due to small treated sample if
we were to consider each offense group separately, I first estimate equation
(1.2) on prison sentence lengths allowing for differential treatment effects
along five offense groups*’: (i) offenses involving politicians and bureaucrats,
(ii) offenses related to social/political stability, (iii) severe drug offenses,
which include production/import/export/selling offenses, (iv) minor drugs
offenses, which include posession/use of drugs, and (v) other offenses.

Table 1.9 displays estimated treatment effects from the estimation of
equation (1.2) allowing for differential treatment effects along offense groups
under various specifications. Column (1) shows results with quarter effects,
quarter-of-the-year effects, offense effects, but otherwise no other controls.
Column (2) adds a set of observable controls, column (3) includes all controls
in equation (1.2), and column (4) adds judge fixed-effects. The results show
that the reform significantly decreased prison sentence lengths by 160.9 per-
centage points (more than 100%) for cases involving politician and officer
malfeasance in office, while it significantly increased prison sentence lengths
by 87.1 percentage points for severe drug offenses. While more imprecisely
estimate, the sign of the estimates are positive for social stability and po-
litically sensitive cases, negative for minor drugs offenses and other treated
case.

I also present a subsample analysis by offense group in Table 1.21 of
the Appendix 1.7.4! The results are consistent with those reported in Table
1.9.

The results suggest that the government intervention in the court was
with an aim to achieve more social control throgh higher punishment for
severe drugs, social stability, and politically sensitive cases. However, cases

involving politician and officer malfeasance in office are treated significantly

40A full description of these offenses are described in Appendix 1.7.

41 A1l regressions controlled for quarter, offense, region, and judge fixed-effects. The
results also robust to further to controlling for charge-severity and court trend fixed-
effect.
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more favorably by judges.

1.6.2 Heterogeneity across Political Alignments

In this section, I focus on political support at the constituency level.
Using the 2019 general election in which an autocratic government ran for
election, I measure local autocratic support from autocratic parties vote
share at the constituency (c) level.*? These electoral data are linked to the
case records by subdistrict of the crime scene. The idea behind this het-
erogeneity analysis is that crimes occurring in areas with strong autocratic
support might influence judges to align more closely with autocratic-induced
monitoring policies.

I estimate the heterogeneous effect of monitoring on judicial decision
making across constituencies by interacting the term Treated_}ﬂ X Post; with
the measure of local political alignment. All continuous variables measur-
ing political support are standardized to have a mean of zero and standard
deviation equal to one. I also control for linear trends based on these local
political characteristics. Thus, the interaction term here captures differen-
tial changes from the underlying trend of prison sentence as a function of
predetermined constituency characteristics.

Table 1.11 shows the triple difference results from interacting the re-
form with each political alignment measure. Column (1) shows the baseline
result with no interaction term. Column (2) reports the result when inter-
acting Treatedy, x Post, with the autocratic vote share. The effect of the
monitoring reform is 21.6% larger if crimes were to occur in constituencies
that are one standard deviation above the mean of autocratic support with
respect to constituencies with mean autocratic support. This implies that
the effect of the monitoring reform on sentence outcomes is stronger in areas

that are more political aligned with an autocratic government.

1.7 Conclusion

It has long been claimed that governments attempt to increase social
control through court-imposed punishments. This article provides the first

causal evidence of the impact of a state intervention in the courts through

42There are two autocratic parties: Palang Pracharath Party, and Bhumjaithai. These
are the two political parties whose leaders were previously part of the 2014 military junta.
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monitoring. I find that severe and politically sensitive cases subjected to su-
perior court monitoring received significantly longer prison sentences after
the reform. These effects are primarily driven by previously lenient judges
becoming more stringent post-reform. Additionally, judges’ behavior varied
depending on the offense category. While severe drug offenses and social
stability cases received longer prison sentences, cases involving politicians
and public officers’” malfeasance received significantly more favorable treat-
ment. The results are also driven by crimes in more autocratically aligned
neighborhoods.

Overall, my results indicate that the reform successfully achieved its
intended aims, increasing verdict uniformity and severity of court punish-
ments for severe and politically sensitive cases that were subject to draft
verdict revision before judgment delivery. However, this unequal applica-
tion of justice across offense categories raises several questions about the
functions and fairness of the criminal justice system with respect to case
categories.

My findings may have broader implications for understanding judicial
politics in other societies, particularly regarding the role of courts under
authoritarian regimes. Judicial interventions are prevalent in countries like
South Africa, Israel, or Myanmar where democracy is not fully consolidated.
The impacts of these interventions on social stability and the economy de-
serve further exploration. Just as autocratic interventions in the Thai courts
were used to regain social control, similar actions may contribute to the
weakening of democracy in other regions.

Even in established western democracies where there is the formal sep-
aration of powers, the politicisation of judicial appointments can undermine
judicial independence (Mehmood 2022). Additionally, with the rise of pop-
ulist parties in Europe over the last two decades, judicial independence has
been severely reduced in countries such as Hungary, Poland, and Turkey.
Despite this trend, the literature on the economics of crime and political
economy has generally overlooked the threats to judicial independence and
the role of judicial institutions in shaping the rule of law. This gap in re-
search highlights the need for a deeper understanding of how judicial actions

influence political and economic stability globally.
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Figures

Figure 1.1: Structure of each Regional Court

Regional Court

Chief Regional Judge (1)
Provincial Provincial District .
Court 1 Provincial Court N Court 1 District Court
- Chief Judge (1) Court23,... - Chiefludge(l) - Chief Judge (1) 23, ... - Chief Judge (1)
- Career judges - Career judges - Career judges - Career judges

Note: There are 9 regional courts in Thailand. Each regional court has a similar structure

as displayed above: (i) oversees a number of provincial courts and district courts (ii)

presided by one Chief Regional judge and one Vice Chief Regional Judge where both

are appointed by the Office of the Judicial Comission (JC). Other judges in provincial

courts and district courts are recruited from a merit-based system. Our sample contains

7 provincial courts, overseen by 3 regional courts.

Figure 1.2: Flow chart of criminal cases in Thailand

min sentence

<Syear
defendant / Y
confess
(90%)
- =5year
citizen charges defendant
or m—p-| Court
filed not confess
prosecutor (7%)

compromise (0.1%),
withdrawal (1.8%),
others (0.1%)

Note:
Author’s calculation.
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Judge
on duty

min sentence Chief judge randomly

assign a case to

The process is summarized from the Thai Criminal Procedure Code.

convict (95%)
acquit (2%)

dispose (2%)

Source:



Figure 1.3: Timeline of the thai political turnover (1997-2022)

I ¢ Leekpal —
S T. Shinawatra Political Party
[ 7. shinawatra 4 DEM
(S 5. Chulanont @@ PTP, PPP, PTP
8 s. sundaravej @@ Military junta
M s. wongsawat
A. Vejjajiva
Y. Shinawatra
R b._than-0cha
1997 2000 2003 2006 2009 2012 2015 2018 2021 Today
2007 2017

Constitutional Constitutional
Note: This includes autocratic periods (red), and democratic periods (Democrat party,

grey; Thaksin-supported party, blue) periods.

Figure 1.4: Case assignment process before vs. after the 2017 reform

President
Chief randomization

- draft verdict Chief important case of th
—_— — »|ludge | =———> | Regional | =———> ©
to court Judge - — Jﬁdge —— Supreme

case arrived
Court

Autocrat judicial reform

Note: Pre-reform case assignment process is described in black. The red part of the figure

is added by the 2017 judicial reform.
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Figure 1.5: Graphical representation

A. Sentence lengths (months)

Months (Treated1)

Months (Control & Treated2)

Days (Treated1)

Days (Control & Treated2)

Case arrival date (quarter)

—a— Control  —e— Treated case 1 -# - Treated case 2

Note: Vertical line represents days of regulation enforcement for special case: Aug 26th,
2017 (2017Q3). Regulation is enforced for very special case on: Feb 21th, 2019 (2019Q1).
The horizontal axis represents time that case arrives to the court. The last figure shows
harsh punishment rate, conditional on similar sentence range. Treated case 1 are cases
that draft verdict must be reported to the Chief Regional Judge before judgment delivery.
Treated case 2 are cases that only final verdict must be reported to the Chief Regional
Judge after judgment delivery.
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Figure 1.6: Effects on sentence length (months)

200+

1004

Coefficient and 95% C.I.

=100

1
|
|
|
|
|
|
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|
|
|
|
|
|
1
}
|
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.
|
|
|
|
|
|
|
t

T T T T T

0 9 8 -7 6 -5 -4 3 -2 -1 0 1 3 4 5 6 7 8 9 10 Il
Quarters from the reform

Note: The figure shows DiD coefficients and 95% confidence intervals from estimating
equation (1.2) on prison sentence lengths (mean = 36). Standard errors are clustered
at gr level. Treatment is defined as cases that are subjected to superior court revision
prior to judgment delivery. Control cases are those that do not subjected to superior
court monitoring. Sample includes cases with maximum punishment range greater than
or equal to 10 years of prison sentence. The dashed vertical line is the reference quarter
or quarter of the reform itself in 2017Q3 (the reform is implemented on August 26th, 2017
for region 3 and 4; August 28th, 2017 for region 1), and the year of extra monitoring in
2019Q1.
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Figure 1.7: Change in criminal behavior and the reforms
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Figure 1.8: Judge stringency distribution (judge-level)

o4 L

DD:DD
T T T T
0 20 40 60 80

judge stringency (sentence lengths)

15 20
1
|

Density
10

.05

D — HDDQEE =

judge stringéncy (share over max. sentence)

Note: This figure shows the distribution of “judge-level stringency score”, which is ag-
gregated from “case-level judge stringency score” (calculated according to equation 1.3)
for each juge. The baseline “pre-reformed sample” is used for estimation. Distribution

of “case-level judge stringency score” before aggregation is reported in Figure 1.17 in

Appendix 1.7.
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Tables

Table 1.1: Definition of Treated Cases after 2017 Judicial Reform

Treated case 1:

monitor pre-judgment

Treated case 2:

monitor post-judgment

Treated case category N Max. prison
sentence

(in years)

N Max. prison
sentence

(in years)

A. By charge severity:

1. Cases with max. prison
>20 years (courts in region 1) 2350 88.12
>10 years (courts in region 3 & 4) 2212 59.94

B. By offense:
2. National security, international 44 42.00
relations, terrorism

3. Drugs related cases

- Produce, import, export 24 86.67

- Sell drugs with pure substance
>50 g. (courts in region 1) 563 98.47
>20 g. (courts in region 3 & 4) 563 88.55
Total drugs offense 1137 93.73
4. Cases involve top bureaucrats 113 6.89

or politicians
5. Organized crimes, human- 342 26.17
trafficking, environmental,

fishery act, etc.

10595 61.73
9722 46.44
636 18.33
143 69.79
310 92.16
372 92.18
768 88.33

0 -

0 -

Total 5052 73.76

20930 53.81

Note: N represents defendant-case number of observations. Treated case 1 are cases that

are monitored pre-judgment; Treated case 2 are cases that are monitored

post-judgment. Max. prison sentence is the maximum prison sentence length in years,

averaged for that offense category. Life imprisonment is set to 60 years of prison

sentence. Capital punishment is set to 100 years of prison sentence. A single treated

case can be in more than one treated case category.
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Table 1.4: Estimate of the Baseline equation. Outcome=sentence length.

Sentence lengths (months)

0 @ )
Treatedyg, 121.387*%*  129.920%**  130.067***
(18.515) (22.203) (21.858)
Treatedy, x Post, 30.172%%%  37.545%F%  37.366%**
(7.597) (7.417) (7.540)
Treatedér x Post?°17
Treated},r x Post2019
Treatedﬁr
Treatedf,r X Post;
Observations 72309 72190 72190
R-square 0.382 0.388 0.389
Mean DV. 35.909 35.917 35.917
Offense fe. Yes Yes Yes
Severity bin fe. Yes Yes Yes
Quarterly fe. Yes Yes Yes
Region fe. No No Yes
Region trend No No Yes
Judge fe. No No No
Control vars. No Yes Yes

(continued on the next page)
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Table 1.4: Estimate of the Baseline equation. Outcome=sentence length.
(continued)

Sentence lengths (months)

(4) (%) (6)
Treated,, 128.927F%%  127.890%**  131.155%%*
(21.949) (21.737) (21.406)
Treatedy, x Post 38.566%** 39.135%**
(7.360) (7.522)
Treatedy, x Post;! 14.660*
(8.801)
Treatedy, x Post;"? 69.555%**
(9.817)
Treatedy, 1.477
(9.526)
Treatedf" X Post; 2.360
(2.945)
Observations 72190 72190 72190
R-square 0.395 0.399 0.395
Mean DV. 35.917 35.917 35.917
Offense fe. Yes Yes Yes
Severity bin fe. Yes Yes Yes
Quarterly fe. Yes Yes Yes
Region fe. Yes Yes Yes
Region trend Yes Yes Yes
Judge fe. Yes Yes Yes
Control vars. Yes Yes Yes

Standard errors in parentheses

* p <0.10, ** p < 0.05, ***p < 0.01
Note: Dependent variable = prison sentence length. Life imprisonment is set to 60
years (720 months) of prison sentence. Capital punishment is set to 100 years (1200
months) of prison sentence. Treatedérz Monitor pre-judgment. Treatedgrz Monitor

post-judgment. Standard errors are cluster at the gr level (121 clusters).
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Table 1.5: Estimate of the Baseline equation. Outcome=share over maxi-
mum sentence.

Share over maximum sentence
6 ® ®)
Treatedy, 0.166***  0.179%%*  0.179%**
(0.026) (0.027) (0.025)
Treated,, x Post, 0.061***  0.059** 0.057**
(0.023) (0.023) (0.023)

Treated;r x Post2017

Treated},r x Post2019
2

Treatedy,

Treatedgr X Post;

Observations 72664 72544 72544
R-square 0.216 0.221 0.236
Mean DV. 0.098 0.098 0.098
Offense fe. Yes Yes Yes
Severity bin fe. Yes Yes Yes
Quarterly fe. Yes Yes Yes
Region fe. No No Yes
Region trend No No Yes
Judge fe. No No No
Control vars. No Yes Yes

(continued on the next page)
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Table 1.5: Estimate of the Baseline equation. Outcome=share over maxi-
mum sentence. (continued)

Share over maximum sentence

4 5) (6)
Treated,, 0.172%F% 0. 171%F%  (.183%**
(0.025) (0.025) (0.043)
Treatedz,r x Post; 0.061*** 0.062***
(0.023) (0.023)
Treatedy, x Post;' 0.030
(0.022)
Treated},r x Post2019 0.102%**
(0.027)
Treated,, 0.011
(0.032)
Treatedgr X Post; 0.002
(0.009)
Observations 72544 72544 72544
R-square 0.251 0.253 0.251
Mean DV. 0.098 0.098 0.098
Offense fe. Yes Yes Yes
Severity bin fe. Yes Yes Yes
Quarterly fe. Yes Yes Yes
Region fe. Yes Yes Yes
Region trend Yes Yes Yes
Judge fe. Yes Yes Yes
Control vars. Yes Yes Yes

Standard errors in parentheses

* p < 0.10, ¥*p < 0.05, ¥** p < 0.01
Note: Dependent variable = actual over maximum prison sentence length. Life imprison-
ment is set to 60 years (720 months) of prison sentence. Capital punishment is set to 100
years (1200 months) of prison sentence. Treatedérz Monitor pre-judgment. Treatedgrz

Monitor post-judgment. Standard errors are cluster at the gr level (121 clusters).
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Table 1.7: Robustness Table, using only Treatedgr as a control

Sentence lengths(months)

V) @ ®) @ )
Treatedér 132.25%¥F*%  159.51%**  159.69***  154.66%**  151.98%**
(19.44) (26.96) (27.023) (28.35) (28.37)
Treatedér X Posty 31.29%** 27.99%** 27.81%%* 32.72%**
(6.78) (6.90) (6.75) (5.93)
Treated;r x Post2017 12.16
(8.46)
Treatedér X Post2019 59.55%**
(8.89)
Observations 24821 24769 24769 24769 24769
R-square 0.278 0.29 0.29 0.32 0.32
Mean DV. 7 e 7 7 7
Offense fe. Yes Yes Yes Yes Yes
Severity bin fe. Yes Yes Yes Yes Yes
Quarterly fe. Yes Yes Yes Yes Yes
Region fe. No No Yes Yes Yes
Region trend No No Yes Yes Yes
Judge fe. No No No Yes Yes
Control vars. No Yes Yes Yes Yes

Standard errors in parentheses

* p < 0.10, ¥* p < 0.05, ¥**p < 0.01

Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years

(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months)

of prison sentence. Treatedérz Monitor pre-judgment. Treatedgrz Monitor

post-judgment. Standard errors are cluster at the gr level (121 clusters).
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Table 1.8: Heterogeneity by Judge Stringency

Measure of Judge Stringency:

Sentence length (months)

Lenient judges

(1) (2)

Strict judges

Panel A: All regions

Treatedy, 95.312%+* 145.249%%*
(18.168) (22.644)
Treatedgl,r x Post; 79.034*** 10.185
(20.022) (8.822)
r2 0.392 0.392
Panel B: By region
Treatedy, 96.238%** 145.093%**
(18.049) (22.138)
Treatedy, x Post; x Regl 83.083*** 26.983*
(15.144) (15.639)
Treatedy, x Post; x Reg3 119.805%** -76.617*%*
(38.807) (19.787)
Treatedy, x Post; x Reg4 31.807 -13.819
(33.419) (26.246)
r2 0.397 0.395
ymean 26 39
N 17893 32905
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Table 1.8: Heterogeneity by Judge Stringency (continued)

Measure of Judge Stringency:
Share over max. sentence
3) (4)

Lenient judges Strict judges

Panel A: All regions

Treatedy, 93.608**+* 157.499**+*
(17.921) (21.391)
Treatedy, x Post, 46.708%** 8.546
(14.988) (8.472)
r2 0.358 0.412
Panel B: By region
Treated,, 03.409%** 158.108%**
(17.489) (21.109)
Treatedy, x Post; x Regl 96.959%** 13.675
(24.173) (10.679)
Treatedglﬂ x Post: X Reg3 63.573 85.036*
(48.042) (46.028)
Treated,, x Post; x Reg4 18.936 -15.779
(26.001) (27.762)
r2 0.363 0.414
ymean 29 39
N 21165 29633

Standard errors in parentheses

* p < 0.05, **p < 0.01, *** p < 0.001
Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years
(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months) of
prison sentence. Each column is a subsample regression. Lenient judges are judges with
stringency score below the median. Strict judgese are judges with stingency score greater
than or equal to the median. All columns control for observables and unobservables as

described in equation (2).

54



Table 1.9: Heterogeneity by Case category. Outcome=sentence length.

Sentence length (months)

0 @ ® @
TreatedéT 116.972%** 124.761%** 124.959%** 123.676%**
(19.455) (23.045) (22.707) (22.866)
Treatedér X Posty x Officer -167.606***%  -166.114***  -167.461***  -168.623***
(27.553) (30.306) (30.186) (30.619)
Treated;r X Posty x Stability 41.750 38.845 39.250 39.502
(29.998) (29.522) (29.501) (29.505)
Treatedér X Post:xSeriousDrugs — 84.684*** 82.669*** 82.098%** 83.429%**
(22.297) (22.570) (21.914) (22.003)
T’r‘eatedér X Posttyx MinorDrugs -13.141 -14.611 -16.300 -16.059
(56.864) (55.669) (56.498) (55.093)
Treatedé,« X Postyx Others -26.781 -27.499 -26.832 -25.606
(20.911) (20.481) (20.895) (20.816)
Observations 72309 72190 72190 72190
R-square 0.397 0.402 0.404 0.409
Mean DV. 36 36 36 36
Offense fe. Yes Yes Yes Yes
Severity bin fe. Yes Yes Yes Yes
Quarterly fe. Yes Yes Yes Yes
Region fe. No No Yes Yes
Region trend No No Yes Yes
Judge fe. No No No Yes
Control vars. No Yes Yes Yes

Standard errors in parentheses

* p < 0.10, ** p < 0.05, *** p < 0.01

Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years

(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months)

of prison sentence. Each column is a subsample regression.

observables and unobservables as described in equation (2).
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Table 1.10: Heterogeneity by Case category. Outcome=share over maximum
sentence.

Share over maximum sentence

1) (2 3) (4)
T’reated;T 0.158%** 0.170%** 0.171%** 0.163%**
(0.028) (0.029) (0.027) (0.028)
Treated}ﬂ X Posty x Officer -0.196%**  _0.198***  _0.214%*%*  _0.220***
(0.036) (0.036) (0.039) (0.049)
Treatedér X Posty X Stability 0.051 0.048 0.050 0.055

(0.042) (0.041) (0.041) (0.040)
Treated,, X Post;xSeriousDrugs ~ 0.126%* 0.123%* 0.119%* 0.125%*
(0.062) (0.062) (0.058) (0.059)

Treated_(l", x Postyx MinorDrugs 0.163 0.161 0.151 0.150
(0.190) (0.188) (0.193) (0.185)
Treated;T X Posty x Others -0.057** -0.058** -0.056* -0.053*
(0.028) (0.028) (0.031) (0.031)
Observations 72664 72544 72544 72544
R-square 0.230 0.235 0.248 0.264
Mean DV. 0.098 0.098 0.098 0.098
Offense fe. Yes Yes Yes Yes
Severity bin fe. Yes Yes Yes Yes
Quarterly fe. Yes Yes Yes Yes
Region fe. No No Yes Yes
Region trend No No Yes Yes
Judge fe. No No No Yes
Control vars. No Yes Yes Yes

Standard errors in parentheses

* p < 0.10, ¥* p < 0.05, ¥** p < 0.01
Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years

(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months)
of prison sentence. Each column is a subsample regression. All columns control for

observables and unobservables as described in equation (2).
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Table 1.11: Heterogeneity by political support

Sentence length (months)

(1) (2)

Treatedér 128.927***  129.144%**
(21.949) (21.596)
Treated,, x Post, 38.566%**  37.537F**
(7.360) (8.095)
Treatedélw x Posty x AutocratVote, 21.606**
(10.515)
Observations 72190 72078
R-square 0.395 0.397
Mean DV. 35.917 35.914
Offense fe. Yes Yes
Severity bin fe. Yes Yes
Quarterly fe. Yes Yes
Region fe. Yes Yes
Region trend Yes Yes
Judge fe. Yes Yes
Control vars. Yes Yes

Standard errors in parentheses

* p <0.10, ¥* p < 0.05, ¥*** p < 0.01
Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years
(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months) of
prison sentence. The table shows the results of OLS estimation of equation (3), augmented
with an interaction term between T'reated;r X Posty and AutocratV ote., which capture
local autocratic alignment (measured by 2019 general election vote share of autocratic
parties). Continuous variables measuring constituency characteristics are normalized to
have a mean of zero and standard deviation equal to one. Standard errors are clustered
at the gr level (121 clusters).
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Appendix

A. Background

A.1 Political Cycle

Figure 1.9: Coup political cycle
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A.2 Treated Case Definition

The implementation of the 2017 judicial reform is stated according
to the “Regulations on Reporting Important Cases in the Courts of First
Instance and Appeallate Courts to the President of the Supreme Court, and
reporting cases and examining case files in the Office of the Chief Justice
of the Region B.E. 2560 (2017)”.*3 Documents are publicly available on the
Court of Justice website.

Article 7 stipulates that cases that judges must report draft verdict to the
Chief Regional Judge before judgment delivery include:

1) National security offense (Criminal Code, Sections 107-135; including
Sections 112 and 116).

2) Terrorism offense (Criminal Code, Sections 135/1-135/4, or other laws).

3) Severe cases that have a maximum prison sentence range over 10 years,
life imprisonment, or death sentence.

4) Drug-related offenses are subjected superior court review if

4.1) offenses are related to posessing for sell, or sell:

- Narcotic drugs Category 1: greater than 1,000 tablets/80 g./20 g. of pure
substance, either one.

- Narcotic drugs Category 2 (specifically opium, morphine, cocaine): with
a calculated quantity of 100 g. or more.

- Narcotic drugs Category 5 (specifically marijuana or hemp): with a dry
weight of 10 kg. or more, or a quantity of fresh marijuana or hemp plants weighing
30 kg. or more.

4.2) offenses are related to manufacturing, importing/exporting:

- Narcotic drugs Category 1 44 5) Contempt of court case.

6) Autopsy investigation case.

7) Cases involving famous individual, e.g., Prime Minister, Ministers, MPs,
Senators, people holding positions in independent organizations according to the
constitution, judges and also extends to the case of civil servants from the level of
Director-General and above. Soldiers or police officers ranked General, or higher.
Director of State Enterprises Personswho were granted diplomatic immunity.

8) Cases whose circumstances are of interest to the public

9) Cases that may affect international relations

10) Cases related to security in the southern border provinces etc. 4P

43Published on: https://opsc.coj.go.th/th/content/category/detail /id/8/cid/1142/iid /132412

44except it is done by dividing or packaging according to the Narcotic Act of
B.E. 2522, Section 65, paragraphs three and four.

45The reform also include civil cases, not covered by our data sample. These
include:
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The 2017 Act also open rooms for regional adjustment for ease of im-
plementation. In our court sample, the Regional Court 1 issued additional
adjustments to the 2017 judicial reform through the “Regulations of the Of-
fice of the Chief Justice Region 1 regarding reporting and examining case
files” to be implemented concurrently with the 2017 judicial reform. Re-
gional Court 3 and 4 do not make adjustment to the national Act. These
adjustments for Regional Court 1 are summarized as follows:

3.) Criminal cases are subjected to reported if it has a maximum prison
sentence range over 20 years, instead of 10 years as stated in the 2017 Act on
Judicial Service of the Courts of Justice.

4) Drugs related cases are subjected to reported if

4.1) offenses are related to posessing for sell, or sell:

- Narcotic drugs Category 1: greater than 50 g. of pure substance.

- Narcotic drugs Category 5 (specifically marijuana or hemp plants): with

a dry weight greater than or equal to 50 kg

In 2019, an extra monitoring of special cases are implemented ac-
cording to the “Judicial Regulations of the Court of Justice on Reporting
Important Cases in the Court of First Instance and the Court of Appeal
to the President of the Supreme Court and Reporting Cases and Exami-
nation of Case Files in the Office of the Chief Justice of the Region B.E.
2562 (2019)”.46 Article 7 which stipulate superior court revision for “special
case” remained, with added Article 5 for “very special cases”. Article 5 is
described as follow,

Article 5 prescribes that the President of the Court of Appeal and the Chief
Justice of the Court of First Instance Chief Justice of various courts including the
Chief Justice of the Region Has a duty to report to the President of the Supreme
Court on “very important cases” Important cases here refer to:

1.) National security offense (Criminal Code, Sections 107-135; including
Sections 112 and 116).

2.) Terrorism offense (Criminal Code, Sections 135/1-135/4, or other laws),
human trafficking offenses, or the Fisheries Act that are of public interest.

3.) Security-related cases in the southern border provinces.

1) Civil cases involving property disputes of 5 million baht or more, case that
plaintiff is a financial institution, cases that involve more than 10 million bath or
more of disputed assets.

2) Cases involved real estate possession rights that have objections and funds
greater than of equal to 200,000 baht.

46Published on: https://opsc.coj.go.th/th/content/category/detail/id/8/cid/1142/iid /132413
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4.) Cases involving famous individual, e.g., Prime Minister, Ministers, MPs,
Senators, people holding positions in independent organizations according to the
constitution. or judges.

5.) Civil cases filed with the state and disputed assets of 1,000 million baht
or more or civil cases with disputed assets of 5,000 million baht or more.

6.) Cases that may affect international relations, etc.

B. Data

B.1 Data Sources

The data used in this paper comes from a variety of sources. Here, I
describe each data sources, its coverage, and characteristics.

Complaint and Judgment texts: This is the main data sources used in
this study. The data is linked with case records through annonymized case
ID. The case records include anonymized defendant and case characteristics.
From the complaint and judgment texts, I extracted information on charges,
suboffenses, prison sentence lengths (months), seized drugs (size, tablets,
and pure substance), and the subdistrict of the crime scene. The data is
provided by the Thai Court of Justice.

Criminal Code of Coduct, Acts, and Royal Decrees: The data is avail-
able from the website of Office of the Council of the State. For each
law/Acts/Decree, I extract charge-level punishment range. These data are
used to linked with case records at the charge-level and obtain maximum
punishment range, which is the main variable for charge severity and treat-
ment determination.

Election data: 1 collect 2011 and 2019 general election result from
the Election Commission of Thailand.” These data contain votes of each
candidate by constituency. I link this data to case records at the sub-district
level.

Others: district-level poverty index is downloaded from the National
Statistical Office of Thailand website.

B.2 Code Treated Case

The number of treated cases are reported in Table 1.1. Here, I de-

scribed how each treated cases are coded from complaint and judgment

47https://www.ect.go.th/ectith/th/dbil 19 ect th download 14
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text.

Code Prison Sentence Range.—As described in the previous section,
treated cases are cases with maximum prison sentence range over 10 years, life
imprisonment, or death sentence. A key challenge here is to identified case-
level “prison sentence range”, which is not directly observed in the data. I
identified case-level prison sentence range from several sources.

First, case-level prison sentence range is identified from the complaint
text. This include both from the plaint cover and plaint text.*® I extract
charges from complaint text, match each charges with the sentence range
specified by the Criminal Code of Coduct, Acts, and Royal Decrees. Case-
level maximum prison sentence range are maximum sentence range from all
charges of each case. Our sample contains 106,742 case-by-defendant ob-
servations. There are 109,483 case-by-defendant observations (95,128 cases)
with non-missing complaint data. Out of this sample, charges and prison
sentence range can be found from 56,509 cases.

To complement the first source of sentence range, I extract charges
from the judgement text. Charges from the judgement are a subset of
charges from the complaint text by default as the judge cannot convict
the defendant with charges beyond those that are filed by the prosecutor in
the complaint. The maximum prison sentence range from the judgement is
thus less than or equal to the actual unobserved maximum prison sentence
range. Out of 106,742 case-by-defendant observations, judgement text ex-
ist for 106,225 case-by-defendant observations (68,663 cases), and sentence
range can be identified from 63,276 cases.

The maximum prison sentence range variable is identified as the max-
imum prison sentence range of these two data sources. Out of 106,742 case-
by-defendant observations, case-level can be identified from 79,689 case-
by-defendant observations (74.65%). Distribution of the coded cases are
displayed in Table 1.12

I believe this is a fairly good match rate for several reasons. First, since
I coded the data starting with the most severe laws down to the least severe
laws, the missing cases are likely those with low maximum prison sentences
from less severe laws, which will eventually be excluded from the study.
Second, there are a large number of cases with no specified prison sentence
range, and these cases are included in the missing data. Therefore, it is

48Gee example from Figure 1.10
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reasonable to assume that the missing cases contain very few instances with
prison sentences of ten years or more. Third, I cross-checked the data with
the annual number of treated cases that were available, and the numbers

were fairly close.??

Code national security/international relations/terrorism offense.—~ These
include offenses relating to the security of the kingdom (criminal code, sec-
tion 107-135); terrorism (criminal code, section 135/1-135/4); Money Laun-
dering Act, Emergency Decree on Public Administration in Emergency Sit-
uation, B.E. 2548.

Code drugs related offense.—As described in Section A.2.1, the condi-
tions for reporting a case’s draft verdict to the Office of the Regional Judge
also depend on specific suboffenses in drug-related cases. The treatment
cutoff is determined by factors such as the type of drug offense, drug type,
quantity, weight, and purity. I extracted this detailed information using
keyword searches and cross-checked it with linked registry data at a broader

level, such as drug offense group, drug type, and charge severity.

Code cases involved top bureaucrats/politicians.—As described in Sec-
tion A.2.1, the conditions for reporting a case’s draft verdict to the Office of
the Regional Judge also depend on whether a cases involves top individual,
e.g. prime minister, politicians, bureaucrats, judges, police, soldier. T ex-
tracted this detailed information using keyword searche of occupation and
rank position.

49The number of draft verdict reported to the Office of Chief RegionalShare over max.
sentence Judge in region 8 is 2,345 in 2019, and 2,139 in 2020 (Source: Annual Report of
the Office of Chief Regional Judge in region 8). It was 360 cases in 2009, 695 cases in 2010,
and 664 in 2011 (Source: report from Legislative Institutional Repository of Thailand for
draft Judicial Act, 2011)
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Table 1.12: Distribution of maximum prison sentence (Obs.=defendant by
case).

Frequency  Percent

<1 year 256 0.29
1 569 0.64
2 1,248 1.40
3 1,930 2.17
4.5 121 0.14
5 9,350 10.50
7 2,161 2.43
7.5 771 0.87
10 42,476 47.69
10.5 1,298 1.46
12 2 0.00
15 7,476 8.39
20 987 1.11
22.5 7 0.01
life sentence 17,006 19.09
capital punishment 3,412 3.83
Total 89,070 100

Note: This table reports the distribution of maximum prison sentence range of each case.
The case-level maximum prison sentence range here is obtained from the the most severe
charged of scraped from: (i) complaint texts, (ii) judgment texts, and (iii) plaint cover.
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Figure 1.10: Example of Charges scraped from Plaint Cover
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B.3 Variable Description
Offense category

In this section, I described how treated cases are categorized for the
analysis of Section 1.6.1.

(i) Offense involved public officers and bureaucrats: malfeasance in
office offense (Criminal Code, Section 147-166), malfeasance in judicial office
(Criminal Code, Section 200-205), Act on Election of Local Council Members
or Local Administrators, B.E. 2002, cases involve bureaucrat and public
officers.

(ii) Politically sensitive offense: offenses relating to the security of
the kingdom (Criminal Code, Section 107-135), terrorism (Criminal Code,
Section 135/1-135/4), Money Laundering Act, Emergency Decree on Public
Administration in Emergency Situation, B.E. 2548, offenses against officials
(Criminal Code, Section 136-146), offenses against judicial officials (Criminal
Code, Section 200-205).

(iii) Severe drugs offense: drugs offense (produce, import, export, dis-
tribute).

(iv) Minor drugs offense: drugs offense (posess, use).

Share of actual prison sentence over maximum punishment

The share of actual prison sentence over maximum punishment repre-
sents the ratio between actual prison sentence lengths (in months) and the
maximum punishment prescribed for each case. Prison sentence lengths are
extracted from judgment texts as described in 1.7. The maximum punish-
ment for each case is determined according to the Criminal Code of Conduct
as follows:

Single-offense cases: The maximum punishment equals the upper
bound of the prescribed-offense prison sentence range.

Multiple-offense cases: The maximum punishment is calculated
according to Section 91 of the Criminal Code of Conduct as follow: (i) cases
with maximum prison sentence range below 3 years can receive a maximum
punishment of 10 years, (ii) cases with maximum prison sentence range
between 3 to 10 years can receive a maximum punishment of 20 years, (iii)
cases with maximum prison sentence range above 10 years can receive a

maximum punishment of 50 years.
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Finally, the ratio is set to 1 for cases that received life imprisonment
and capital punishment. Distribution of the share of actual prison sentence
over maximum punishment is shown in Figure 1.11. The ratio ranges from
0 to 1.

Figure 1.11: Distribution of the share of actual prison sentence over maxi-

mum punishment
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B.4 Sample Coverage

Table 1.13: Sample coverage by Court

1 © ®3) (4) (5)
Number of

No. Provincial Court Name Region  Observation Constituency
1 Chainat Provincial Court 1 3,320 2
2 Ayutthaya Provincial Court 1 15,702 5
3 Lopburi Provincial Court 1 13,478 4
4 Angthong Provincial Court 1 7,079 2
5 Amnatcharoen Provincial Court 3 5,557 2
6 Loey Provincial Court 4 6,814 4
7 Udonthani Provincial Court 4 21,936 10
73,886 29

Note: Observation=case by defendant. Court data (Column 1-4) is merged with electoral
data at the subdistrict level to obtain number of constituency per court (Column 5).
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Figure 1.12: Composition of the Thai Criminal cases from all provincial
court in Thailand
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Figure 1.13: Number of observations (case-by-defendant), separated by max-
imum prison sentences
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(case-by-defendant), separated by max-

ions
imum punishment and offense group.

Number of observati

Figure 1.14
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Figure 1.15: Number of observations (case-by-defendant) by court
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C. Identification Checks

Table 1.14: Effects of the reform on number of cases

Dependent variable: Number of cases

(1) 2) 3) (4) (5)
Treated! -16.549%%*  _13.890***  _13.216***  -12.038%**  -14.090***
(1.089) (1.239) (0.656) (0.903) (1.105)
Treated! x Posty -5.249%** -9.213%** -5.5TTH** -8.201%** -8.118%**
(1.515) (1.989) (1.079) (1.280) (1.395)
Observations 4040 3507 4434 3889 3889
R-square 0.065 0.320 0.050 0.091 0.125
Mean DV. 17 19 16 18 18
Quarterly fe. Yes Yes Yes Yes Yes
Court fe. Yes Yes Yes Yes Yes
Court trend Yes Yes Yes Yes Yes
Offence fe. No Yes No Yes Yes
Quarter fe. No Yes No Yes Yes
Prosecutor fe. No No No No Yes

Standard errors in parentheses
* p < 0.10, ¥* p < 0.05, *** p < 0.01

Note: In Column (1)-(2), number of cases are collapsed to court-offense-treated case
dummy-quarter level. In Column (3)-(5), number of cases are collapsed to prosecutor-
offense-treated case dummy-quarter level. Standard errors are clustered at the offense
level.
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Table 1.16: Effects of the reform on case assignment

judge-level sample case-level sample
(1) 2 ®3)
Share of treated Dummy if a Dummy if a
case per judge case is treated case is treated

after the reform after the reform  after the reform

Panel A: Judge Stringency (sentence lengths, months)

JudgeStringencyjl- -0.00028 0.00012 0.00007
(0.00018) (0.00011) (0.00011)

r2 0.0169 0.0219 0.1595

N 150 22612 22588

Panel B: Judge Stringency (share over max. punishment)

JudgeStm'ngenchQ- 0.19335 0.13778 0.09405
(0.28837) (0.10446) (0.09313)
r2 0.011 0.022 0.160
N 150 22612 22588
Court x Quarter fe. Yes Yes
Control Vars. No Yes

Standard errors in parentheses
* p < 0.05, ¥* p < 0.01, ¥* p < 0.001

Note: Column (1) regress “share of treated case each judge received after the reform”
over judge stringency created by sample before the reform. Column (2) regress “dummy
if a case is treated after the reform” over judge stringency created by sample before the
reform, controlling for a fully interacted court-by-quarter FEs. Column (3) add control
variables to Column (2). Standard errors of Column (2)-(3) are two-way clustered at the

judge and defendant level.
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D. Additional Figures, Tests, and Tables

Figure 1.16: Rambachan and Roth (2023)’s approach to the sensitive anal-

ysis of the event-study results
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Note: The graph shows a robust confidence interval for different values of M, the

“breakdown value” for a significant effect. Pre-periods are 10 quarters before the re-

form (2017Q3). Post-periods are periods of extra enforcement of monitoring (2019Q1

onwards).
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Figure 1.17: Case-level judge stringency distribution

©
3

Lo

[Tp]

g Fo2
o

=

C
2z =
w <t =
cC O [e)]
8 §
L -

D@

=

[

- 5
- - 23
Lo

o ﬂ’%ﬂﬂl Hﬂﬂn"”nnnﬂﬂﬂu..uﬂﬂn ™

T T T T T
0 20 40 60 80
Judge Stringency (sentence lengths, months)

(=2 e
<+ ~
w

& —gé
5]

=

c

z =
28- -8E
o g
[0)]

[&]

c

9

o | Lo c
— P c')%

///
o M”H ﬂ““ﬂ”ﬂﬂunﬂnuuuﬂ o

T T
.06 .08 A A2 14
Judge Stringency (share over max sentence)

Note: This figure depicts the relationship between prison sentence lengths (months) in
the focal case and judge stringency. The baseline “pre-reformed sample” is used for
estimation. Histogram shows the density of judge stringency (leaving out the top and
bottom 1%). The solid line shows a Kernel-weighted local polynomial regression of prison
sentence on judge stringency, while the dashed lines show 90% confidence bands. Prison
sentence and judge stringency are residualized using court-by-quarter FEs and mean-
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Figure 1.18: Judge stringency distribution (case-level)
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Note: This figure depicts the density of judge stringency (leaving out the top and bottom
1%) at the case-level. The solid line shows a Kernel-weighted local polynomial regression
of prison sentence on judge stringency, while the dashed lines show 90% confidence bands.

Prison sentence and judge stringency are residualized using region-by-year FEs and mean-

standardized.
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Table 1.20: Heterogeneity by within-region Judge Stringency

Measure of Judge Stringency:
Sentence length (months)
1) 2

Lenient judges Strict judges

Panel A: All regions

Treatedy, 80.078%** 152.561%**
(18.177) (21.453)
Treatedgl,r x Post; 74.364*** 5.195
(12.463) (9.396)
r2 0.411 0.391
Panel B: By region
Treatedy, 89.311%** 152.897%%*
(17.840) (20.989)
Treatedy, x Post; x Regl 90.444%** 18.050
(11.636) (16.819)
Treatedgl,r X Post: x Reg3 189.685 44.404
(178.706) (35.415)
Treatedy, x Post; x Reg4 43.660%* -22.971
(25.625) (25.459)
r2 0.414 0.394
ymean 29 38
N 18579 32219

(continued on the next page)
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Table 1.20: Heterogeneity by within-region Judge Stringency (continued)

Measure of Judge Stringency:
Share over max. sentence
3) (4)

Lenient judges Strict judges

Panel A: All regions

Treatedy, 93.046*+* 154.266%**
(18.893) (21.116)
Treatedy, x Post, 59.560%** 6.875
(15.152) (9.199)
r2 0.369 0.407
Panel B: By region
Treatedy, 92.717%%% 154.651%%*
(18.037) (20.848)
Treatedy, x Post; x Regl 109.891%** 13.118
(16.939) (12.675)
Treated,, x Post; x Reg3 74.820 49.426
(83.358) (36.475)
Treated,, x Post; x Reg4 18.736 -15.189
(25.755) (26.574)
r2 0.376 0.409
ymean 30 38
N 20686 30112

Standard errors in parentheses

* p < 0.05, **p < 0.01, *** p < 0.001
Note: Dependent variable = prison sentence length. Life imprisonment is set to 60 years
(720 months) of prison sentence. Capital punishment is set to 100 years (1200 months)
of prison sentence. Each column is a subsample regression. Lenient judges are judges
with stringency score below median score of the region. Strict judges are judges with
stringency score greater than or equal to median score of the region. All columns control

for observables and unobservables as described in equation (2).
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Table 1.22: Summary statistics of Judge Stringency

(1) @ 6 (4)

Variable Before  After  Bpost p-value

Panel A. Judge stringency = sentence lengths
Mean 34.125 38.656 4.603 [0.000]
IQR (Q75-Q25) 11.213  7.828

IQR (P90-P10) 22.065 15.809

Panel B. Judge stringency =share over max sentence
Mean 0.092  0.100 0.008 [0.000]
IQR (Q75-Q25) 0.019  0.021

IQR (P90-P10)  0.040  0.043

Note: Column (1) and (2) report the distribution of judge stringency measures (mean
and inter quartile range), before and after the 2017 judicial reform. Column (3) provides
the coefficient for the difference.
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Chapter 2

Punished Beyond Her
Crime: Evidence from

Women in Drugs Offenses

Abstract:

Women worldwide are incarcerated for drug-related offenses more than
any other crime and at a significantly higher rate than men. Using tran-
scribed complaint and judgment texts from criminal courts in Thailand
during 2005 to 2020, I document a persistent positive gender gap, where
women receive harsher punishments for non-serious drug offenses. This pat-
tern cannot be observed in other types of crimes, and the disparity cannot
be explained by observable case or defendant characteristics, is highly ro-
bust to selection on unobservables, and is driven by nearly half of the judges
in the sample. Heterogeneity analyses reveal that this result is primarily
driven by cases in which women are arrested alone. When women are ar-
rested alongside multiple co-defendants, they are not treated significantly

differently from men.
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2.1 Introduction

While women constitute a small share of the total incarcerated popu-
lation, their incarceration rate has increased dramatically over the last two
decades, with drug-related crimes being the primary cause. In 2018 the
United Nations estimated that more than 35 percent of incarcerated women
worldwide are sentenced for drug offenses, compared to only 19 percent of
men.! Despite the prevalence of drugs offenses in female incarceration, there
is surprisingly limited evidence addressing the gender gap in drug offenses.

Conditional on offense type, research often finds that judicial deci-
sion makers are more lenient towards women than men-less likely to convict
and sentence more leniently (Bindler and Hjalmarsson 2020; Philippe 2020).
However, the situation is potentially different for drug-related offenses as
women are imprisoned for drug-related offenses more than for any other
crime. Given the potential scarring effects of incarceration on labor market
outcomes (Hjalmarsson, Machin, and Pinotti 2024), it is crucial to under-
stand the determinants of judicial sentencing decisions for the especially
female salient offense category of drug offenses.

In this paper, I investigate the determinants of the criminal justice
gender gap, focusing specifically on drug offenses, using case-level data from
Thai provincial courts’ complaint and judgment texts during 2005-2020.
From the complaint and judgment texts, I extracted information on charges
and sentencing outcomes. The data is then linked with individual-level
court registry data using anonymized case IDs to obtain case characteristics,
defendant characteristics, prosecutor and judge identifiers.

Gender gaps in Thailand’s labour market are less pronounced than in
most other countries—the average hourly wage of females slightly surpasses
that of males at all levels of the wage distribution and female representation
is relatively equal at all wage levels.2 But, the female incarceration rate in
Thailand is one of the highest in the world. As of July 2020, over 40,000
women were incarcerated in Thailand. Though drug offenses represent the
vast majority of the Thai prison population (80%), the share of females

incarcerated for drug offenses is far greater than th at for men (89% for

1This gap is significantly wider in Latin American and Asian countries. In Brazil,
for example, 62 percent of women were incarcerated for drug-related offenses in 2017—
compared to only 15 percent of men.

2WorldBank (2022)
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female compared to 65% for male?).

Given this context, the first part of the paper examines the gender
gap across five major offense groups. The second part investigates whether
these gender disparities can be explained by case characteristics, potential
unobservable factors correlated with gender (e.g., differences in offense com-
position across provinces or courts), or differential treatment of women by
an all-male criminal justice system. The final part of the paper explores
whether the gender gap varies by offenders’ characteristics — specifically,
whether it differs between women who offend alone and those who co-offend
with others.

I begin by documenting the gender gap patterns across five major
offense groups: violent, property, fraud, severe drugs offenses (produce, im-
port, export, distribute), and non-serious drugs offenses (posession and use).
Consistent with the existing literature, I find a persistent gender gap favor-
ing women for non-drug-related offenses, with women receiving shorter sen-
tences than men for comparable crimes. However, this pattern is reversed
for non-serious drug offenses, where women consistently receive longer prison
sentences. This disparity cannot be explained by observable case or defen-
dant characteristics, socioeconomic factors, or differential treatment in the
criminal justice process. Results from the Oster’s bound calculation shows
that the gap is highly robust to selection on unobservable—unobservables
would need to be four times more important than observables for there to
be no positive gender gap in non-serious drugs offense.

I then explore whether this gender gap differs depending on whether
women were arrested alone or alongside multiple co-defendants in the same
case. I found that the positive gender gap in non-serious drugs offense
is mainly driven by female arrested alone, and the gap largely disappear
when women are arrested alongside multiple co-defendants. Given that drug
offenses are especially salient for women—and that criminal policy on drug
trafficking has often been characterized by the maximization of criminal
law—these findings raise important concerns for women at the lower end of
the drug chain.

This paper contributes to several strands of literature. First, it adds
to the body of work on gender disparity in the criminal justice system. A
significant amount of research has focused on the role of judges’ gender as

a source of the gender gap in court decisions, often through the lens of in-

3 Jeffries and Chuenurah (2016)
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group bias.* However, findings on the impact of female judges are mixed,
with contradictory results even within the same jurisdictions. Few studies
have examined other sources of gender bias beyond the gender of judges.
For instance, Cai, S. Chen, and Cheng (2024) investigate the impact of
the #MeToo movement on gender gaps in judicial decision-making in the
context of China. This paper contributes to this literature by exploring the
characteristics of women involved in drug offenses and examining how more
flexible drug laws affect the gender gap in these cases.

Second, this paper contributes to the literature on discretionary dis-
crimination by law enforcement officers. Goncalves and Mello (2021) exam-
ine discrimination by Florida Highway Patrol officers, finding that minorities
are less likely to receive discounted tickets. Tuttle (2019) investigates racial
discrimination through bunching amount at crack-cocaine amount cutoffs,
where the paper found that increased bunching for minority offenders is
driven by prosecutorial discretion.

Finally, the existing literature on gender disparity in the criminal
justice system is heavily concentrated on evidence from Western countries
(e.g., Bindler and Hjalmarsson 2020; Anwar, Bayer, and Hjalmarsson 2019;
Philippe 2020; Hoekstra and Street 2021; Ash, D. L. Chen, and Ornaghi
2024), with less attention given to other contexts. Examples Ash, Asher,
et al. (2021) who studies in-group gender and religious bias in the Indian
courts. H. Chen, Y. Chen, and Yang (2022) , Cai, S. Chen, and Cheng (2024)
studies gender gap in the Chinese courtroom. Given significant differences
in gender attitudes and discrimination across countries, more evidence from
novel context would help improve the understanding of the problem. Ad-
ditionally, drug-related issues have long been pressing concerns in many
developing nations. Dell (2015) examines the spillover effects of Mexico’s
war on drugs on drugs-related violence. This paper contributes to the liter-
ature by providing novel evidence from Thailand, explicitly focusing on the
impact of drug policies on gender disparities in the courtroom.

The remainder of this article is organized as follows: Section 2.2 first
provide the institutional background of Thai court system and drugs policy.
Section 2.3 describes the data and summary statistics. Section 2.4 discusses
the identification strategy presents primary estimation results. Section 2.5

explores potential mechanisms, Section 2.6 provides a conclusion and dis-

4E.g. Anwar, Bayer, and Hjalmarsson (2019), Hoekstra and Street (2021), Ash, Asher,
et al. (2021), H. Chen, Y. Chen, and Yang (2022), Johnson (2014)
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cussion.

2.2 Institutional Background

2.2.1 Thai Court System

The Thai court system is structured into three levels: Courts of First
Instance, Courts of Appeal, and the Supreme Court. The majority of cases
are resolved at the Court of First Instance, which include the Criminal Court
of Thailand in Bangkok Metropolis, 96 Provincial Courts, 27 District Courts,
and 29 Juvenile and Family Courts. In this paper, I focus on criminal cases
tried at the Provincial Courts (Courts of First Instances) outside Bangkok.
Here, I will briefly describe judicial selection and the criminal justice process
within Thai courts.

Judicial Selection. In Thailand, career judges are recruited through a
merit-based system and appointed as civil servants upon passing a qualifi-
cation exam. As of 2018, there are 4,771 judges (4,416 career judges, 355
senior judges) in Thailand. The hierarchy among judges is determined by
both the date of passing the exam and the ranking of the exam score. Each
court is led by a Chief Judge, who is appointed from the pool of career
judges based on seniority, to oversee the administration of the local court.

Procedure and Sentencing. The process of handling criminal cases in
Thailand is illustrated in Figure 2.1. Once a case is filed in court—either
by a citizen or through the prosecutor®—it first reaches the arraignment
hearing stage. At this stage, the defendant can either confess or plead not
guilty. Unlike in the U.S. court system, plea bargaining is not practiced in
Thai courts.

If the defendant confesses and the case involves a minimum sentence
of less than five years of incarceration, a judge on duty can adjudicate the
case immediately. These cases, typically minor and non-serious, do not
require further investigation by the court and proceed without the need for
an attorney. A significant number of cases fall into this category, which

helps to substantially reduce the court’s workload. As a result, the majority

5Thai courts generally accept cases filed by both public prosecutors and citizen. The
difference here is cases filed by prosecutor will not go through investigative or preliminary
hearings, but cases filed by citizen will go through preliminary hearings.
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of cases are resolved at the arraignment hearing stage.® However, if the
defendant confesses to a more serious offense (one with a minimum prison
sentence of five years or more), or if the defendant pleads not guilty, the case
is randomly assigned to a judicial panel by the Chief Judge of the court.
The judge has the discretion to convict, acquit, or dismiss the case. If
the defendant is convicted, the judge determines the appropriate sentence.
There are six major types of criminal sentences: capital punishment, incar-
ceration, detention, fines, confiscation, and suspension. The distribution of
sentences in our sample is reported in Table 2.2. If a defendant is sentenced
to imprisonment for less than three years, and they have no prior history of
imprisonment or the crime committed was due to negligence or was a petty
offense, the judge can give suspension sentence.” In this paper, I will focus
on the verdict (conviction) and sentencing outcomes (prison and suspension)
as the primary outcomes of interest. As the judge first decide the “prison
sentence length” before “suspension”, prison sentence length in our study is

the sentence decision before suspension.®

2.2.2 Drug Policies in Thailand

Thailand has been a major transit point for narcotics, particularly
synthetic drugs produced in Myanmar and distributed through neighboring
countries, since the 1950s. Though drug use became common during this pe-
riod, the rise of methamphetamine use did not emerge as a significant public
concern until the 1990s. In response, the government implemented various
strategies to combat drug trafficking. Notably, an aggressive “war on drugs”
campaign is launched in 2003 by Prime Minister Thaksin Shinawatra. Since
then, Thai drug policies have been characterized by the maximization of
criminal law.? This has led to Thailand having the largest prison popula-
tion amongst ASEAN countries, with over 80% of people in prison held for

It is, at the same time, criticized of defendant’s legal rights— defendants have no
attorney and cannot discuss the case with external lawyers.

"The court shall take into account defendamt’s age, past record, behaviour, intelli-
gence education, health, mental condition, occupation, and environment (Criminal Code,
Section 56).

8E.g. if a defendant is sentenced for 5 months imprisonment, and was later granted
suspension as a final outcome. In this case, the data will report “5 months” for sentence
lengths variable, but “suspension”, instead of “imprisonment” for sentence variable.

9Possession of even small amounts of certain drugs, particularly methamphetamines
(commonly known as "yaba"), could lead to severe prison sentences. Trafficking offenses
often carried the death penalty.
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drug offenses. Moreover, despite a long-standing tough-on-drugs policy and
numerous efforts to eradicate narcotics, drugs are perceived to still pose a

significant problem in Thai society.

2.3 Data and Summary Statistics

The primary data source consists of case-level complaint and judgment

10 T collected this dataset from seven

texts summarized by court clerks.
provincial courts across Thailand, distributed across three regions: central
(region 1), lower north eastern (region 3), and upper north eastern (region
4). The data span the period from 2005 to 2020. For this study, I categorized
the data into five major crime offenses: violent, property, fraud, severe drug
offenses (production, import, export, distribution), and minor drug offenses
(use, possession, others).

Table 2.1 presents descriptive statistics at the case-by-defendant level.
Column 1 presents statistics for the full sample (N=192,256), while Columns
2 and 3 display statistics for males and females, respectively. Drug offenses
comprise 75 percent of the defendant-by-case observations, with minor drug
offenses being the most common (47.2 percent), followed by severe drug
offenses (28.9 percent).

Table 2.2 shows sentence distribution by offense group. There are eight
sentence categories for criminal cases: capital punishment, imprisonment,
detention, fine, confiscation, suspension, acquit, and dismiss. The majority
of criminal cases in Thailand are imprisonment (51.04 percent), followed
by suspension (38.78 percent). Almost 90 percent of serious drugs offenses
are incarcerated, followed by property offenses (67.46 percent), and fraud
offense (48.39 percent).

The sample includes 174,598 male observations and 17,658 female ob-
servations, with females making up approximately 10 percent of the total.'!

On average, cases involving female defendants take nearly three times longer

10For each case, court clerks are responsible for summarizing the case information in
addition to the original case documents that the court kept. The courts provide a national
guideline outlining the required information that must be included in these summaries.
Judges are tasked with proofreading the summaries of their own cases. Although the
summaries may contain minor human errors (e.g., typos) and are not the original plaint or
judgment texts, they are considered high-quality and contain all the necessary information
for internal court use.

11This proportion is consistent with patterns observed in other countries, such as the
U.S., France, and Sweden.
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to process compared to those involving males—47.3 days on average for male
defendants, versus 134 days for females. The disparity is not much less pro-
nounced in drug-related offenses, where female cases take nearly twice as
long to process as male cases.

Figure 2.3 shows the raw gender gap for verdicts and sentencing, cal-
culated from difference in mean of females and males. In general, females
received more favorable treatment in terms of conviction rates. This is par-
ticularly obvious for property offenses. The fact that females receiving more
favorable treatment extends to prison rate in Figure 2.3.B. Gender gap in
prison rate favouring females in all offense categories, except drugs offenses.

Gender gap in sentencing from Figure 2.3.C, however, shows the op-
posite trend. Once convicted, females generally received longer prison sen-
tences compared to their male counterparts in almost all offenses, resulted
in negative raw gender gap. The only exception is fraud offenses where raw
gender gap is approximatedly 20%. The negative gender gap in sentence
lenghts is most stark for minor drug offenses, which is approximatedly 50%.

It is however worth noting that the raw gender gap documented here
could be confounded by both observable and unobservable factors, making
it hard to determine what explains these raw gender gap differences. In
the next sections, I provide further analysis to better understand these raw

differences.

2.4 Gender Gap in the Thai Courtroom

Panel A of Table 2.4 and 2.5 shows the unconditional gender gap es-
timates (controlling for year effects) in verdict and sentence, respectively.
Panel A of Table 2.4 reports that females are 2.7 percentage points less
likely to be convicted than men. Similar patterns of a significant gender
gap favoring females emerges for property (5.6 percentage points), fraud
(2 percentage points), and serious drugs offenses (0.8 percentage points).
Panel A of Table 2.5 shows that females received more favourable sentenc-
ing decisions for violent (19.96 percentage points), property (2.57 percentage
points), and fraud (64.79 percentage points) offenses. However, as the ma-
jority of cases are minor drugs offense, the overall effect shows that females

are treated more harshly treated by 3.45 percentage point.
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2.4.1 Regression-Adjusted results: controlling for ob-
servables and unobservables

I next examine whether these unconditional differences remain robust
when conditioned on cases and defendants’ observable characteristics. To

be precise, I estimate the following equation:

Siot = a+ pFemale; +vX; + 0 + €0t (2.1)

X includes age, nationality, confession status, number of charges, and
number of co-offenders. Panel B of Table 2.4 and 2.5 reveal significant
changes in the gender gap estimates when conditioned on these observables.
This outcome is expected, as defendants’ observable characteristics differ
significantly by gender. We can see here that, once controlled for observable
factors, gender gap in conviction rate become insignificant for all offenses,
except violent offenses (Panel B of Table 2.4) and there is no significant
gender gap in sentence lengths when considering all offenses (column 1,
Panel B of Table 2.5) either.

An important observation from sentence length gender gap estimates
in Panel B of 2.5 is that females generally receive more lenient treatment
in the criminal justice system for all offenses, except for minor drug of-
fenses. Specifically, columns (6) of Table 2.5 indicates that females receive
prison sentences that are 2.91 percentage points longer. Given that these
minor drug offenses constitute the largest share of criminal cases and are
the primary driver of the Thai prison population, this finding is particularly
significant. Unlike other types of crimes and the existing literature where
females are usually treated more favorably in the criminal justice system, it
is crucial to understand what drives these gender differences in minor drug
offenses.

These gender differences in minor drugs could have several potential
explanations. In particular, they can be driven by: (i) still unobservable
case characteristics, (ii) unobserved socioeconomic factors, (iii) differential
treatments/discrimination by judicial decision makers. Understanding these
nuances is crucial to addressing the gender disparities in the criminal jus-
tice system. I will first discuss and test for the remaining unobservables

correlated with gender.

Unobserved Characteristics. Conditional gender differences between
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males and females might be attributed to unobserved characteristics that
correlate with gender. For instance, the composition of cases in different
courts or the nature of offenses could vary by gender. To account for theses
unobservables, Panel C of of Table 2.4 and 2.5 control for year, court, court
trend, and suboffense'? fixed-effects in gender gap estimation. The results do
not qualitatively change after adding these further controls, and a gender gap
in prison sentence lengths that disfavours females in drugs offense remained
(column 6, Panel C of Table 2.5) at a magnitude of 2.408 percentage points.
To examine the robustness of gender gap, e.g. whether this could be
entirely due to unobserved heterogeneity, Table 2.7 reports Oster (2019)
bounds on gender gap when allowing for selection on unobservables.!®> The
intuition here is that the true gender gap is a function of a weight (7) spec-
ifying the relative importance of observables to unobservables. The bounds
are speicified by two extreme of such weight. On the one extreme, 7 = 0, un-
observables have no importance, and the true gap is equal to the estimated
gap. On the other extreme, 7 = 1, is the case when unobservables are as
important as observables. Table 2.7 reports bound of these two extremes.
Panel B of Table 2.7 shows that bounds for prison sentence gender
gap include zero for violent offense (column (2)); and negative for property,
fraud, and serious drugs offense (column (3)-(5)). In contrast, for minor
drugs offenses, bounds for estimated gender gap ([ 1.856, 2.408], column
(5)) are always positive, and the weight require for there to be no gender
gap need to be 7 =4.266. This support our finding that the positive gender
gap in minor drugs offense-where females receive longer prison sentence than
male— is robust to potential unobservables that are correlated with gender.
For there to be no positive gender gap in minor drugs offenses, unobservables
would need to be more than four times more important than observables,
which is unlikely to be in our case since we controls for a wide range of

observables and fixed-effects already.

2.4.2 TUnobserved Socioeconomic Factors

In this section, I test for other potential explanations— socioeconomic
factors. There has been a broad policy discussion regarding the differing

profiles of female and male offenders in drug-related offenses. For instance,

12There are 20 suboffenses in total.
13Following Oster (2019), a theoretical maximum R-square is specified to be 1.3 times
R-square in the baseline specification.
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young women from poor family backgrounds or low education might be
lured into drug offenses by financial incentives. They may be more likely
to be coerced into drug trafficking and prosecuted as part of a “group” or
an “organized drug group”. This hypothesis would support the claim that
circumstances in which women commit criminal offences are different from
men in drugs offenses and treating females drugs offenders in the same way
as men might not achieve true gender equality.

To assess the impact of women’s socioeconomic backgrounds, Panel
D of Tables 2.4 and 2.5 incorporates the crime scene district poverty index
into the control set. Though not perfect, I argue that the district-level
crime-scene poverty index can capture whether an offender comes from a
marginalized background with financial needs or lower education. However,

the results do not differ significantly from previous estimations in Panel C.

2.4.3 Differential Treatment in the Criminal Justice

System

The remaining gender gap could be due to differential treatment within
the criminal justice system. This could involve, e.g. scenarios where fe-
males’s drugs offenses are charged by harsher prosecutors, the case of females
is assigned to strict judges, or discrimination—either statistical or preference-
based. Statistical discrimination is unlikely in this case for positive gender
gap in minor drugs offenses since females, in general, are less likely to commit
more serious crimes than males. Statistical discrimination would predicts
more favorable treatment for females, not harsher. Preference-based dis-
crimination could have two implications here. First, an all-male judiciary
might generally give female defendants more lenient treatment for most of-
fenses. However, this leniency might not apply to minor drug offenses, where
hard evidence makes it difficult for judges to be lenient. Second, preference-
based discrimination might mean that judges treat female defendants less
favorably in these specific cases.

In this section, I test for whether females receive differential treatment
in an all-male judicial system. Given the highly detailed data, I can test
for this in each stage of the criminal justice process: whether females’ cases
are systematically assigned to more lenient or more strict prosecutors and
judges in such a way that it leads to the observed gender gap.

Panel E of Tables 2.4 and 2.5 test for this assumption by adding pros-
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ecutors fixed-effect to the estimate. We can see that gender gap results still
persist after controlling for prosecutor fixed-effects. Similarly, Panel F of Ta-
ble 2.4 and 2.5 add judge fixed effect to the estimate, and we see no change
in gender gap estimation. Figure 2.4 in the Appendix shows judge strin-
gency score assigned to male and female, we can see that the distribution of
judge stringency score for male and female do not differ significantly.

Table in the Appendix tests for the quasi-random assignment of cases
to judges. Column (1) reports coefficient estimates from regressing sentence
length (in months) on various defendant and case characteristics measured
before the court decision. Columns (2) report results from regressions of
judge stringency on the same set of characteristics. All regressions include
court-by-time fixed effects, which correspond to the level at which cases are
randomly assigned to judges. We can see from Column (2) that there is no
statistically significant relationship between the judge stringency variable
and the various demographic and crime type variables. The estimates are
all close to zero, with none of them being statistically significant at the
5% level. The variables are not jointly significant either. Column (3)-(7)
shows the result by offense group, and similarly, estimates are not jointly
significant. The results here provides strong evidence that criminal court
cases are randomly assigned to judges, conditional on fully interacted court
and year fixed-effects.

To ensure that the observed positive gender gap in minor drugs offenses
is not driven by a particular prosecutor or judge, I estimate the specification
leaving each prosecutor and judge out one at a time. Figure 2.5 and 2.6 in
the Appendix shows the distribution of the estimated gender gap from this
leave-one-out exercises. The results show that our leave-one-prosecutor-out
gender gap estimates are in the range between 2 to 4 (Figure 2.5). Similarly,
our leave-one-judge-out gender gap estimates are in the range between 3.2
to 3.6 (Figure 2.6). These suggest that the baseline result is not driven by

a single prosecutor or judge.

2.4.4 Judge-level Gender Gap

To better understand the share of judge that have a positive gender

gap, I estimate the following judge-level gender gap estimation,'*

14This approach has also been used, e.g. by Arnold, Dobbie, and Hull (2022) to esti-
mate judge-level racial disparity in pretrial release. Similarly, postetior average effect is
calculated according to Bonhomme and Weidner (2022).
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Siot = Z aermaleiZij + Z @i Zij +vX; + €iot (22)
J J

where S;,; is again outcome of interest, includes conviction rate, sen-
tence lengths (months), and suspension dummy. Female;Z;; is an interac-
tion between an indicator being female and the fixed-effects of each judge,
Z;; is judge fixed-effects. X; again includes age, nationality, confession sta-
tus, number of charges, and number of co-offenders.

Figure 2.7 plots the empirical Bayes estimate for the posterior distri-
bution of a; across judges. I show the distribution when adjusting for year,
court, court trend, and suboffense fixed-effects, following Panel C of Table
2.5, as well as the distribution when adding a vector of observable controls.

Estimates from Figure 2.7.A shows that 21.2 percent (se = 1.4 percent)
of judges in our sample sentence women for longer, and 22.5 percent (se
= 1.3 percent) of judges sentence women for longer after controlling for
observables. The average judge-level gender gaps are -6.44 percentage points
(se =0.396) when adjust for all fixed-effects, and -7.36 percentage points
(se=0.408) when adding vector of observable controls.!®

Figure 2.7.B plots distribution of judge-level gender gap, estimating
from sample of only minor drugs-related offenses. Estimates show that 47.6
percent (se=1.1 percent) of judges sentence women for longer than their
male counterpart when controlling only for the year, court, court trend,
and suboffense fixed-effects, and 47.9 percent (se=1.1 percent) when adding
observable controls. It is worth noticing here that this share is significantly
higher than the full sample estimate in Figure 2.7.A, suggesting that more
judges have positive gender gap in non-serious drugs offense compared to
other offenses.

2.5 Heterogeneity

The previous sections revealed a significant positive gender gap for
minor drug-related offenses, with women receiving longer sentences than
men. In this section, I examine whether this gender gap differs depending
on whether women were arrested alone or alongside multiple co-defendants

in the same case.

15 Judge-level gap is average with weight equal to number of defendant per judge.
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Before turning to the analysis, I first present the distribution of the
number of defendants per case by gender in Table 2.3. Several stylized
facts emerge. First, the proportion of women arrested alongside multiple
co-defendants is significantly higher than that of men across all offenses,
particularly for drug-related crimes. For serious drug offenses, 30.8 percent
of women were arrested as part of group crimes, compared to only 18.1 per-
cent of men (column 5). For non-serious drug offenses, 10.1 percent of women
were arrested in groups, compared to just 3.7 percent of men (column 6).
Second, the majority of women arrested for group crimes are apprehended
alongside at least one male co-defendant, suggesting that women’s involve-
ment in group offenses often occurs within mixed-gender networks rather
than exclusively female groups.

Taken this gendered dynamics in how criminal groups are organized
into account, Table 2.8 reestimate gender gap. But, unlike the previous
models which control for the total number of co-defendants at the case level,
this specification separately accounts for the number of male and female co-
defendants.'®The results in Panel A of Table 2.8 show a similar pattern of
gender gap as earlier: women receive significantly longer prison sentences,
with an increase of 3.46 percentage points for non-serious drug offenses. This
positive gender gap does not appear for other types of offenses.

Panel B and C then perform subsample analysis for women arrested
alone and women arrested alongside multiple co-defendants in the same case
respectively. The result show that the positive gender gap in non-serious
drugs offense is mainly driven by the majority of cases where women were
arrested alone!” —female received 1.791 percentage point longer prison sen-
tences for non-serious drugs offenses (Panel B of Table 2.8), women arrested
in alongside multiple co-defendants in non-serious drugs offense do not re-
ceived significantly different prison sentence from their male counterparts
(Panel C of Table 2.8).

Finally, I examine whether women are treated differently from men
when they are charged together in the same case. Focusing on cases in-
volving multiple defendants, Panel D of Tables 2.8 estimates the gender

16To be precise, the estimation controls for observable factors (age, nationality, con-
fession status, number of charges, number of male co-defendants, and number of female
co-defendants) and proxy for unobservables (year, court, court trend, suboffense, and
judge fixed-effects). Standard errors are clustered at the court-year level.

17Female arrested alone constitute 89.9 percent of total female defendant in minor drugs
offenses (column 6 of Table 2.3
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gap in sentencing using case fixed effects to compare co-defendants within
the same case. The results indicate that, within the same case, women
receive slightly shorter prison sentences than their male co-offenders—by
about 5.25 percentage points—with this difference being weakly significant
at the 10 percent level.

It is important to acknowledge that these findings may still be influ-
enced by unobserved factors, such as the quantity of drugs involved or the
overall severity of the offense. For example, cases in which women receive
harsher sentences might simply involve larger quantities of drugs or more
serious charges. To explore this possibility, Tables 2.10 and 2.13 in the
Appendix examine whether there is a gender gap in case processing times.
The underlying idea is that longer processing times (measured in days) may
indicate greater case complexity or seriousness, as more complex cases typ-
ically take longer to resolve. Table 2.10 reveals a persistent gender gap in
case processing times, where cases involving female offenders take signifi-
cantly longer time to process across all offenses, except for violent and fraud
offenses. This discrepancy cannot be explained by case characteristics or dif-
ferential treatment within the criminal justice system. Table 2.13 provides
additional evidence, suggesting that this delay is largely driven by women
are arrested alone.

Overall, these results suggest that the persistent gender gap—where
women receive harsher sentences for minor drug offenses—is driven mainly
by cases in which women are arrested alone. In cases involving multiple
co-defendants, however, this gap largely disappears, and women are not
punished significantly differently from men. This finding contrasts with what
statistical discrimination would predict: if women in groups are assumed to
play subordinate roles, they should receive more lenient sentences than men.
Yet I find minimal evidence of a leniency effect. This suggests that, in non-
serious drugs offense, gender stereotypes amplify punishment when women
violate expectations by offending alone, rather than actively protecting them
in group settings.

2.6 Conclusion and Discussion

Women have historically been disproportionately incarcerated for drug
offenses, a trend driven by factors such as poverty and harsher sentencing
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policies for low-level drug crimes. Although several policies, including drug
treatment programs and sentencing reforms, have been introduced to ad-
dress this issue, designing an effective solution requires a thorough under-
standing of the root causes of these disparities. In this paper, I study gender
disparities in drug-related offenses and document how it differs from other
types of crime. I found that, consistent with existng literatures, women are
generally treated more leniently in the criminal justice system. However, this
pattern reverses for minor drug offenses—which make up the largest share
of all criminal crimes—where women face harsher treatment than men. I
demonstrate that this positive gender gap in minor drugs offenses cannot be
explained by observable case and defendant characteristics, remains robust
after accounting for selection on unobserved factors, and is primarily driven
by nearly half of the judges. I provide suggestive evidence that this effect
is mainly driven by women arrested alone. This gap largely disappears in
cases involving multiple co-defendants.

Taken together, my results provide strong evidence that women receive
harsher punishments for non-serious drug offenses, a pattern not observed
in other types of crimes. Given that drug offenses are highly salient for
women in Thailand—approximately 89% of incarcerated women are serving
sentences for drug-related crimes—future research should investigate the
underlying drivers of this disparity. In particular, examining the effects of
tough-on-drugs policies and specific features of the criminal justice process
in drug cases could shed light on why these gender differences persist.
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Figures

Figure 2.1: Thai criminal justice process
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Figure 2.3: Raw gender gap calculated from (i) conviction rate (ii) prison
rate (iii) sentence length
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Appendix

A. Background

Figure 2.4: Judge stringency score by gender

A. All offenses
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Figure 2.5: Leave-one-prosecutor coeflicient distribution for minor drugs
offenses only.

o
[Sp)

20

Percent

1.5 35 4

2.5 3
Estimated gender gap

Note: Dependent variables is sentence length (months). This figure shows the distri-
bution of 8 from estimation gender gap, leaving one prosecutor that handle more than
10 cases out at a time (bin width=0.1). There are 171 prosecutors in our sample, and
10 prosecutors that handle more than 10 cases. The estimation control for observables
(age, nationality dummy, confess dummy, and number of charges) and unobservables

(year, court, court trend, offense, and prosecutor fe). Standard errors are clustered at the
court-year level.
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Figure 2.6: Leave-one-judge coefficient distribution for minor drugs offenses
only.
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Estimated gender gap

Note: Dependent variables is sentence length (months). This figure shows the distribution
of B from estimation gender gap, leaving one judge out at a time. There are 542 judges
in our sample. The estimation control for observables (age, nationality dummy, confess
dummy, and number of charges) and unobservables (year, court, court trend, suboffense,
and prosecutor fe). Standard errors are clustered at the court-year level.

123



Figure 2.7: Observational gender gap
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Note: Dependent variables is sentence length (months). This figure shows the posterior
distribution of a; estimated from equation , leaving one judge out at a time. There are
542 judges in our sample. The estimation control for observables (age, nationality dummy,
confess dummy, number of charges, and number of co-offernders) and unobservables (year
fe., court fe., court trend, suboffense and judge fe.). Means and standard deviations refer
to the estimated prior distribution. Judges that handle female’s case less than 1% are

Covanate-Adjusted

dropped from the sample. Standard errors are clustered at the court-year level.
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Table 2.9: Testing for Random Assignment of Criminal Cases to Judges

Sentence length ~ Judge stringency

(1) (2)
All offenses All offenses
Age 0.036* 0.000
(0.019) (0.004)
Female -4.7T81*** -0.000
(1.748) (0.154)
Thai nationality -55.680%** 0.000
(7.007) (0.355)
Criminal history 1.863** -0.000
(0.804) (0.221)
Number of charges T.473%H* -0.000
(0.978) (0.280)
Violent offenses 30.896*** 0.000
(1.364) (0.160)
Property offenses 9.431%** -0.000
(0.428) (0.132)
Fraud offenses 21.580%** -0.000
(5.901) (1.901)
Drugs(major) offenses  45.525%** 0.000
(0.642) (0.101)
F-stat for joint test 692.079 0.000
p-value 0.000 1.000
ymean 28.60 28.05
N 188,337 191,979

(continued on the next page)
Note: All estimations include controls for court xcourt entry year fixed-effects. Reported
F-statistic refers to a joint test of the null hypothesis for all variables. The omitted

”

category for offense category is “Drugs(others)”. Standard errors are two-way clustered

at the judge and defendant level.
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Table 2.9: Testing for Random Assignment of Criminal Cases to Judges
(continued)

Judge stringency

®3) (4) (5) (6) (7)
Violent  Property Fraud Drugs Drugs

(serious)  (others)

Age 0.002 0.014** -0.124*%*%  0.004 0.003
(0.004)  (0.006) (0.058) (0.003) (0.002)
Female -0.206 0.036 1.220 -0.119 -0.187**
(0.223)  (0.203) (1.474) (0.095) (0.090)
Thai nationality 0.469 0.120 -1.496 -0.143 0.347
(1.224)  (0.642) (2.349) (0.538) (0.532)
Criminal history -0.692*  -0.264 -0.873 -0.150 -0.083
(0.374)  (0.211) (1.059) (0.101) (0.077)
Number of charges -0.351 -0.292 0.562 -0.161 -0.161*

(0.264) (0.277)  (0.658)  (0.103)  (0.097)
Violent offenses

Property offenses
Fraud offenses

Drugs(major) offenses

F-stat for joint test 1.250 1.594 1.328 1.220 2.143
p-value 0.285 0.160 0.251 0.298 0.059
ymean 28.05 28.05 28.05 28.05 28.05
N 18,632 21,564 5,695 55,387 90,698

Standard errors in parentheses
*p<0.1, ¥p < 0.05, ¥** p < 0.01

Note: All estimations include controls for court xcourt entry year fixed-effects. Reported
F-statistic refers to a joint test of the null hypothesis for all variables. The omitted

”

category for offense category is “Drugs(others)”. Standard errors are two-way clustered

at the judge and defendant level.
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Table 2.11: Distribution of numbers of offenders per case

Violent Property Fraud Drugs Drugs All

(serious)  (others) offenses

1 13,435 14,583 1,382 44,595 87,178 161,173
2 2,684 4,538 528 8,530 2,496 18,776
3 1,188 1,416 312 1,641 573 5,130
4 584 552 156 480 288 2,060
5 310 230 385 125 120 1,170
6 204 102 312 60 84 762
7 105 49 1,246 21 0 1,421
8 56 56 1,256 8 16 1,392
9 27 27 90 0 18 162
10 30 0 10 0 0 40
11 11 0 11 0 0 22
12 0 12 0 0 0 12
13 0 0 0 0 13 13
14 0 0 0 14 14 28
15 0 0 15 0 0 15
16 16 0 0 0 0 16
17 0 0 17 0 0 17
23 23 0 0 0 0 23
24 0 24 0 0 0 24

Total 18,673 21,589 5,720 55,474 90,800 192,256

Note: This table reports the distribution of numbers of offenders per case.
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Chapter 3

Fast-tracked Officers:
Promotion, Corruption,

and Policing

Abstract:

I combine newly digitized police personnel and arrest data from Thai-
land for the period 2017-2022 to study the dynamics of promotions within
the police department. Using a 2018 reform that aimed to reduce corrup-
tion by enforcing stricter seniority-based promotion and mandatory rotation
rules, I examine both the extent to which these formal rules were enforced
and whether informal networks continued to influence career advancement.
I document that the rules were only partially enforced. Tenure remains a
strong and consistent predictor of formal promotions overall, but its effect
diminishes during the period of socially suspected corruption. Moreover, fol-
lowing the introduction of the reform, I observe a negative spillover into the
informal promotion channel—officers with shorter tenure were increasingly
likely to receive favorable transfers. These findings suggest that while the
reform had some impact on formal promotion practices, informal influence

remained persistent despite regulatory efforts.
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3.1 Introduction

The allocation of power and responsibility within public institutions
is often shaped by promotion systems that are meant to reward merit, ex-
perience, and performance. However, in many settings—especially those
prone to corruption—the integrity of these systems is frequently called into
question (DahlstrAtim, Lapuente, and Teorell 2012). While formal rules
may emphasize seniority and tenure, informal networks and favoritism can
play a role in the promotion of public officials. Despite the critical role
that public officials play in governance and service delivery, there remains
limited empirical research on how corruption affects the management and
functioning of civil service systems, and how should the promotion systems
be designed to insulate public officials from external interferance.

This paper examines the dynamics of promotions within the police
department—an institution of particular importance given its central role
in maintaining public order, enforcing the rule of law, and shaping public
trust. Understanding how promotion systems function—and whether they
reward merit or are influenced by informal practices—is essential for effec-
tive policing. I focus on Thailand’s 2018 police promotion reform, which
aimed to reduce corruption by tightening tenure requirements and enforcing
mandatory rotations. Specifically, I assess whether these regulatory changes
were implemented as intended and whether they succeeded in curbing infor-
mal influence over promotion decisions.

To study this question, I construct a novel, supervisor-level dataset
on police promotions using newly digitized promotion and tenure announce-
ments, which I scraped and compiled from the official websites of each po-
lice bureau. These records are linked using officer names and matched with
station-level arrest data, resulting in a unique dataset covering over 12,000
police supervisors across all police stations in Thailand.

I find that the rules were only partially enforced. First, tenure re-
mains a strong and consistent predictor of formal promotions—where the
rules explicitly apply—but not of informal promotions (i.e., transfers to more
desirable posts), which are not subject to tenure regulations. Second, the
enforcement of formal rules varied over time. In the immediate aftermath of
the reform, tenure had a significant influence on formal promotion decisions,
but this effect weakened during the period suspected of increased corrup-
tion (2020-2021). Third, the reform appears to have generated a negative
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spillover into informal promotions. After the implement of formal regula-
tion, supervisors with shorter tenure became more likely to secure favorable
transfers, highlighting the persistent role of informal networks despite the
introduction of anti-corruption measures.

This paper contributes to several strands of the literature. A substan-
tial body of research has examined corruption in government (Olken and
Pande 2012; Treisman 2000), with particular attention to anti-corruption
policies and their economic consequences (Axbard 2024; Borcan, Lindahl,
and Mitrut 2017; Ferraz and Finan 2008; Ferraz and Finan 2011). However,
relatively fewer studies have focused on corruption in civil service manage-
ment, and the findings have been mixed. For example, Xu (2018) shows
that patronage appointments of governors in the British Colonial Office led
to lower administrative quality—such as granting more tax exemptions, col-
lecting less revenue, and making fewer investments. While Weaver (2021)
examines corrupt hiring practices in a health bureaucracy and finds that
their impact on service delivery depends on the relationship between appli-
cants’ wealth and their quality.! With mixed findings across public institu-
tions, corruption within police organizations remains largely overlooked—a
gap this paper seeks to address.

One reason for this gap is the persistent difficulty in measuring cor-
ruption (Olken and Pande 2012). This is due to the fact that corruption
is usually hidden, researchers are often forced to rely on indirect proxies,
such as perception-based indicators or creative field experiments. This pa-
per addresses that challenge by using the institutional setting in Thailand
that allows me to construct an objective measure of corruption as cases in
which police officers are promoted faster than the legally mandated mini-
mum time-in-position requirement. This measure provides a practical ap-
proach to identifying corruption and paves the way for future research into
its consequences within police departments—such as its impact on perfor-
mance, accountability, and public trust.

This paper also contributes to the literature on crime and policing.
Prior work has largely focused on police-civilian interactions and has uncov-
ered evidence of bias in enforcement (Grosjean, Masera, and Yousaf 2022;
Goncalves and Mello 2021; Tuttle 2019). A growing body of research has also

1E.g., when applicants’ wealth and quality are positively correlated, service delivery
tends to remain strong; when negatively correlated, outcomes deteriorate. In his context
studied, this correlation was positive and resulting in positive hiring outcome despite the
presence of corruption.
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examined factors that influence police behavior (Owens and Ba 2021). While
external factors—such as public oversight (Mastrorocco and Ornaghi 2021;
Jordan and Kim 2025), community engagement, and legislative reforms—
have been widely discussed, much less attention has been devoted to how
internal management of police departments and the organizational dynam-
ics shape officer performance from within. For instance, Ba et al. (2021)
study officer assignment processes and find that more experienced officers
are both more effective at reducing violent crime and significantly less likely
to use force than their less experienced counterparts. Kim 2025 study how
police officers react to a reduction in promotion opportunity and document
that ineligible officers significantly increase their effort levels, as measured
by arrest performance.

Understanding how these internal factors affect officer performance is
critical for effective policy design. Without addressing the organizational
roots of behavior, efforts at police reform risk being ineffective at influenc-
ing decision-making processes within departments. Building on this insight,
my study contributes to the emerging literature on internal police manage-
ment by examining factors associated with corrupt promotion practices. In
particular, I document that while tenure is a strong driverse of supervisors’
promotion, its importance subside during the period of suspected corrup-
tion.

Moreover, although police corruption is widespread and persistent in
many parts of the world—particularly in developing countries—most polic-
ing literature remains heavily focused on the U.S. and Europe. This study
contributes a novel perspective by examining Thailand, a country where
concerns about police corruption are significant. The Thai context offers a
unique setting that allows me to construct a novel measure of corruption in
police organization.

This paper also contributes to the literature on state organization,
particularly the role of leadership and management in public institutions.
For example, Bertrand and Schoar (2003) show that individual top man-
agers exert a measurable and persistent influence on corporate policies and
performance. Similarly, Fenizia (2022) leverages the rotation of public man-
agers across sites to demonstrate that improvements in managerial quality
can significantly enhance productivity. In the context of policing, similar
mechanisms may be at work: the integrity, competence, and networks of in-

dividual police supervisors can shape both internal administrative processes
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and broader institutional outcomes. While existing research has focused
extensively on the impact of managerial talent, far less attention has been
paid to the effects of corruption among supervisors. Although this study
is primarily descriptive, it documents evidence of corruption in supervisory
promotions—specifically, cases where individuals are promoted more quickly
than legally permitted. This novel measure creates an empirical foundation
for future work exploring how corrupt leadership affects police performance
and public trust.

The remainder of this article is organized as follows. Section 3.2 pro-
vides the institutional background of the police organization in Thailand.
Section 3.3 describes the data and descriptive statistics. Section 3.4 dis-
cusses the dynamics of promotion. Section 3.5 discusses whether such pat-

terns point to an evidence of corruption.

3.2 Institutional Background

3.2.1 The Organization of Police in Thailand

Figure 3.1 illustrates the organizational structure of the Royal Thai
Police (RTP). The RTP is overseen by the Commissioner General and or-
ganized into 11 bureaus responsible for crime clearance. These include one
Central Bureau, one Metropolitan Bureau, and nine Regional Bureaus. The
Central Bureau handles complex or high-profile cases that cross multiple
jurisdictions, while the Metropolitan and Regional Bureaus are tasked with
general law enforcement within their respective geographic areas. Each bu-
reau is headed by a Commissioner and supervises approximately ten police
divisions.

The area of responsibility for each division generally aligns with provin-
cial boundaries. Thailand is divided into 76 provinces, with each province
typically corresponding to a single police division. The exception is the
Bangkok Metropolitan Region, which is subdivided into nine separate police
divisions due to its size and complexity. Each division is led by a Comman-
der and oversees around ten police stations. Nationwide, there are a total
of 1,482 police stations across Thailand.

At the station level, daily operations are managed by Supervisors, who
serve as the highest-ranking officers within the police station. Among them,
one is designated as the Station Chief, acting as the head of the station. The
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Station Chief is responsible for overseeing all aspects of station management,
including strategic planning, personnel supervision, crime prevention, inves-
tigation, and public safety. In addition, the Station Chief coordinates with
higher-level commands and local agencies to ensure effective law enforcement
and public service within the station’s jurisdiction.

This paper focuses on the internal personnel management of the police
force, specifically the promotion process from Supervisor to Deputy Com-

mander.

3.2.2 Supervisor Promotion and Rotation Regulations

Corruption has long been a concern in Thai policing. A 2024 poll
by the the National Institute of Development Administration (NIDA) on
public trust in law enforcement agencies found that the police were the least
trusted, with over 70% of respondents expressing distrust toward the general
police force. These concerns have influenced the design of the police pro-
motion system. In particular, there are rules guiding the maximum amount
of time officers can stay in a single station to prevent ties being developed
with the local community that could transform into favoritism.

At the supervisor level, the rules dating back to 20062 were that a
supervisor could stay in one police station for more than four years (up to
eight years if it was approved by the Commissioner General) before trans-
ferred to another station thereafter. To be eligible for promotion, police
supervisors need a minimum of four years in their previous position.

In 2018, there was a reform to the promotion and rotation rules,?
aiming to patronage and corruption in police promotion. First, the reform
removed these rotation exceptions, setting a four-year limit on how long
supervisors can remain at a single station. As a result, we would expect to
see shorter average tenures before officers are reassigned. The change may
also lead to a spike in transfers, as officers waiting for promotion now need
to be relocated to meet the new requirements. The primary purpose of this
mandatory rotation reform is to minimize the risk of officers developing local
ties—which can form when they remain at a single station for too long—

and potentially lead to corruption. However, this approach may come with

2Police Commission regulations regarding the appointment of police officer, B.E. 2006
3Police Commission regulations regarding the appointment of police officer, B.E. 2018
implemented on January 24th, 2018.
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drawbacks—for example, it could disrupt team dynamics and negatively
affect overall performance.

Second, the reform made promotions from supervisor to commander
more seniority-based. The minimum serving time in the previous position

4 This change aimed to

requirement was increased from four to five years.
strengthen the role of tenure in the promotion process, thereby reducing
opportunities for corruption and external influence. However, this approach
carries potential drawbacks, as it may prioritize officers’ seniority over merit
and performance.

This paper investigates the determinants of promotion and transfer
within the police force, the extent to which the regulations are followed, and
evaluates the effectiveness of the policy in curbing corruption and patronage

in the promotion process.

3.3 Data

3.3.1 Data Description and Key Variables

The primary data source for this study is officer-level promotion and
rotation records from Thailand, covering the years 2017 to 2022. The data
is published on the Royal Thai Police website. 1 employed web scraping
techniques to automatically access and extract a large volume of scanned
documents from the site. These documents were then processed using Op-
tical Character Recognition (OCR), utilizing both automated tools (e.g.,
Mistral AT) and manual verification to ensure accuracy. Following OCR pro-
cessing, the extracted data was parsed and structured into a usable dataset.
This dataset includes officers’ names, gender, previous positions and police
stations, as well as their new positions and police stations.

For each promotion, I match the promotion data to four critical ad-
ditional pieces of information: (i) tenure data, (ii) station-level arrest data,
(iii) police station ranking, and (iv) other province-level controls.

Tenure data are particularly important, as they reflect the internal se-
niority rankings of police officers used in promotion decisions. Prior to each
promotion cycle, individual police bureaus publish scanned announcements

listing officers’ seniority rankings on their websites. Officers are expected

4Table 3.5 in the Appendix reports the promotion reform for all ranks.
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to verify the accuracy of their rankings before the promotion process is fi-
nalized. I collect these documents from each bureaus’ official website using
similar web scraping and OCR techniques to those applied to the promo-
tion data, extracting relevant tenure information for analysis. This dataset
includes officers’ name, tenure (years spent) in each previous position, and
date of birth. The dataset is matched to promotion data through officers’
name.’

Station-level arrest data is obtained from the Royal Thai Police De-
partment, providing comprehensive statistics on violence, property, and drug
offenses across jurisdictions. The dataset captures essential metrics of polic-
ing: crime clearance rates, speed of arrest, number of arrest, principal-
to-accomplice ratios, and demographic distributions of Thai-to-foreign na-
tionality among offenders. These variables serve as critical controls in my
analysis, accounting for variation in police performance, arrest quality, and
potential bias in policing. I linked the station-level arrest data to promotion
data at the police station level.

Police station ranking. To gain deeper insight into officers’ preferences
for transfer or promotion destinations, I linked the dataset to survey data
that allows for a ranking of police stations. This survey, conducted by the
ThaiPBS newspaper, randomly asked police officers to “Rank the five police
stations in each region where you would most like to be promoted or trans-
ferred.” Stations were scored from 1 to 5, with 1 being the most preferred
and 5 the fifth most preferred; all remaining stations were assigned a score
of 6. The resulting rankings are strongly correlated with areas associated
with industrial zones, casinos, nightclubs, heavy truck traffic, illegal immi-
gration, human trafficking, and cross-border smuggling—locations where the
potential for bribery is arguably higher. I use this ranking score to capture
instances of informal promotion, defined as an officer being transferred to a
higher-ranked police station.

Other provincial-level controls include the district-level poverty index,
which is downloaded from the National Statistical Office of Thailand website,

and constituency-level electoral data.

5This can be done since thai names (including surnames) are unique. Thus, we can
perform unique matching through officers’ full name. To account for potential OCR
errors—such as variations in typing order or Thai vowel characters—I use fuzzy matching
with a similarity score threshold of 85 or higher to perform the data linkage.
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3.3.2 Descriptive statistics

Tenure at the current position is the key factor on which the promotion
regulations center. Thus, I begin my description of the data by displaying
the distribution of the supervisor’s tenure at their current position in years
prior to the annual (November) promotion. Figure 3.2 shows the distribution
for three types of promotions or moves: (i) promotion to deputy commander,
(ii) moves to better stations (i.e., my measure of informal promotions), and
(iii) other lateral moves.

A number of key patterns stand out from these figures. First, as
one would expect, more tenure is required for those promoted than those
moved — there is after all a minimum tenure requirement for promotion while
there is maximum tenure before moves. Second, the figure suggests that the
regulations are not followed: there are many supervisors who make lateral
moves at tenures beyond the maximum (four without extensions and six
with extensions). Third, we see that there is substantial variation in tenure
for who gets moved and promoted.

As a first step to get at whether the tenure differences between who is
promoted versus moved is driven by the regulations or other characteristics
of the promoted/moved individuals, Figure 3.3 replicates the above figure
(showing just the smoothed distribution) for the supervisor’s tenure at the
previous position, deputy supervisor. In other words, I show the distribution
of the number of years as a deputy supervisor. This serves as a proxy for
officers’ characteristics, e.g. ability. The distributions of past tenure for
those promoted, moved to better stations, or other lateral moves are very
similar to each other.

Finally, Table 3.1 presents summary statistics for the characteristics
of promoted or transferred individuals and their respective stations, catego-
rized by type of promotion. Panel A of Table 3.1 shows that, on average,
supervisors are 52-year-old males at the time of promotion, having spent ap-
proximately 4.61 years at the supervisor rank and 7.38 years at the deputy
supervisor rank. Consistent with the distribution noted earlier, individuals
promoted to commander positions tend to have longer tenure in their cur-
rent roles compared to those transferred to more desirable stations, other
lateral moves, or non-movers. Specifically, supervisors promoted to com-
mander roles had spent an average of 6.79 years in their current position,

compared to 3.9 years for those moved to better stations and 4.67 years for
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those involved in other lateral moves or who remained in place. There are
no significant differences across promotion types in terms of age, gender, or
tenure in previous positions.

In terms of station characteristics, Panel B of Table 3.1 reports the
attributes of the respective police stations. Stations where supervisors are
promoted to commander positions tend to have a higher number of arrests—
particularly for drug offenses, violent crimes, and property crimes—compared
to stations associated with lateral moves, transfers to more desirable loca-
tions, or non-movers. However, there are no significant differences in arrest
speed across promotion types, measured by the number of days between the

case registration date and the arrest date.

3.3.3 What predicts promotion?

To get a better sense of ‘who’ is promoted, I regress whether a super-
visor is promoted on their own characteristics, including tenure, and station

characteristics. To be precise, I estimate the following regression:

Yist = & + B(Tenure;; —¢) + Xiv™ + Zay¥ + o1 + 0p + €5t (3.1)

where ¢ indexed a supervisor at police station s for promotion year
t which took place once annually in November. y;4is the promotion out-
come of interest: (i) an indicator equal to one if a supervisor is promoted
to commander and zero otherwise, and (ii) an indicator equal to one if a
supervisor is moved to a better station and zero otherwise. Our main vari-
able of interest, Tenure;; , measures the number of years an officer has
spent in a supervisor position, centered around the cutoff value ¢ = 5 (i.e.,
Tenure;; —c). X; are baseline controls for supervisors’ characteristics which
include age, gender, and tenure at past position (deputy supervisor).® Z,
represents police station characteristics, constructed by averaging monthly
station-level data over the period between the previous promotion round and
the current one. These include the number of arrests, the speed of arrest
(measured as the number of days between crime report and case clearance),
and the principal-to-accomplice ratio. ¢; includes year indicators to absorb

6 Age and tenure at previous position are included as categorical variables, divided into
quartiles. The distribution of tenure is shown in Figure 3.3, while the distribution of age
is presented in Figure 3.8.
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the temporal shocks common to all officers. 6, includes 11 bureau indica-
tors to control for time-invariant bureau-specific shocks. In all regression,
standard errors are clustered at the bureau-time level.

The results are presented in Table 3.2. While descriptive in nature,
the table reveals several important patterns. Column (1) includes only year
fixed effects, providing a baseline estimate. Column (2) adds observable
supervisor characteristics, Column (3) incorporates station-level controls,
and Column (4) further includes bureau fixed effects.

Tenure emerges as a strong and consistent predictor of promotion to
deputy commander. In the baseline specification, each additional year of
tenure increases the probability of promotion by 0.8 percentage points—
equivalent to 26.6 percent of the sample mean. Once observable character-
istics are included (Column 2), the magnitude increases to 2.4 percentage
points, or 42 percent of the mean. This effect further rises to 1.3 percent-
age points (39.4 percent of the mean) after accounting for both station-level
characteristics and bureau fixed effects (Column 4). These results highlight
the importance of tenure in the formal promotion process, which aligns with
institutional rules emphasizing seniority. Importantly, while characteristics
such as age tend to correlate with tenure, proxies for officer ability—such
as prior tenure and station-level arrest performance—do not. This suggests
that tenure is not simply capturing differences in officer quality, which is a
concern about omitted variable bias related to ability.

Columns (5) through (8) shift the focus to the likelihood of being
transferred to a more desirable police station—used here as a proxy for in-
formal or discretionary promotion. Unlike the formal promotion process,
tenure plays a weaker role in these decisions. Across all specifications, the
coefficients on tenure are smaller in magnitude and generally negative, with
several estimates statistically significant. With full controls as described
in equation 3.1, each additional year of tenure decreases the probability of
moving to better station by only 1.4 percentage points (9.2 percent of the
sample mean). This pattern is consistent with the absence of formal senior-
ity requirements for such transfers and suggests that officers with shorter
tenures are more likely to secure favorable moves. While we do not present
this as definitive evidence, the findings raise concerns that lower-tenure offi-
cers with stronger informal networks or backing may be disproportionately
advantaged in securing these desirable transfers.

Together, these results underscore the contrast between formal and
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informal promotion channels and highlight the role of discretion in shaping

career trajectories within the police force.

3.4 The Dynamics of Promotion

This section begins to look at how promotion and move decisions have
changed over time, and especially before and after the 2018 reform. Figure
3.4 plots the dynamics of the number of promotions and moves (on the left)
as well as average tenure (on the right) for each of the three categories.
Looking at the number of lateral moves (long dashed line), we see a sharp
increase in 2019 — this makes sense given the reform, as there were suddenly
officers who would have gotten an extension or had an extension (i.e., with
tenures of 3, 4, and 5 years) who all suddenly had to move. Coinciding with
this, as one would expect, we see a decrease in the average tenure by almost a
year. In other words, it appears as if the first part of reform had the intended
effect: supervisors are staying shorter in the same station prior to being
moved. The short dashed line corresponds to the commander promotions.
Immediately after the reform there is a decrease in the number of commander
promotions, which is consistent with the reform being followed, i.e., there
should be fewer eligible candidates with the longer tenure requirement. We
also see average tenure increase in the year after the reform. Average tenure,
however, for the promotion to commander group is somewhat noisy over
time.

Looking at the dynamics of promotion and rotation between central
(or Bangkok metropolitan) and regional bureaus, Figure 3.5 shows that su-
pervisors in the central (or Bangkok metropolitan) move faster than those in
the regional bureaus for all types of move. For formal promotions to Deputy
Commander, tenure increased notably in non-central regions following the
reform, suggesting stronger enforcement of the new rules, while tenure in
central areas remained relatively low and declined over time. In contrast,
for informal promotions—both transfers to more desirable stations and lat-
eral moves—tenure steadily declined, particularly in central regions. This
pattern implies that officers with shorter tenure were increasingly able to se-
cure favorable transfers, and the regional gap widened in the years following
the reform.

Finally, we look at the dynamics of the supervisor to deputy com-
mander promotions a bit more closely. Recall the rules: Before 2018, such
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promotions could occur after a minimum tenure of four years while after the
reform such promotions could occur after a minimum tenure of five years.
Figure 3.6.A first shows the share of supervisor promoted to deputy com-
mander with tenure less than five years. During the whole sample period,
there were 372 such promotions, and 64 (17.2%) occurred at less than five
years. These ‘early’ promotions surprisingly did not occur during the pre-
reform period, but rather in 2020 and 2021. In other words, these promotions
occurred at a time when the minimum tenure should have been five years.
Figure 3.6.B further show the dynamics of tenure at the current position
over time. We can see that the distribution of tenure for those promoted is
continually shifting left over the sample period, with 2021 standing out as
an outlier.”

3.5 1Is This Evidence of Corruption?

Despite the 2018 regulatory reforms—which appear to have been at
least partially implemented—earlier figures reveal patterns that are consis-
tent with continued corruption in police promotions. In 2020 and 2021,
there is a sudden increase in promotions that violate the tenure criteria.
This raises an important question: do these irregularities truly reflect cor-
ruption, or could there be alternative explanations? This section presents
both anecdotal and empirical evidence that, while not definitive, strongly
suggests that these deviations were driven by corrupt practices within the

promotion system.

3.5.1 Anecdotal evidence of police scandal

On February 19th, 2021, Rangsiman Rome, a Member of Parliament
from the opposition party, exposed alleged corruption in police promotions
during a censure debate. He presented evidence showing cases of police
officers being promoted despite having fewer years of service than legally
required, suggesting the use of a patronage system in promoting police offi-

cers.®

"Figure 3.10 in the Appendix shows the distribution of tenure at current position
between promoted vs. not promoted supervisors over time. In all years, we can see that
probability of promotion rises significantly after the tenure cutoff 5 years.

8During the debate, Rome cited several official documents indicating that these irregu-
lar promotions were linked to connections with high-ranking politicians, military officials,
and even the Prime Minister. Specifically, he identified 57 officers allegedly promoted
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The revelations sparked widespread public attention. Protests erupted
in front of the police department, and the hashtag “police ticket”—a term
used to describe corrupt practices in police promotions in Thailand—trended
globally on social media, garnering over a million tweets. Figure 3.7 illus-
trates the sharp rise in public search interest related to police promotion
corruption, peaking immediately after the February 19th, 2021 censure de-
bate. Interest in the issue resurged whenever new police scandals emerged,
such as one related to police violence on August 24, 2021, raising further
questions about whether violence involved officers were promoted through
corrupt practices. Despite the intense public scrutiny, there has been no
formal investigation or comprehensive disclosure regarding the full extent of

these alleged practices.

3.5.2 Do the characteristics that predict promotion
change?

As shown in Figure 3.6, there was a sharp rise in irregular promotion
practices during 2020 and 2021. This raises the question of whether promo-
tions during this period were influenced by factors beyond the formal rules.
Specifically, did the relationship between observable characteristics and pro-
motion outcomes change in those years? To address this, I re-examine the
relationship between tenure—measured as the number of years a supervisor
has served in their current position—and the probability of formal and in-
formal promotion. This analysis is conducted separately for three periods:
the pre-reform period (2017), the early post-reform period (2018-2019), and
the period suspected of increased corruption (2020-2021).

Table 3.3 first present the result on formal promotion where the out-
come variable is a dummy if a supervisor is promoted to deputy comman-
der, and zero otherwise. The primary variable of interest is tenure at the
current supervisor position, centered around the five-year eligibility cutoff
introduced by the 2018 reform. Across all periods and specifications, tenure
remains a statistically significant and positive predictor of promotion, with
coefficients increasing in relative magnitude after the reform. This aligns

with the reform’s goal of reinforcing seniority in promotion decisions.

through ties to political or military elites, 165 through the Commissioner of the Central
Bureau, and 1,642 through the Commissioner General. Detailed data for the first two
categories, by bureau rank, were reported in the media and are presented in Table 3.6 in
the Appendix.
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However, the data also reveal important patterns. The estimated im-
pact of tenure on promotion is lowest relative to the mean during 2020-2021,
a period marked by heightened public scrutiny and allegations of increased
corruption. Prior to the reform, Column (4) shows that each additional year
of tenure increased the probability of promotion by 4.9 percentage points,
equivalent to 42.6 percent of the sample mean. This effect strengthens in the
early post-reform period (2018-2019), estimates in column (8) rise to 1 per-
centage points, or 52.6 percent of the mean, suggesting stricter enforcement
of tenure-based promotion criteria following the reform. In contrast, during
the suspected corruption period (2020-2021), the effect of tenure diminishes
significantly—falling to 1.3 percentage points (column 12), or just 37 per-
cent of the mean—indicating that tenure became a less important factor in
determining promotions during this time.

Turning to the probability of a supervisor being transferred to a more
desirable police station, Table 3.4 illustrates the dynamics of informal pro-
motion. Prior to the reform (Columns 1-4), tenure did not play a significant
role in determining the likelihood of such moves. However, this relationship
changes in the post-reform period. Each additional year of lower tenure was
associated with a 1.7 (1.3) percentage point increase in the probability of
being rotated to a more desirable station during 2018-2019 (2020-2021)—
equivalent to 10 percent of the sample mean. Specifically, supervisors with
lower tenure became more likely to be transferred to better stations, suggest-
ing that informal promotion mechanisms may have become more prominent
after the reform.

Taken together, the findings on both formal and informal promotion
suggest that, while tenure-based rules were partially enforced, the post-
reform period—especially 2020-2021—exhibits irregular promotion patterns.
Tenure became less predictive of formal promotion outcomes and had a
stronger negative relationship with the likelihood of informal promotion to
more desirable stations. These patterns point to the continued influence of
informal networks or favoritism, despite the introduction of stricter regula-

tory controls.

3.6 Conclusion

Police play a central role in deterring crime and ensuring public safety.
This responsibility often comes with significant discretion, which—particularly
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in some countries—has led to public unrest and instances of police violence.
These challenges raise important questions about police personnel manage-
ment: How should promotion systems be designed? Can a seniority-based
system improve outcomes by limiting opportunities for political interference
and corruption? This article examines the dynamics of police promotions,
focusing on Thailand’s 2018 reform, which aimed to reduce corruption by
introducing stricter tenure-based promotion criteria and mandatory rotation
rules.

I find that the reform was only partially enforced. First, tenure re-
mains a strong and consistent predictor of formal promotions—where the
rules explicitly apply—but not of informal promotions (i.e., transfers to more
desirable posts), which are not subject to tenure regulations. Second, the
enforcement of formal promotion policies varied over time. In the immedi-
ate aftermath of the reform, tenure had a significant influence on promotion
decisions, but this effect weakened during the period suspected of increased
corruption (2020-2021). Third, the reform appears to have generated a
negative spillover into informal promotions. Following the implementation
of the formal rules, supervisors with shorter tenure became more likely to
receive favorable transfers to better police stations.

Though descriptive in nature, these findings underscore the impor-
tance of effective enforcement in anti-corruption efforts and highlight the
enduring influence of informal networks, even in the presence of formal reg-
ulatory measures. Much work remains to be done to identify the causal
impact of the reform on officer promotion and policing outcomes, as well
as to uncover the underlying mechanisms and patronage networks that may

undermine its effectiveness.
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Figures
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Figure 3.1: Thai police organizational structure (left) and corresponding
position of the unit’s head (right).
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Figure 3.2: Tenure at current position (supervisor, years). Number of
move=3,612. Number of officers=2,319. 5 rounds of promotion between

2017-2021.
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Figure 3.3: Tenure at past position (deputy supervisor, days). Number of
move=3,612. Number of officers=2,319. 5 rounds of promotion between

2017-2021.
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Figure 3.5: Dynamics of supervisor’s promotion/rotation by region.
Note: This figure shows average tenure at current position (in years) for police supervisors
across three types of career movements—promotion to Deputy Commander, transfer to
a more desirable station, and lateral move—over the period 2017 to 2021. The vertical
dashed blue line marks the implementation of the 2018 promotion reform, implemented on
January 24th, 2018. The figure distinguishes between supervisors in Central/Metropolitan

areas (dashed black line) and those in other regions (solid blue line).
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Google Search Index

Figure 3.7: Public Search Trends on Police Promotion Corruption in Thai-
land

Note: The black line shows Google search interest in Thailand for the term “ ﬁt’J‘ﬁN”
(Thai for “priviledge police promotion”). A value of 100 indicates peak search interest, 50
indicates half of that peak, and 0 means there was insufficient data to measure interest.
The first dashed blue line, on February 19, 2021, marks the date when corruption in
police promotions was publicly exposed. Public attention to privileged police promotions
regain public attention whenever there is a police scandal. The second dashed blue line,
on August 24, 2021, marks the exposure of a police violence scandal. Source: Google
Trends.
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Tables

Table 3.1: Officers and station characteristics for promoted supervisors,
rotated supervisors, and non-movers.

Full sample Promoted to
Dept. Commander
(1) 2)

mean sd mean sd

A. Police officers
Age at promotion 52.07 4.69 50.91 4.25
Gender (female=1) 0.00 0.03 0.01 0.10
Tenure at current position (years) 4.61 2.63 6.79 2.23
Tenure at previous position (years) 7.38 3.08 6.10 2.24

B. Charactersitics of station at origins of promotion/rotation
Number of arrests:

Drugs 389.72  404.37  463.37 543.59
Violence 15.94 18.94 2297 25.81
Property 65.93 89.40 99.49 124.38
Total 471.59  480.00 585.83 645.52
Speed of arrest (days):
Drugs 3.24 5.98 3.14 7.34
Violence 29.45 56.49 30.88 62.19
Property 50.56 59.31 49.87 47.18
Total 11.02 12.69 12.43 12.81
Observations 12,209 372
Location (bureaus):
Cantral/Metropolitan 888 46
Regional 11,087 314

(continued on the next page)

156



Table 3.1: Officers and station characteristics for promoted supervisors,
rotated supervisors, and non-movers.(continued)

Move to Lateral move
better station & non-movers
3) (4)
mean sd mean sd
A. Police officers
Age at promotion 50.81 5.15 52.35 4.57
Gender (female=1) 0.00 0.00 0.00 0.02

Tenure at current position (years) 3.90 2.30 4.67 2.65
Tenure at previous position (years) 7.14 3.08 7.48 3.10

B. Charactersitics of station at origins of promotion/rotation
Number of arrests:

Drugs 456.46  476.33 379.42 388.28
Violence 20.89 25.27 15.12 17.62
Property 93.40 123.50 61.58 82.15
Total 570.75 577.31 456.12 458.43
Speed of arrest (days):
Drugs 2.29 3.35 3.35 6.15
Violence 32,56  51.78  29.04  56.79
Property 41.70 37.40 51.61 61.63
Total 10.06 10.92 11.08 12.87
Observations 1847 9990
Location (bureaus):
Cantral/Metropolitan 163 679
Regional 1,508 9,265

Note: Unit of observation is supervisor-promotion year, between 2017-2021. The data
covers: (i) supervisors promoted to deputy commander, (ii) supervisors moved to better
station, (iii) supervisors moved to lateral station, (iv) supervisors that do not move in
that promotion years. Others (column 4) here include both lateral move and non-movers
in each promotion round. Total number of observations here include officers in the cen-
tral/metropolitan bureaus, nine regional bureaus, and other administrative/supportive

bureaus.
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Table 3.2: Supervisor’s promotion, formal and informal.

Promoted to Commander (0/1)

(1) (2) (3) 4)
Tenure;; — ¢ 0.008%**  0.013***  0.013***  (.013***
(0.001) (0.002) (0.002) (0.002)
Age[Q2];; -0.011* -0.012* -0.009
(0.006)  (0.006)  (0.006)
Age[Q3]:: L0.0347FF _0.034%%% (0,032
(0.006) (0.007) (0.006)
Age[Q4] -0.063***  -0.063*%**  -0.060***
(0.010) (0.010) (0.009)
Gender; 0.386***  0.000 0.365***
(0.021) () (0.053)
PastTenure[Q2];: -0.000 0.006 0.002
(0.005) (0.006) (0.006)
PastTenure[Q3]: -0.001 0.002 0.001
(0.005)  (0.006)  (0.006)
PastTenure[Q4]; 0.001 0.004 0.007
(0.005) (0.005) (0.005)
Arrest Numberg, 0.000***
(0.000)
ArrestSpeedg; 0.000
(0.000)
Observations 11,724 9,873 8,377 9,873
R-square 0.039 0.054 0.049 0.059
Mean DV. 0.030 0.033 0.034 0.033
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

(continued on the next page)
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Table 3.2: Supervisor’s promotion, formal and informal (continued).

Move to better station (0/1)

() (6) (7) ()

Tenure; — ¢ -0.014%*%*  _0.017%**  -0.013*** _0.014***
(0.002) (0.003) (0.002) (0.003)
Age[Q2]; -0.027 -0.019 -0.023
(0.023)  (0.021)  (0.022)
Age[Q3]: -0.053%*  -0.050**  -0.047**
(0.023)  (0.020)  (0.023)
Age[Q4]: -0.031 -0.051** -0.020
(0.029) (0.022) (0.029)
Gender; -0.193***  0.000 -0.826***
(0.038) () (0.093)
PastTenure[Q2];; -0.006 -0.025 -0.013
(0.024)  (0.019)  (0.023)
PastTenure[Q3];: -0.029 -0.044**  -0.036**
(0.020) (0.017) (0.017)
PastTenure[Q4]: -0.029 -0.030 -0.023
(0.025)  (0.021)  (0.023)
Arrest Numberg; 0.000***
(0.000)
ArrestSpeedg; -0.000
(0.000)
Observations 11,376 9,547 8,088 9,547
R-square 0.012 0.026 0.057 0.101
Mean DV. 0.148 0.152 0.105 0.152
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

Standard errors in parentheses
*p < 0.1, ¥*p < 0.05, ¥** p < 0.01

Note: Unit of observation is supervisor-promotion year, between 2017-2021. Column (1)-
(4) covers full sample, dependent variable is an indicator equal to one if a supervisor is
promoted to commander and zero otherwise. Column (5)-(8) dropped supervisors that
are promoted to deputy commander, dependent variable is an indicator equal to one if
a supervisor is moved to better police station and zero otherwise. Gender is a dummy
equal to one if female, and zero otherwise. Standard errors are clustered at bureau-year
level. Age[Q1];+ is a dummy variable equal to 1 if the supervisor’s age falls within the i-th
quartile of the age distribution, and 0 otherwise. PastTenure[Q1;; is a dummy variable
equal to 1 if the supervisor’s tenure at previous position falls within the i-th quartile of

the past tenure distribution, and 0 otherwise.
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Table 3.3: Probability of promoted to deputy commander by period

2017
M @ ) @
Tenure; — ¢ 0.033**  0.044***  0.042** 0.049***
(0.015)  (0.014) (0.017) (0.016)
AgelQ2]; -0.009 -0.027 -0.003
(0.053)  (0.059)  (0.061)
Age[Q3]t -0.071* -0.085 -0.046
(0.033) (0.050) (0.037)
AgelQ4]i -0.208%**  _0.227FF*  _(.180%**
(0.053) (0.060) (0.042)
Gender; 0.375%** 0.000 0.070
0.034) () (0.041)
PastTenure[Q2]; -0.025 0.048 -0.005
(0.047) (0.050) (0.053)
PastTenure[Q3]: -0.013 0.013 0.019
(0.046) (0.046) (0.057)
PastTenure[Q4]: -0.026 0.014 0.010
(0.054)  (0.060)  (0.062)
Arrest Numberg; 0.000**
(0.000)
ArrestSpeed; 0.003
(0.002)
Observations 838 824 565 824
R-square 0.049 0.116 0.136 0.177
Mean DV. 0.113 0.115 0.104 0.115
Year fe. No No No No
Bureau fe. No No No Yes

(continued on the next page)
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Table 3.3: Probability of promoted to deputy commander by period (con-
tinued I).

2018-2019
(5) (6) (7) (8)
Tenure; — ¢ 0.006***  0.009***  0.010%**  0.010***
(0.001) (0.002) (0.002) (0.002)
Age[Q2]; -0.011* -0.010 -0.009
(0.005)  (0.007)  (0.006)
Age[Q3]: -0.021%%*%  _0.020%**  -0.019***
(0.006) (0.007) (0.006)
Age[Q4] -0.045%F%  _0.045%**  _(.042%**
(0.008) (0.008) (0.008)
Gender; 0.000 0.000 0.000
() () ()
PastTenure[Q2];: -0.003 -0.003 -0.001
(0.005) (0.005) (0.005)
PastTenure[Q3]: -0.007 -0.008 -0.005
(0.005) (0.006) (0.005)
PastTenure[Q4];; -0.002 -0.003 0.002
(0.005)  (0.006)  (0.005)
Arrest Numberg, 0.000***
(0.000)
ArrestSpeed, 0.000
(0.000)
Observations 6479 5418 4615 5418
R-square 0.016 0.025 0.031 0.031
Mean DV. 0.017 0.019 0.022 0.019
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

Standard errors in parentheses
* p < 0.1, ¥*p < 0.05, *** p < 0.01
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Table 3.3: Probability of promoted to deputy commander by period (con-
tinued II).

2020-2021
©) (T0) (1 @)
Tenure; — ¢ 0.009***  (0.012*** 0.013*** 0.013***
(0.001)  (0.001)  (0.002)  (0.002)
Agel[Q2]; -0.009 -0.009 -0.008
(0.011)  (0.013)  (0.011)
Age[Q3] -0.042%**% _0.044%**  -0.041***
(0.011)  (0.011)  (0.011)
Age[Q4]: -0.052**¥*%  _0.053***  -0.052***
(0.015) (0.016) (0.014)
Gender; 0.000 0.000 0.000
() () ()
PastTenure[Q2]; 0.001 0.005 0.006
(0.009)  (0.011)  (0.009)
PastTenure[Q3];: 0.008 0.010 0.011
(0.007) (0.007) (0.007)
PastTenure[Q4]: 0.008 0.008 0.013*
(0.007) (0.008) (0.007)
Arrest Numberg; 0.000***
(0.000)
ArrestSpeed; -0.000
(0.000)
Observations 4407 3631 3197 3631
R-square 0.020 0.032 0.036 0.039
Mean DV. 0.033 0.035 0.040 0.035
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

Standard errors in parentheses

*p < 0.1, ¥*p < 0.05, ¥** p < 0.01
Note: The dependent variable is a binary indicator equal to 1 if a supervisor is promoted
to deputy commander, and 0 otherwise. Unit of observation is supervisor-promotion year.
Columns (1)—(4) present results for the 2017 (pre-reform) sample; Columns (5)—(8) cover
the early post-reform period (2018-2019); and Columns (9)—(12) correspond to the period
of suspected increased corruption (2020-2021). Gender is coded as a binary variable equal
to 1 if the supervisor is female and 0 otherwise. Standard errors are clustered at the

bureau-year level.
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Table 3.4: Probability of moved to better station by period

2017
M @ ORENG)
Tenure; — ¢ -0.013  -0.011 -0.007 -0.014
(0.008) (0.010) (0.012)  (0.011)
AgelQ2]: 0.060 0.043 0.059
(0.083)  (0.107)  (0.091)
Age[Q3]: 0.000 0.005 0.006
(0.049) (0.064)  (0.062)
Age[Q4] 0.038 0.010 0.029
(0.063) (0.075)  (0.062)
Gender; -0.219%%*  0.000 -0.095*
0.064) () (0.050)
PastTenure[Q2];: -0.108 -0.157  -0.107
(0.084) (0.121)  (0.089)
PastTenure[Q3]: -0.103 -0.174*  -0.094
(0.071) (0.091)  (0.074)
PastTenure[Q4];; -0.091 -0.114  -0.085
0.077)  (0.107)  (0.078)
Arrest Numberg, 0.000**
(0.000)
ArrestSpeedg; -0.003
(0.002)
Observations 838 824 565 824
R-square 0.007 0.030 0.098 0.143
Mean DV. 0.122 0.118 0.154 0.118
Year fe. No No No No
Bureau fe. No No No Yes

(continued on the next page)
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Table 3.4: Probability of moved to better station by period (continued I).

2018-2019
(5) (6) (7) (8)
Tenure;; — ¢ -0.015%*%*  _0.018*%**  _0.018*** -0.017***
(0.002) (0.005) (0.004) (0.006)
Age[Q2];; -0.030 -0.012 -0.020
(0.030)  (0.029)  (0.029)
Age[Q3] -0.037 -0.033 -0.034
(0.035) (0.031) (0.035)
Age[Q4] -0.052 -0.030 -0.035
(0.042) (0.034) (0.043)
Gender; 0.000 0.000 0.000
() () ()
PastTenure[Q2];: -0.046 -0.047* -0.047
(0.030) (0.026) (0.028)
PastTenure[Q3]: -0.046 -0.059*%*  -0.048*
(0.020)  (0.024)  (0.026)
PastTenure[Q4];: -0.052 -0.056* -0.043
(0.038) (0.031) (0.035)
Arrest Numberg, 0.000***
(0.000)
ArrestSpeedg; -0.001
(0.001)
Observations 6479 5418 4615 5418
R-square 0.011 0.029 0.049 0.117
Mean DV. 0.158 0.163 0.127 0.163
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

(continued on the next page)
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Table 3.4: Probability of moved to better station by period (continued IT).

2020-2021
(9) (10) (11) (12)
Tenure; — ¢ -0.015%**  _0.018%**  -0.009***  _-0.013***
(0.002) (0.004) (0.002) (0.004)
Age[Q2];; -0.055 -0.043* -0.060*
(0.034)  (0.025)  (0.034)
Age[Q3]: 0.078%%  -0.061%%%  -0.071%*
(0.029) (0.021) (0.029)
Age[Q4] -0.010 -0.061%*  -0.013
(0.036) (0.027) (0.037)
Gender; 0.000 0.000 0.000
() () 0
PastTenure[Q2]; 0.083** 0.029 0.069**
(0.033) (0.018) (0.033)
PastTenure[Q3]: 0.014 -0.000 0.001
(0.024) (0.016) (0.020)
PastTenure[Q4]: 0.025 0.021 0.032
(0.027)  (0.024)  (0.028)
Arrest Numberg; 0.000
(0.000)
ArrestSpeedg; -0.000
(0.000)
Observations 4407 3631 3197 3631
R-square 0.015 0.040 0.040 0.137
Mean DV. 0.127 0.129 0.055 0.129
Year fe. Yes Yes Yes Yes
Bureau fe. No No No Yes

Standard errors in parentheses

* p < 0.1, ¥*p < 0.05, *** p < 0.01
Note: The dependent variable is a binary indicator equal to 1 if a supervisor is trans-
ferred to a more desirable police station, and O otherwise. The unit of observation is
a supervisor-promotion year. The sample includes only supervisors who were either ro-
tated or remained in place, excluding those who were promoted to Deputy Commander.
Columns (1)—(4) present results for the 2017 (pre-reform) sample; Columns (5)—(8) cover
the early post-reform period (2018-2019); and Columns (9)—(12) correspond to the pe-
riod of suspected increased corruption (2020-2021). Gender is coded as a binary variable
equal to 1 if the supervisor is female and 0 otherwise. Standard errors are clustered at

the bureau-year level.
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Appendix

A. Background
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Figure 3.10: Tenure at supervisor position of promoted vs.

supervisor by year

not promoted
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Note: This figure shows the distribution of supervisor’s tenure between those

that are promoted to deputy commander and those that are not promoted,

separated by promotion year.
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