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Abstract

The increasing number of secondary buyouts has raised concerns about the operational value
creation potential in such buyouts. Some argue that so-called complementary skills between
the two private equity firms involved in a secondary buyout can lead to greater operational
value creation, however if this really is the case has not yet been studied. We study the effect
of complementary skills on operational value creation in 78 Swedish companies targeted in
secondary buyouts between 2003 and 2023. We focus on two dimensions of complementary
skills, geographical reach and fund size, and measure operational value creation by EBITDA
CAGR during the secondary buyout holding period. We run two linear multivariate OLS
regressions, one for each dimension of complementary skills, and find that EBITDA CAGR is
significantly higher for both dimensions of complementary skills. Hence, our regression results
support that operational value creation in secondary buyouts is greater in the presence of

complementary skills between the buying and the selling PE firm.
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1. Introduction

1.1 Background Description

According to Kaplan and Strémberg (2009), private equity as we know it today emerged when
leveraged buyouts (LBOs) gained importance in the 1980s. Since then, the private equity
industry has grown substantially, where private equity firms (PE firms), such as Carlyle and
KKR are dominant players. Kaplan and Strémberg (2009) describe the structure of PE firms,
which are organized as general partnerships that raise equity capital via private equity funds
(PE funds). Raised capital is then invested, either by acquiring private companies or taking
public companies private. Funds are organized as limited partnerships with a finite life,
typically 10 years. PE firms act as general partners (GPs) and manage the funds, while limited
partners (LPs) provide most of the capital but have little say in how the GPs invest the
committed capital. LPs are in general institutional investors or wealthy individuals. After
raising a fund, PE firms have up to five years to invest the committed capital and an additional
five to eight years to return the capital to LPs. Further, Kaplan and Stromberg (2009) mention
the two most common forms of GP compensation. First, the LPs pay an annual management
fee to the PE firm, typically a percentage of the committed capital, and as investments are made,
a percentage of invested capital. Second, the PE firm earns carried interest, usually 20% of the
fund’s profit. Profits at the fund level are the result of capital gains, when the fund sells its

investment in companies.

Investments by PE firms are mainly conducted through LBOs. Kaplan and Stromberg (2009)
define an LBO as a transaction in which a PE firm acquires a majority stake in a mature
company. The acquisition is in general financed with 60% to 90% debt, explaining the term
leveraged buyout. The remaining 10% to 40% consists of equity, which is invested through the
PE firm’s fund. According to Barber and Goold (2007), PE firms target companies with the
ability to handle a high level of debt, which implies companies with strong cash flows and
limited need for capital expenditures. They also mention that PE firms prefer to invest in
companies with growth prospects and room for performance improvements. This is supported
by Kaiser and Westarp (2010), who mention that the presence of underperforming companies
is a necessary condition for a functioning private equity industry. Achleitner and Figge (2014)

refer to the concept of PE firms improving the performance of underperforming companies as



operational value creation. They describe three main drivers of LBO value creation: operational
value creation, leverage, and multiple expansion. As shown by Perembetov et al. (2014) value
creation is achieved by 51% operational value creation, 31% leverage, and 18% multiple
expansion, highlighting the dominant role of operational value creation. Achleitner and Figge
(2014) define operational value creation more specifically as all factors that increase the cash
flows of companies, for example sales growth and margin growth. They use EBITDA growth
as a measure of operational value creation, which is supported by Kaplan and Strémberg (2009)

who mention that EBITDA is a commonly used proxy for cash flow.

According to Degeorge et al. (2016), PE firms typically own their portfolio companies for three
to five years. As mentioned by Kaiser and Westarp (2010) PE firms then seek to exit their
improved portfolio companies to capture the increase in value, hence generating returns for
LPs. As shown by Stromberg (2007), the most common exit strategies are sales to industrial
buyers, IPOs, and secondary buyouts (SBOs). An SBO is an LBO transaction in which both
buyer (the SBO buyer) and seller (the SBO seller) are PE firms. Stromberg (2007) shows that
the number of SBO has increased notably over time, accounting for 24% of all PE exits between
1970 and 2007. Further, Eschenrdder (2020) states that SBOs represented approximately 50%
of European buyout deals in 2018, in terms of total deal value. In summary, SBOs have clearly

become a major exit strategy for PE firms.

1.2 Problem Description and Problem Analysis

According to Achleitner and Figge (2014) the rising prevalence of SBOs has raised concerns
among researchers and practitioners about the potential for operational value creation in SBO
target companies. The reason for these concerns is mainly the “low-hanging fruit effect”. This
concept suggests that the SBO seller might already have reaped all the low hanging fruits, i.e
realized the operational value creation measures with the largest impact. This leaves the SBO
buyer with less potential for operational value creation, making some refer to SBOs as lemons
of the PE market based on Akerlof (1970). This view is expressed by a PE practitioner in an
article by Espinoza (2018).

“Every time a company is sold between private equity firms there is a risk that you are taking
of some of the potential upside [...]. The risk is really that there is not that much juice in the

lemon to squeeze. ”



The skepticism towards the potential for operational value creation in SBOs have resulted in
many researchers studying this topic, including Wang (2012), Jenkinson and Sousa (2013), and
Achleitner and Figge (2014). Degeorge et al. (2016) study the effect of so-called
complementary skills between the SBO buyer and the SBO seller on returns at the deal level.
Their results show that SBOs generate significantly higher returns, when the SBO buyer and
the SBO seller have a complementary skillset, compared to when they have a similar skillset.
Degeorge et al. (2016) does not study operational value creation, however they argue that
complementary skills should correspond to greater operational value creation. Wang (2012)
and Achleitner and Figge (2014) agree with this view. Achleitner and Figge (2014) mention
two key dimensions, geographical reach and size, where the skillset of the SBO buyer and the
SBO seller may differ, potentially giving rise to complementary skills. This implies that a
difference in geographical reach and/or size between the SBO buyer and the SBO seller can
lead to greater operational value creation. Although Wang (2012), Achleitner and Figge (2014),
and Degeorge et al. (2016) all argue that complementary skills can have a positive effect on
operational value creation, this has not yet been studied to the best of our knowledge. Hence,
there is a gap in the existing literature regarding the effect of complementary skills on

operational value creation.

1.3 Purpose

We aim to bridge the research gap about the effect of complementary skills on SBO operational
value creation. Our study builds on the results of Degeorge et al. (2016), who point out that
higher returns caused by complementary skills between the SBO buyer and the SBO seller
should be accompanied by greater operational value creation. We investigate if this applies.
The suggestions by Wang (2012) and Achleitner and Figge (2014), that complementary skills
can lead to greater operational value creation underscore the importance of our study. Based
on Achleitner and Figge (2014) we focus on complementary skills in the geographical reach
and PE firm size dimensions to investigate if complementary skills in these dimensions lead to

greater operational value creation in SBO target companies.

1.4 Outline of the remainder of the study

The remainder of the study is structured as follows: Section 2 presents relevant literature and

develops hypotheses. Section 3 explains our data collection process and our method for



measuring complementary skills and operational value creation. It also presents the regression
models we use to test our hypotheses. Section 4 presents our regression results and tests our
hypotheses. Section 5 discusses our results and the limitations of our study, as well as providing

suggestions for further research. Section 6 concludes the study

2. Literature Review

2.1 Previous Research on SBO Operational Value Creation

To begin with, Wang (2012) study SBO operational value creation for 94 UK companies,
targeted in SBOs between 1997 and 2008. Jenkinson and Sousa (2013) also study this topic for
194 European companies, targeted in SBOs between 2000 and 2007. Both Wang (2012) and
Jenkinson and Sousa (2013) find significant median increases in EBITDA for the companies
in their datasets during the three-year period after the SBO. Further, Achleitner and Figge
(2014) study SBO operational value creation for 157 European and North American companies,
targeted in SBOs between 1990 and 2010. These companies show a 12% median EBITDA
CAGR (compound annual growth rate), between SBO entry and SBO exit. In summary, the
research presented in this section points to significant increases in target company EBITDA
after the SBO, which implies that SBO buyers can achieve operational value creation. As
argued by Wang (2012), Achleitner and Figge (2014), and Degeorge et al. (2016), the presence
of complementary skills between SBO buyer and SBO seller could provide the SBO buyer with
additional potential for operational value creation. The concept of complementary skills in

SBOs is discussed in detail in the following section.

2.2 Complementary Skills between SBO Sellers and SBO Buyers

Degeorge et al. (2016) take the geographical reach dimension of PE firm skillset, as mentioned
by Achleitner and Figge (2014), into consideration when measuring complementary skills
between SBO buyers and SBO sellers. They classify PE firms as either global or regional based
on the number of countries a PE firm had invested in at the time of the SBO. PE firms investing
in three or more countries are classified as global, while PE firms investing in one or two
countries are classified as regional. Degeorge et al. (2016) consider the SBO buyer and the
SBO seller to have complementary skills in the geographical reach dimension, when the SBO
buyer is classified as global, and the SBO seller is classified as regional. The reason behind

this is that a regional PE firm is assumed to be able to improve and grow their portfolio



companies in their home market but lack the skills necessary for international expansion of
their portfolio companies. On the other hand, global PE firms are assumed to have the skills
necessary for international expansion of their portfolio companies. Degeorge et al. (2016) argue
that the potential for operational value creation can be assumed to be greater in SBOs with
complementary skills in the geographical reach dimension, compared to SBOs where this is

not the case.

Achleitner and Figge (2014) mention PE firm size as a dimension of PE firm skillset, where
complementary skills between the SBO buyer and the SBO seller can arise. Knauer (2014)
suggests that the size of a PE firm could be proxied by the size of a PE firm’s funds. Further,
Demiroglu and James (2010) state that some researchers have used the size of a PE firm’s funds
as a proxy for PE firm skill level. They argue that success in fundraising is related to investor’s
perceptions about the skill level of a PE firm, which in turn should be related to the actual skill
level of a PE firm. This implies that PE firms with larger funds have a higher skill level,
compared to PE firms with smaller funds. The use of fund size as a proxy for PE firm skill
level is supported by Kaplan and Schoar (2005), who find that fund returns increase with fund
size. Given that fund size is a reliable proxy for PE firm skill level, the ability of a PE firm to
achieve operational value creation in portfolio companies can be assumed to increase with fund
size. Hence, complementary skills in an SBO can be assumed to be present, when the fund size
of the SBO buyer is significantly larger than the fund size of the SBO seller. The difference in
fund size implies that the SBO buyer has a significantly higher level of skill than the SBO
seller. This means that the SBO buyer might be able to achieve operational value creation in a
way the SBO seller could not, hence the SBO buyer complements the SBO seller. Bonini
(2015) supports this, by arguing that PE firms with larger funds provide portfolio companies
with more extensive growth and financing opportunities, compared to PE firms with smaller

funds.

The following section exemplifies how complementary skills between SBO buyer and SBO

seller can lead to greater operational value creation, based on Stromberg’s (2013) case study
of the Com Hem SBO.



2.3 The Com Hem SBO: Complementary Skills in Practice

According to Stromberg (2013), EQT acquired Swedish telecom company Com Hem for 2.15
billion SEK from Telia Sonera in June 2003. At the time EQT was a regional PE firm with a
Scandinavian focus. EQT invested through their fund EQT IIl, with a size of 1 840 million
USD. After the acquisition EQT improved the operations of Com Hem by implementing an
efficiency program and broadening the service and product offering. EQT strengthened the
board and aligned the incentives of management with the incentives of the shareholders. After
2.5 years of EQT ownership Com Hem was the leading player on the Swedish telecom market,
and EBITDA had increased from 53 million SEK to 700 million SEK. Stromberg (2013)
mentions that EQT wanted to exit Com Hem at that point, since the company represented a
large part of EQT’s portfolio raising diversification concerns. EQT exited Com Hem in
December 2005 by an SBO, where the global PE firms Providence Equity Partners and Carlyle
jointly acquired Com Hem for 10.5 billion SEK. Providence invested through their fund
Providence Equity Partners V, with a size of 4 250 million USD. Carlyle invested through their
fund Carlyle European Capital Partners 11, with a size of 2 252 million USD. Providence and
Carlyle focused on external growth and acquired UPC for 3.3 billion SEK and merged it with
Com Hem. Further, 0.6 billion SEK was invested to improve Com Hem’s network and broaden
the service offering. By 2010 the EBITDA of Com Hem had grown to 1.7 billion SEK.
According to Stromberg (2013), Providence and Carlyle exited Com Hem in a so-called tertiary

buyout, where PE firm BC Partners acquired Com Hem for 16.8 billion SEK.

In summary, we argue that the Com Hem SBO is a clear example of an SBO with
complementary skills between SBO buyer and SBO seller. Global PE firms Providence and
Carlyle acquired Com Hem from regional PE firm EQT, implying complementary skills in the
geographical reach dimension. As discussed in section 2.2 we consider fund size a proxy for
PE firm skill level. The fund sizes of Providence (4 250 million USD) and Carlyle (2 252
million USD) are larger than the fund size of EQT (1 840 million USD). This means that
Providence and Carlyle can be assumed to have a higher level of skill than EQT, implying
complementary skills in the fund size dimension. During their ownership of Com Hem Carlyle
and Providence managed to increase EBITDA from 700 million SEK to 1.7 billion SEK, which
we consider significant operational value creation. To achieve this Carlyle and Providence
invested 3.9 billion SEK, by acquiring UPC and improving Com Hem’s network. Since EQT
acquired Com Hem for 2.15 billion SEK, we argue that it is unlikely that EQT (or any other



smaller regional PE firm) would have been able to finance these investments. This is in line
with Bonini (2015), who argues that PE firms with larger funds provide portfolio companies
with more extensive financing and growth opportunities. In conclusion, the Com Hem SBO
clearly illustrates how complementary skills between the SBO buyer and the SBO seller can

lead to greater operational value creation in SBO target companies.

2.4 Hypothesis Development

Based on the results of Wang (2012), Jenkinson and Sousa (2013), and Achleitner and Figge
(2014) pointing to increased EBITDA in SBO target companies, we argue that SBO buyers can
achieve operational value creation. Further, based on the results of Degeorge et al. (2016) on
the effect of complementary skills on returns, we argue that complementary skills between the
SBO buyer and the SBO seller should lead to greater operational value creation. This argument
is further supported by the suggestions of Wang (2012) and Achleitner and Figge (2014), as
well as the Com Hem SBO case study by Stromberg (2013). Lastly, based on Demiroglu and
James (2010), Achleitner and Figge (2014), Knauer (2014), and Degeorge et al. (2016), we
focus on complementary skills in the geographical reach and fund size dimensions. Hence, we

formulate two hypotheses:

1. Operational value creation in SBOs is greater when the SBO buyer has a significantly

larger geographical reach than the SBO seller

2. Operational value creation in SBOs is greater when the SBO buyer has a significantly

larger fund size than the SBO seller.

3. Data and Method

3.1 Definitions

For the purposes of our sample selection and data collection we establish definitions on certain
concepts. We define an SBO as an LBO transaction, where one PE firm or a group of PE firms
acquire a majority stake (at least 50% of the shares) in a company from another PE firm or
group of PE firms. Our definition of an SBO is consistent with Degeorge et al. (2016). In
contrast to Degeorge et al. (2016), we choose to only define the first transaction where a

majority stake in a certain company is sold from one PE firm or a group of PE firms to another



PE firm or group of PE firms as an SBO. This implies that we do not define tertiary buyouts
(and even later buyouts) as SBOs, which is in line with Knauer (2014). In accordance with
Degeorge et al. (2016) we define a PE firm as an organization that raises capital in PE funds,
to make buyout investments in mature companies. Lastly, we define the time of SBO entry and
SBO exit. We define SBO entry as the date on which the SBO buyer acquires a majority stake
in a company. We define SBO exit as the date on which the SBO buyer no longer has a majority

stake in the SBO target company.

3.2 Sample Selection Process

Since we study operational value creation in SBO target companies we need to gather
accounting data for such companies, which by definition are private companies. We choose to
focus our study on Swedish companies targeted in SBOs, since financial statements for
Swedish private companies are easily accessible. In addition, the private equity market in
Sweden is large and active. This is supported by the Swedish Private Equity & Venture Capital
Association (2020) who state that Sweden was the fourth largest PE market in Europe in 2019,
in terms of private equity investments as share of GDP. In summary, easily accessible financial
statements and the strong Swedish PE market makes Swedish SBOs an ideal sample for
achieving the purpose of our study. We use Capital 1Q and Refinitiv Eikon to screen for SBOs
involving Swedish companies. Capital 1Q returns 102 transactions and Refinitiv Eikon returns
169 transactions. In line with Bonini (2015) we exclude SBOs involving companies in the
financial industry, namely banks and insurance companies, to ensure accounting data
comparability across the companies in our dataset. Then we distinguish all the unique SBOs
from the two datasets and manually verify whether the screened transaction meets our
definition of SBOs. To verify this we study annual reports, PE firm websites, and press releases.
We exclude some screened transactions, since they do not meet our definition of SBOs for a
variety of reasons. To begin with, a majority stake has not been acquired in many of the
transactions. Secondly, in many of the transactions the buyer and/or the seller does not meet
our definition of a PE firm. Examples of such buyers and sellers are venture capital firms and
investment companies. Further, Capital 1Q and Refinitiv Eikon classify tertiary buyouts (and
even later buyouts) as SBOs. Lastly, some transactions have wrongfully been classified as
SBOs by Capital 1Q and Refinitiv Eikon, when they are primary buyouts or management
buyouts (MBOs). Similarly, we use Capital 1Q to screen for MBOs and find that some SBOs

are wrongfully classified as MBOs. We include wrongfully classified MBOs in our dataset.



3.3 Summary Statistics on Swedish SBOs

Our sample selection process gives us a hand-collected dataset containing 89 SBO SBOs, each
involving a unique Swedish company. The earliest SBO in our dataset closed on the 31%t of
May 2003 and the latest on the 14t of December 2023. Table 1 shows the distribution of the

SBOs in our dataset across different time periods.

Table 1.

Swedish SBOs by Time Period

Year 2003-2005  2006-2010  2011-2015  2016-2020  2020-2023  Total SBOs
Number of SBOs 6 22 25 21 15 89

Distribution of 89 SBOs between 2003-2023.

Further, table 2 shows the split between exited and not yet exited SBOs in our dataset. It also
presents the mean, median, maximum, and minimum holding periods for exited and not exited
SBOs. For exited transactions we measure the holding period as the number of years between
entry and exit date. For not yet exited transactions we measure the holding period as the number

of years between the entry date and today’s date (21t of May 2024).

Table 2.
Swedish SBOs Split and Holding Periods in Years

Exited Not Exited Total SBOs
(n=59) (n=30) (n=89)
Mean Holding Period 5.8 4.7 5.4
Median Holding Period 5.1 34 4.9
Maximum Holding Period 14.3 16.9 16.9
Minimum Holding Period 0.6 0.4 0.4

Holding period for Swedish SBOs, comparing those that have been exited to those not exited. It shows mean, median, maximum and
minimum holding periods in years for each category across the total of 89 SBOs.

The 89 Swedish companies in our dataset operate across the following primary sectors as
classified by Capital 1Q: Communication Services (4 companies), Consumer Discretionary
(16), Consumer Staples (3), Health Care (11), Industrials (41), Informational Technology (12),
and Materials (2). Due to the low number of companies in Communication Services, Consumer
Staples, and Materials, we reassign all companies in our dataset into four broader primary
sectors: Consumer Goods, Health Care, Industrials, and TMT (Technology, Media, and
Telecom). For the Consumer Goods sector, we combine companies from Consumer
Discretionary and Consumer Staples. Health Care remains unchanged. For the Industrials
primary sector we incorporate the two companies from the Materials sector (JD Stenqvist AB,
a packaging manufacturer, and S:T Eriks AB, a concrete manufacturer. Table 3 shows the

distribution of the companies in our dataset across the four broader primary sectors.



Table 3.
SBO Target Companies by Primary Sector

Primary Sector Companies
Consumer Goods 19
Health Care 11
Industrials 43
T™MT 16
Total Companies 89

The number of SBO target companies by primary sector.

A comprehensive list of the 89 SBOs in our dataset, including target company names, SBO
buyer and SBO seller, and closing dates is presented in Appendix A.

3.4 PE Firm Data
3.4.1 Identification of SBO Buyer and SBO Seller

We need to measure the geographical reach and fund size of SBO buyers and SBO sellers to
test our hypotheses. To achieve this, we manually identify the SBO buyer and the SBO seller
for each SBO in our dataset. We do this by using information from Capital 1Q, Refinitiv Eikon,
PE firms’ websites, and annual reports. In a few of the SBOs in our dataset two PE firms have
jointly acquired a majority stake in a company from another PE firm. If one out of the two PE
firms acquire a larger stake, we consider that PE firm the sole SBO buyer. For example, in
2007 IK Partners and Intermediate Capital Group jointly acquired 83.2% of the shares in
Attendo AB from Bridgepoint (59.8%) and minority shareholders (23.4%). IK Partners
acquired 72.6% of the shares and hence we consider IK Partners the SBO buyer. If two PE
firms jointly acquire a majority stake that is evenly split between the two PE firms, we consider
both PE firms as SBO buyers. For example, in 2010 Triton and KKR each acquired 50% of the
shares in Ambea Group AB from 3i Group. In this case we consider both Triton and KKR as
SBO buyers. Further, there are a few transactions where two firms PE firms jointly sell an
evenly split majority stake to another PE firm. In these SBOs we consider both selling PE firms
as SBO sellers. For example, in 2007 3i Group and Litorina Capital Advisors each sold a 34%
stake in Q-Matic AB to Altor Equity Partners. In this case we consider both 3i Group and
Litorina Capital Advisors as SBO sellers. In summary, our dataset includes 67 unique PE firms
involved in at least one SBO as either buyer or seller. Table 4 shows the number of SBOs per

PE firm, for the PE firms involved in at least two SBOs.
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Table 4.
Number of SBOs per PE Firm

PE Firm Number of SBOs SBOs as Buyer SBOs as Seller
EQT 14 5 9
Triton 10 6 4
Accent Equity Partners 9 5 4
Litorina Capital Advisors 9 4 5
3i Group 8 2 6
IK Partners 8 4 4
Segulah Advisor 8 2 6
Bridgepoint 7 3 4
Altor Equity Partners 5 3 2
FSN Capital Partners 5 3 2
Nordic Capital 5 3 2
Priveq Investment 5 3 2
Valedo Partners 5 0 5
Polaris Management 4 1 3
Procuritas Capital Investors 4 1 3
Adelis Equity Partners 3 1 2
Bain Capital Private Equity 3 3 0
Cinven 3 3 0
Investcorp 3 2 1
Norvestor Equity 3 1 2
Perusa 3 1 2
Stirling Square Capital Partners 3 3 0
AAC Capital Partners 2 1 1
Alder 2 1 1
Axcel 2 1 1
Candover 2 2 0
CapMan 2 1 1
Carlyle 2 1 1
Herkules Capital 2 1 1
Monterro 2 0 2
Summa Equity 2 1 1
Vitruvian Partners 2 2 0

Other* 35

Total number of SBOs for each PE Firm and number of SBOs as buyer and seller.

*Includes PE firms that have only been involved in an SBO once. These are: ABRY Partners, Accel-KKR, AEA Investors, Ancala
Partners, Arcus Infrastructure Partners, Argan Capital Advisors, Aurelius, BC Partners, CapVest Equity Partners, Castik Capital
Partners, Credelity Capital, Fagerberg & Dellby, Fidelio Capital, Five Arrows Managers, GMT Communications Partners, HgCapital,
Intermediate Capital Group, KKR & Co, KLAR Partners, Main Capital, Partners, Marguerite Adviser, Marlin Equity Partners,
Palamon Capital Partners, PEQ Invest, Permira Advisers, Pollen Street Capital, Providence Equity Partners, Rivean Capital,
Searchlight Capital Partners, Silverfleet Capital Partners, Smedvig Capital, Symphony Technology Group, Thoma Bravo, Trill Impact
and Verdane.

N
o
[N
3]

3.4.2 Measuring PE Firm Geographical Reach

We need to measure the geographical reach of the PE firms in our dataset to test our first
hypothesis. Hence, we need information about which countries each PE firm chooses to invest
in. We hand-collect this information from Capital 1Q and PE firms’ websites. We choose to
classify the PE firms in our dataset as non-Nordic or Nordic, based on the geographical reach
of their portfolios. The Nordics entail Denmark, Finland, Iceland, Norway, and Sweden. We
define PE firms with a non-Nordic geographical reach as PE firms that invest in Nordic

companies, as well as in companies outside of the Nordics. For example, we classify 3i Group

11



as non-Nordic, since they according to their website invest in European and North American
companies. We define PE firms with a Nordic geographical reach as PE firms that invest solely
in Nordic companies. For example, we classify Litorina Capital Advisors as Nordic, since they
according to their website invest in companies headquartered in the Nordics. Lastly, our
definition of Nordic geographical reach implies that we classify PE firms investing solely in
Swedish companies as Nordic. For example, we classify PEQ Invest as Nordic, even though
they according to their website only invest in Swedish companies. Our dataset contains 67
unique PE firms from 10 different countries of origin. We classify 49 PE firms as non-Nordic
and 18 PE firms as Nordic. Table 5 shows the number of SBOs with non-Nordic and Nordic
PE firms as buyers and sellers. It also shows the number of SBO with non-Swedish and
Swedish PE firms as buyers and sellers.

Table 5.
SBOs by PE Firm Reach and Origin

PE Firm Geographical Reach PE Firm Origin
Non-Nordic Nordic Non-Swedish Swedish
As Buyer 67 22 49 40
As Seller 48 41 35 54

Number of SBOs by PE Firm as buyer and seller by reach and origin.

To test our first hypothesis we must define under which conditions we consider the SBO buyer
to have a significantly larger geographical reach than the SBO seller. We choose to define this
scenario as SBOs where the SBO buyer has a non-Nordic geographical reach, and the SBO
seller has a Nordic geographical reach. An example of such a transaction is the 2007 SBO
where 3i Group acquired a majority stake in Lekolar AB from Nordic PE firm Procuritas
Capital Investors. For the SBO where two PE firms jointly are considered SBO buyers or SBO
sellers, we define the SBO buyer/SBO seller as non-Nordic if at least one of the two PE firms
is classified as non-Nordic. An example of this is the 2007 SBO, where Altor Equity Partners
acquired Q-Matic AB from 3i Group and Litorina Capital Advisors. 3i Group are classified as
non-Nordic and Litorina Capital Advisors are classified as Nordic. Since 3i Group are
classified as non-Nordic, the SBO seller is considered non-Nordic. Table 6 shows the number
of SBOs where the SBO buyer has a significantly larger geographical reach than the SBO
seller.

Table 6.
SBOs with and without Complementary Skills in Reach Dimension

12



Complementary Skills 25
(Non-Nordic PE Firm buys from Nordic PE Firm)
Non-Complementary Skills 64

(All other Scenarios)
Number of SBOs with and without complementary skills in the Geographical Reach Dimension

3.4.3 Measuring PE Firm Fund Size

We need data on the fund sizes of the SBO buyer and the SBO seller for each SBO in our
dataset, to test our second hypothesis. To achieve this we first identify the names of the buying
and selling PE funds in each SBO. Then we collect data on the size and vintage year of the PE
funds in question. We hand-collect the relevant data from Capital 1Q, Refinitiv Eikon,
Pitchbook, PE firm websites, press releases, and annual reports for the companies in our
dataset. Figure 1 shows the median fund size by year for European and North American PE
buyouts funds raised between 1995 and 2023. We use European and North American data since

all the PE firms in our dataset either are European or North American.

Figure 1.

Median PE Buyout Fundraising in Europe and North America (MUSD)
1995-2023
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Data has been retrieved from Refinitiv Eikon

Figure 1 shows that the median size of PE buyouts funds varies slightly from year to year and
has more than quadrupled between 1995 and 2023. We consider it necessary to time-adjust the

size of the PE funds in our dataset, to allow for a rightful comparison between PE funds raised
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in different years. We time-adjust fund size by use of a median fund size index, with 1995 as
the base year. Table 7 shows the index values by year between 1995 and 2003.

Table 7.
Median Fund Size Index
Year lndex  Year Iodex Year lodex Year lndex  Year  lndex
1995 100 2002 197 2009 271 2016  2.84 2023  4.38
1996 141 2003 196 2010 235 2017  3.14
1997 140 2004 204 2011 247 2018  3.33
1998 141 2005 250 2012 237 2019  3.59
1999 125 2006 247 2013 256 2020  3.57
2000 158 2007 255 2014 296 2021  3.66
2001 176 2008 279 2015  3.02 2022  2.97

Median fund size index value by year.

Further, we calculate time-adjusted fund size for the funds in our dataset by dividing nominal
fund size with the index value of the vintage year of each fund. For example, the nominal fund
size of IK Partners fund, IK 2007, is 2093.96 MUSD, and the vintage year is 2007. Time-
adjusted fund size is calculated by dividing 2093.96 with 2.55, which is the index value for
2007. This results in a time-adjusted fund size of 821.48 MUSD. Table 8 shows the mean and

median of time-adjusted fund size for the buying and selling PE funds in our dataset.

Table 8.
Time-Adjusted Fund Size

SBO Buyer SBO Seller

(n=89) (n=89)

Mean 877.00 663.34
Median 310.32 181.45

Mean and median time-adjusted fund sizes for SBO buyers and SBO sellers.

To test our second hypothesis we must define under what conditions the size of the buying PE
fund should be considered significantly larger than the size of the selling PE fund. We choose
to consider the buying PE fund as significantly larger than the selling PE fund, if the ratio
between buyer time-adjusted fund size and seller time-adjusted fund size is 1.75 or higher. An
example of this is the transaction where IK Partners and IK 2007 Fund acquire Actic Sverige
AB from FSN Capital Partners and FSN Capital Fund II. Time-adjusted fund size is 821.48
MUSD for the IK 2007 Fund and 82.22 MUSD for the FSN Capital Fund Il. This results in a
time-adjusted fund size ratio of approximately 10, which means that the buying IK 2007 Fund
is considered significantly larger than the selling FSN Capital Fund Il. Hence, we consider IK

Partners to have complementary skills in terms of a significantly larger fund size.

For the SBOs where two PE firms jointly acquire or sell a majority stake, that is split evenly

between the two PE firms, the largest out of the two buying/selling PE funds is considered the
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buying/selling fund. An example of this is the SBO where Triton and KKR each acquire a 50%
stake in Ambea Group AB from 3i Group. Triton is investing through the 3 144 MUSD Triton
Fund 111, and KKR is investing through the 9 360 MUSD European Buyout Fund 111, which
means that we consider KKR’s fund the buying fund. Table 9 shows the number of SBOs with

and without complementary skills in terms significantly of larger fund size.

Table 9.

SBOs with and without Complementary Skills in Fund Size Dimension

Complementary Skills 43
(Time-Adjusted Fund Size Ratio > 1.75)

Non-Complementary Skills 46

(Time-Adjusted Fund Size Ratio < 1.75)
Number of SBOs with and without Complementary Skills in Fund Size Dimension.

3.4.4 Summary Statistics on Complementary Skills

Table 10 shows the distribution of SBO across the different dimensions of complementary

skills.

Table 10.
SBOs with and without Complementary Skills

Number of SBOs
Reach 25
(Non-Nordic PE Firm buys from Nordic PE Firm)
Size 43
(Time-Adjusted Fund Size Ratio >= 1.75)
Two-Dimensional Complementary Skills SBOs 17
(Complementary Skills in both Reach and Size Dimensions)
Non-Complementary Skills SBOs 21

Number of SBOs with and without Complementary Skills and in both dimensions.

3.5 Measuring Operational Value Creation in SBO Target Companies
To test our two hypotheses we need to measure operational value creation for the companies in
our dataset during the SBO holding period. Hence, we need accounting data from SBO entry
and SBO exit. We use Retriever Business to gather annual reports, and then hand-collect
accounting data from the annual reports. We primarily use consolidated accounting data, since
this according to Wang (2012) is essential for evaluating the performance of companies
targeted in SBOs. In accordance with Eschenrdder (2020), we consider the financial statements
closest in time to SBO entry and SBO exit as entry and exit financial statements. For example,
IK Partners acquired a majority stake in Actic Sverige AB from FSN Capital Partners, with the
transaction closing on 2012-08-31. We consider the 2012-12-31 annual report as entry financial

statement. We consider the 2016-12-31 annual report as exit financial statement. For the 30
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companies in our dataset that have not been exited by the SBO buyer, we consider the 2022-

12-31 annual report as exit financial statements

Further, we use EBITDA CAGR during the SBO holding period as our measure of operational
value creation, which as stated by Achleitner and Figge (2014) corresponds to all factors that
increase the cash flow of a company. We study EBITDA, since it according to Kaplan and
Stromberg (2009) is a commonly used proxy for cash flow. Most of the companies in our
dataset do not report EBITDA directly in their annual reports. If this is the case, we calculate
EBITDA ourselves by adding EBIT and Depreciation & Amortization. We study EBITDA
CAGR since it allows for comparison between SBOs with different holding periods. We
calculate CAGR based on a time period equal to the difference in time between entry and exit
financial statements. We refer to this time period as the accounting holding period. For
example, the accounting holding period is 4 years in the case of Actic Sverige AB, since entry
financial statement is 2012-12-31 and exit financial statement is 2016-12-31. In most cases the
accounting holding period differs from the actual SBO holding period. For example, the actual
SBO holding period is 4.6 years for Actic Sverige AB.

We exclude 11 out of the 89 companies in our dataset from the measuring of EBITDA CAGR
during the accounting holding period. To begin with, we exclude 6 companies targeted in SBOs
closed during 2023, since we lack entry and exit financial statements for these companies. We
exclude the SBO involving Findus AB, since we cannot find an exit consolidated financial
statement that allows for reliable measuring of EBITDA CAGR during the accounting holding
period. We exclude the SBO involving Plastal Group AB. The company was declared bankrupt
in 2009 and the latest available annual report is from 2007-12-31. Using the 2007-12-31 annual
report as exit financial statement would most likely lead to a misleading measure of EBITDA
CAGR. Lastly, we exclude BST Brandskyddsteamet AB, Outpost24 AB, and Scandinavian
Cosmetics Group from the measurement of EBITDA CAGR during the accounting holding
period. These companies all have a negative EBITDA at SBO entry and a positive EBITDA at
SBO exit, with accounting holding periods of 1 or 2 years. This results in EBITDA CAGR
being mathematically undefined, causing us to exclude the companies in question. In
conclusion, we measure EBITDA CAGR during the accounting holding period for 78
companies. This number can be compared with Wang (2012), Jenkinson and Sousa (2013), and

Achleitner and Figge (2014), who study 94, 194, and 157, companies respectively.
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3.6 Summary Statistics on Accounting Data

Table 11 shows summary statistics regarding the accounting holding period for exited, not
exited, and total SBOs.

Table 11.
Accounting Holding Period in Years

Exited Not Exited Total SBOs
Mean 5.9 47 5.5
Median 5.0 4.0 5.0
Maximum 14.5 17.0 17.0
Minimum 1.0 1.0 1.0

Summary statistics for the accounting holding period.

Table 12 shows summary statistics regarding EBITDA CAGR for 78 Swedish SBO target
companies. Our median EBITDA CAGR of 7.5%, is relatively low compared to Achleitner
and Figge (2014), who find a median EBITDA CAGR of 12% for the companies in their
dataset. Our maximum and minimum values are significantly different than the mean,

indicating the presence of outliers in the dataset.

Table 12.
EBITDA CAGR Swedish SBOs

EBITDA CAGR (n =78)

Mean 9,6%
Median 7,5%
Maximum 69,6%
Minimum -42,5%

Summary statistics on EBITDA CAGR.

Table 13 shows summary statistics regarding EBITDA CAGR across the four primary sectors.
Mean and median EBITDA CAGR differs between the primary sectors. This implies that the

potential for an SBO buyer to achieve operational value creation might differ depending on the
primary sector of the SBO target company.
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Table 13.
EBITDA CAGR by Primary Sector

EBITDA CAGR (n=78)
Consumer Goods

Companies 15
Mean 6,3%
Median 6,3%
Maximum 47,1%
Minimum -32,7%
Health Care
Companies 11
Mean 18,7%
Median 14,5%
Maximum 69,6%
Minimum -6,4%
Industrials
Companies 38
Mean 9,1%
Median 5,3%
Maximum 66,5%
Minimum -42,5%
TMT
Companies 14
Mean 7,3%
Median 11,3%
Maximum 33,9%
Minimum -30,3%

Summary Statistics on EBITDA CAGR by Primary Sector.

3.7 Regression Models

3.7.1 Null and Alternative Hypotheses

In this section we specify null and alternative hypotheses, that we use to test the two hypotheses
developed in section 2.4. The null and alternative hypotheses specified in this section build on
our method of measuring complementary skills and operational value creation for the SBOs in
our dataset. To test whether operational value creation in SBOs is greater when the SBO buyer
has a significantly larger geographical reach than the SBO seller, we specify the null and

alternative hypotheses below.

HO1: EBITDA CAGR is not greater in SBO target companies, when the SBO buyer is non-
Nordic and the SBO seller is Nordic

HA:1: EBITDA CAGR is greater in SBO target companies, when the SBO buyer is non-Nordic
and the SBO seller is Nordic
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To test whether operational value creation in SBOs is greater when the SBO buyer has a
significantly larger fund size than the SBO seller, we specify the null and alternative hypotheses

below.

HO.: EBITDA CAGR is not greater in SBO target companies, when the time-adjusted fund
size ratio between the SBO buyer and the SBO seller is 1.75 or higher

HA,: EBITDA CAGR is greater in SBO target companies, when the time-adjusted fund size
ratio between the SBO buyer and the SBO seller is 1.75 or higher

3.7.2 Variable Selection
In accordance with Jenkinson and Sousa (2013) and Achleitner and Figge (2014) we use linear
multivariate OLS regressions to test our hypotheses. We use EBITDA CAGR during the
accounting holding period as our dependent variable. To reduce the effect of outliers we
winsorize EBITDA CAGR at the 1.5% level, which is in line with Achleitner and Figge (2014).
To test our first hypothesis we use the dummy variable reach as independent variable. This
variable takes the value of 1 for SBOs where the SBO buyer is non-Nordic and the SBO seller
is Nordic. To test our second hypothesis we use the dummy variable size as independent
variable. This variable takes the value of 1 for SBOs where the time-adjusted fund size ratio
between the SBO buyer and the SBO seller is 1.75 or higher. Further, we control for the
accounting holding period, measured in years. The reason for this is that the ability of the SBO
buyer to drive EBITDA CAGR, might differ depending on the accounting holding period.
Lastly, we also control for the primary sector of the SBO target companies in our dataset. We
do this by using three dummy variables taking the value of 1 for companies in the TMT,
Industrials, and Health Care primary sectors respectively. Hence, SBO target companies in the
Consumer Goods primary sector are the base group. We control for primary sector to account
for the fact that the ability of the SBO buyer to drive EBITDA CAGR might differ depending
on the primary sector of the SBO target company. This is supported by table 13, which shows
that mean and median EBITDA CAGR differs between the four primary sectors. Further,
controlling for the primary sector of the companies in our dataset is in line with Achleitner and
Figge (2014). Below table 14 provides names and definitions of all the variables included in

our regression models.
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Table 14.
Variable List

Variable Definition
Name
Dependent Variables ebitdacagr EBITDA CAGR during accounting holding period
Dummy = 1 for SBOs with Non-Nordic SBO Buyer and Nordic
reach SBO Seller, 0 otherwise
Dummy = 1 for SBOs where time-adjusted fund size is 1.75 or
Independent Variables size higher, 0 otherwise
hp Accounting Holding Period in years
Control Variables tmt Dummy =1 for TMT SBO target companies, 0 otherwise
ind Dummy = 1 for Industrials SBO target companies, 0 otherwise
hc Dummy =1 for Health Care SBO target companies, 0 otherwise

Names and definitions of the variables in our
regression models.

3.7.3 Multicollinearity Check
According to Jaggia and Kelly (2019), the presence of multicollinearity in regression models
can lead to imprecise estimation of coefficients, as well as insignificance of important
independent variables. Hence, we need to ensure that multicollinearity is not present in our
regression models. According to Jaggia and Kelly (2019) this can be achieved by studying the
correlation coefficients between the independent variables, where multicollinearity is severe if
the correlation coefficients between two independent variables is higher than 0.80 or less than
-0.80. Table 15 shows a correlation matrix for the independent variable we use in our regression
models. Since no correlation coefficient between two independent variables is close to being

higher than 0.80 or lower than -0.80, we can rule out multicollinearity in our regression models.

Table 15.
Correlation Matrix

n=78 reach size hp tmt ind hc
reach 1.000
size 0.192 1.000
hp -0.152 -0.047 1.000
tmt 0.093 0.103 -0.134 1.000
ind -0.013 -0.182 -0.007 -0.456 1.000
he 0.086 0.216 0.068 -0.190 -0.395 1.000

Table shows correlation coefficients
between our independent variables.

3.7.4 Regression Models

In this section we present the two regression models we use to test the hypotheses specified in
section 3.7.1. We use EBITDA CAGR during the accounting holding period as the dependent

20



variable in both of our regression models. To test our first hypothesis, we use reach as the
independent variable, while controlling for the accounting holding period and the primary

sector of the SBO target company. Our first regression model is specified below.

ebitdacagr = By + PBreacn *reach + Buy, * hp + Py * tmt + Bing * ind + B * he + €

Further, we present the regression model we use to test our second hypothesis. We use size as
the independent variable, while controlling for the accounting holding period and the primary

sector of the SBO target company. Our second regression model is specified below.

ebitdacagr = By + Psize * Size + Py * hp + Bune * tmt + Bing * ind + By *hc + €

3.7.5 Heteroskedasticity Test

According to Jaggia and Kelly (2019) the assumption of no heteroskedasticity in regression
models is essential to ensure valid results from statistical testing. No heteroskedasticity means
that the variance of the error term is constant across all observations. The assumption of no
heteroskedasticity is often violated in studies with cross-sectional data. This violation causes
mismeasured standard errors, which invalidates the results from statistical testing. Jaggia and
Kelly (2019) state that robust standard errors are commonly used to ensure reliable statistical
tests in the presence of heteroskedasticity. Since we use cross-sectional data, it is possible that
we cannot assume no heteroskedasticity in our two regression models. To investigate whether
heteroskedasticity is present in our regression models we use the test developed by Breusch
and Pagan (1979), which is a Chi-Square test with a null hypothesis assuming no
heteroskedasticity. For our first regression model the Breusch-Pagan test returns a p-value of
approximately 0.067. For our second regression model the corresponding number is 0.066.
Hence, we can reject the null hypothesis assuming no heteroskedasticity at the 10%
significance level for both of our regressions model. We use robust standard errors in both of

our regression models to mitigate the impact of heteroskedasticity on our results.
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4. Regression Results and Hypotheses Testing

4.1 Reach Variable

In this section we present the results for our first regression model. We use this model to test
whether EBITDA CAGR is greater in SBO target companies, when the SBO buyer is non-

Nordic and the SBO seller is Nordic. Table 16 shows the results for this regression model.

Table 16.
Reach Regression Results
Variables ebitdacagr
reach 0.108**
(0.053)
hp -0.008
(0.006)
tmt -0.026
(0.071)
ind 0.013
(0.053)
he 0.097
(0.071)
Constant 0.098
(0.063)
Observations 78
Adjusted R? 0.065

The numbers in the upper rows show the estimated regression coefficients for each variable. The superscripts *, ** and., *** represent p-
values for the 10%, 5%, and 1% significance levels. The number in the lower rows are robust standard errors shown in parentheses.
As shown in table 16, the reach coefficient is statistically significant at the 5% level. The
coefficient value is 0.108, meaning that EBITDA CAGR during the accounting holding period
is on average 10.8% higher, when the SBO buyer is non-Nordic and the SBO seller is Nordic.
This applies when comparing SBOs with equal accounting holding periods and primary sectors.
Further, we use the regression results for the reach variable to test the null and alternative

hypotheses specified below.

HO:: EBITDA CAGR is not greater in SBO target companies, when the SBO buyer is non-
Nordic and the SBO seller is Nordic

HA:1: EBITDA CAGR is greater in SBO target companies, when the SBO buyer is non-Nordic
and the SBO seller is Nordic
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Since the regression coefficient for reach is significant at the 5% level, we can reject the null
hypothesis at the 5% significance level. Hence, the regression results show that EBITDA
CAGR is greater in SBO target companies, when the SBO buyer is non-Nordic and the SBO
seller is Nordic. This implies that EBITDA CAGR in SBO target companies is greater on
average when the geographical reach of the SBO buyer is significantly larger than the
geographical reach of SBO seller. We argue that a possible explanation for this is that an SBO
buyer with significantly larger geographical reach can drive EBITDA growth in ways the SBO
seller could not do. Our argument is supported by the fact that a global SBO buyer have the
capacity to expand a target company internationally to a greater extent than the regional SBO
seller, as explained by Degeorge et al. (2016). The absence of previous research on the effect
of complementary skills in the geographical reach dimension on operational value creation

makes us unable to compare our regression results with other studies.

4.2 Size Variable

In this section we present the results for our second regression model. We use this model to
test whether EBITDA CAGR is greater in SBO target companies, when the time adjusted fund-
size ratio between the SBO buyer and the SBO seller is 1.75 or higher. Table 17 shows the

results for this regression model.

Table 17.
Size Regression Results
Variables ebitdacagr
size 0.076*
(0.044)
hp -0.009
(0.006)
tmt -0.017
(-0.070)
ind 0.028
(0.055)
hc 0.097
(0.073)
Constant 0.091
(0.068)
Observations 78
Adjusted R? 0.041

The numbers in the upper rows show the estimated regression coefficients for each variable. The superscripts *, ** and., *** represent p-
values for the 10%, 5%, and 1% significance levels. The number in the lower rows are robust standard errors shown in parentheses.
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As shown in table 17, the size coefficient is statistically significant at the 10% level. The
coefficient value is 0.076, meaning that EBITDA CAGR during the accounting holding period
IS on average 7.6% higher, when the time adjusted fund-size ratio between the SBO buyer and
the SBO seller is 1.75 or higher. This applies when comparing SBOs with equal accounting
holding periods and primary sectors. Further, we use the regression results for the size variable

to test the null and alternative hypotheses below.

HO2: EBITDA CAGR is not greater in SBO target companies, when the time-adjusted fund
size ratio between the SBO buyer and the SBO seller is 1.75 or higher

HA: EBITDA CAGR is greater in SBO target companies, when the time-adjusted fund size
ratio between the SBO buyer and the SBO seller is 1.75 or higher

Since the regression coefficient for size is significant at the 10% level, we can reject the null
hypothesis at the 10% significance level. Hence, the regression results show that EBITDA
CAGR is greater in SBO target companies, when the time-adjusted fund size ratio between the
SBO buyer and the SBO seller is 1.75 or higher. Based on Kaplan and Schoar (2005) and
Demiroglu and James (2010) we use PE firm fund size as a proxy for PE firm skill level.
Therefore, the regression results imply that EBITDA CAGR is higher on average when the
skill level of the SBO buyer is significantly higher than the skill level of the SBO seller. We
argue that a possible explanation for this is that an SBO buyer with a significantly higher skill
level should be able to drive EBITDA growth in ways that the SBO seller could not do. Given
that fund size is a proxy for PE firm skill level, Bonini (2015) supports this explanation by
arguing that PE firms with larger funds provide portfolio companies with more extensive
growth and financing opportunities. This is further supported by the Com Hem SBO case study
by Strémberg (2013), where large fund PE firms Carlyle and Providence were able to grow
Com Hem’s EBITDA in ways that EQT arguably would not have been able to do. The absence
of previous research on the effect of complementary skills in the fund size dimension on

operational value creation, makes us unable to compare our regression with other studies.
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5. Discussion

Our results show that both complementary skills in the geographical reach and fund size
dimensions on average lead to higher EBITDA CAGR for SBO target companies. Since we
use EBITDA CAGR as a measure of operational value creation our results imply that
operational value creation is greater in SBOs with complementary skills. Further, the effect of
complementary skills in the reach dimension on EBITDA CAGR is on average 10.8%, while
the effect of complementary skills in the fund size dimension is 7.6% on average. The reach
variable is significant at the 5% level and the size variable is significant at the 10% level. In
summary, the effect of complementary skills in the geographical reach dimension on EBITDA
CAGR is both larger and more significant than the effect of complementary skills in the fund
size dimension. This implies that complementary skills in the geographical reach dimension
have a larger and more significant effect on operational value creation than complementary
skills in the fund size dimension. Our results support the view shared by Wang (2012),
Achleitner and Figge (2014), and Degeorge et al. (2016), that complementary skills between
the SBO buyer and the SBO seller should be accompanied by greater operational value creation
in SBO target companies. Further, our results also support the suggestion by Achleitner and
Figge (2014), that complementary skills in the geographical reach and PE firm size dimensions
correspond to greater operational value creation. Based on Knauer (2014) we proxy PE firm
size, with PE firm fund size which relates our results to Achleitner and Figge’s (2014)

suggestion regarding complementary skills in the PE firm size dimension.

Further, we discuss the limitations of our study. To begin with, the relatively small number of
SBO target companies in our dataset is a limitation. We can reliably measure EBITDA CAGR
for 78 companies. This number can be compared to Wang (2012), Jenkinson and Sousa (2013),
and Achleitner and Figge (2014), who study 94, 194, and 157 companies, respectively. A larger
number of companies in our dataset would most likely provide us with more precise regression
results, based on Jaggia and Kelly (2019). Further, another limitation with our study is the
relatively low adjusted R? of our two regression models. For our first regression model, with
reach as independent variable, adjusted R2 is 0.065. For our second regression model, with size
as independent variable, adjusted R-square is 0.041. Based on Jaggia and Kelly (2019), the low
adjusted RZ implies that our regression models explain a small proportion of the variance in
EBITDA CAGR between the SBO target companies in our dataset. According to Jaggia and

Kelly (2019) one possible reason for a low adjusted R? could be the exclusion of important
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variables from the regression model. This means that including additional control variable in
our regression models might increase adjusted R2. One potentially relevant control variable
that we do not include is the holding period of the SBO seller. This could be a relevant control
variable, since the ability of an SBO buyer to achieve operational value creation in a company
might differ depending on how long the SBO seller held the company in their portfolio. Lastly,
a limitation with our study is that we do not perform any robustness checks to ensure the
validity of our regression results. Our regression results are sensitive to how we choose to
define complementary skills between the SBO buyer and the SBO seller, since this affects the
values of the reach and size dummy variables. Therefore, robustness checks could be performed
by running regressions with alternative measures of complementary skills to check whether
this generates different results. For the geographical reach dimension a robustness check could
be performed by classifying PE firms as global and regional in accordance with Degeorge et
al. (2016) and consider complementary skills to be present when the SBO buyer is global and
the SBO seller is regional. For the fund size dimension a robustness check could be performed
by using different time-adjusted fund size ratios than 1.75, for example 1.5 or 2, as the
definition of complementary skills the SBO buyer and the SBO seller.

While we bridge the research gap regarding the effect of complementary skills on SBO
operational value creation when measured by EBITDA CAGR, further research is needed to
nuance and expand the study. For example, we have limited coverage, solely including Swedish
SBO target companies. Expanding the study by including SBO target companies in other PE
markets would give a larger dataset. Furthermore, we study EBITDA CAGR to see if there is
a difference in operational value creation in the presence of complementary skills between the
SBO buyer and the SBO seller. Now that we know this is the case, the next step is to study
what drives the EBITDA growth. As Achleitner and Figge (2014) mention, sales growth and
margin growth are two key drivers for operational value creation. By adding two regressions
to our analysis, one for sales CAGR and one for EBITDA-margin CAGR, we understand to
what extent the EBITDA growth is driven by sales growth or margin growth. Further research
can also broaden our focus on the geographical reach and fund size dimensions of
complementary skills by integrating other PE firm specific dimensions. For example, Degeorge
et al. (2016) study PE firm focus areas (sales growers or margin growers) and professional
experience among employees (banking or consulting) at the PE firm. As shown in Appendix
B, some transactions in our dataset include SBOs in which a group of PE firms are buyers or

sellers. To expand the research about complementary skills on operational value creation, it is
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interesting to study complementary skills between all involved PE firms. We do not address
this in our study. It is also interesting to study the difference in operational value creation
between such SBO club deals and SBO non-club deals. Lastly, including tertiary and even
quaternary buyouts into the analysis would provide additional insights into the research on how
complementary skills affect operational value creation. A typical example is the tertiary buyout
of Com Hem, where Providence and Carlyle sold to BC Partners for 16.8 billion SEK. This
prompts one to ask: How much juice is left to squeeze from the lemon?

6. Conclusion

Our purpose is to study the effect of complementary skills between SBO buyers and SBO
sellers on operational value creation in SBO target companies, since this has not yet been
studied. To achieve our aim we study operational value creation in 78 Swedish SBO target
companies. We measure complementary skills between SBO buyers and SBO sellers in the
geographical reach and fund size dimensions. Further, we measure operational value creation
by target company EBITDA CAGR during the SBO holding period. We use two linear
multivariate OLS regression models, one for each dimension of complementary skills, to
estimate the effect of complementary skills on EBITDA CAGR. Our regression results show
that complementary skills are associated with greater operational value creation, which holds
for both dimensions of complementary skills. However, the effect of complementary skills in
the geographical reach dimension is larger and more significant than the effect of
complementary skills in the fund size dimension. Overall, the results support our hypotheses,
namely that operational value creation is larger in the presence of complementary skills
between the SBO buyer and the SBO seller.

Further, we contribute to the existing literature on SBOs by bridging the research gap regarding
the effect of complementary skills on operational value creation, which we show is positive
and significant. Our results also have practical implications for PE firms, since they might be
able to achieve greater operational value creation in SBOs by taking the concept of
complementary skills into consideration. We are aware of a few limitations of our study, which
are the relatively small number of SBO target companies in our dataset, low adjusted R2 in our
regression models, and the lack of robustness checks for our results. While we bridge the
research gap regarding the effect of complementary skills on SBO operational value creation,

there are numerous ways to further the understanding of this topic. To begin with, our study

27



could be expanded to incorporate SBO target companies from more countries than Sweden.
Secondly, one could study what drives the greater operational value creation for SBOs with
complementary skills. Is it sales growth or margin growth? Lastly, studying the effect of
complementary skills on operational value creation in a club-deal or tertiary buyout context is

also a possible topic for further research.
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Appendix A

Closed Date

2012-08-31
2014-06-11
2019-09-26
2016-05-19
2007-01-17
2008-10-07
2011-07-31
2010-03-31
2006-06-22
2023-11-27
2011-07-19
2007-01-23
2006-04-26
2023-02-09
2012-07-06
2021-12-01
2013-09-23
2019-12-31
2006-03-31
2006-01-26

2021-07-26
2007-12-21
2011-07-01
2012-11-06
2011-06-30
2018-08-07
2017-08-02
2005-06-03
2023-12-11
2007-08-10
2018-09-18
2014-12-08
2012-09-30

2016-01-29
2010-07-31
2007-08-31
2014-10-15
2022-05-31
2006-03-01

Target Company

ACTIC Sverige AB

AddPro AB

AddSecure
Akademikliniken AB
Alimak Hek Group AB
Almondy AB

Alo Intressenter AB

Ambea Group AB
Assemblin VS AB

Assessio International AB
Atos Medical AB

Attendo AB

Aura Light International AB
Autocirc AB

Bravida ASA

BST Brandskyddsteamet AB
BTI Studios AB

Cambio Healthcare Systems AB
Car-O-Liner Group AB
Com Hem AB

Conapto AB

Coor Service Management AB
Coromatic Group AB
Crem International AB
CTEK AB

Didriksons AB

Docu Group Sweden AB
Dometic Group AB

Eleda Acquisition AB

Eltel AB

Envirotainer AB

EPiServer AB

Espresso House Holding
Aktiebolag

Eton AB

Etraveli AB

Euroflorist Sverige AB
Evidensia Djursjukvard AB
FCG Holding Sverige AB
Findus AB

SBO Buyer

IK Partners

Perusa

Castik Capital Partners
Polaris Management
Triton

Segulah Advisor

Altor Equity Partners
Triton; KKR

Triton

Pollen Street Capital

EQT

IK Partners

FSN Capital Partners
Nordic Capital

Bain Capital Private Equity
Norvestor Equity

Carlyle

Investcorp

FSN Capital Partners
Providence Equity Partner,
Carlyle

Marguerite Adviser
Cinven

EQT

Priveq Investment

Altor Equity Partners
Adelis Equity Partners
Stirling Square Capital Partners
BC Partners

Bain Capital Private Equity
3i Group

Cinven

Accel-KKR

Herkules Capital

EQT

Segulah Advisor
Litorina Capital Advisors
EQT

IK Partners

CapVest Equity Partners

31

SBO Seller

FSN Capital Partners
Polaris Management
ABRY Partners
Valedo Partners

3i Group

Smedvig Capital

3i Group

3i Group

Segulah Advisor
Main Capital Partners
Nordic Capital
Bridgepoint
Bridgepoint

Alder

Triton

IK Partners

Valedo Partners
Valedo Partners

3i Group

EQT

Segulah Advisor
3i Group
Litorina Capital Advisors
Accent Equity Partners
FSN Capital Partners
Herkules Capital
Segulah Advisor

EQT

Altor Equity Partners
IK Partners

AAC Capital Partners
IK Partners

Palamon Capital Partners

Litorina Capital Advisors
Norvestor Equity
Accent Equity Partners
Valedo Partners
Bridgepoint

EQT



2012-02-16
2005-06-30
2010-06-30
2005-09-01
2020-08-31
2017-07-25
2006-12-18
2023-12-14
2016-04-20
2010-02-11
2023-09-12
2015-06-30
2021-09-06
2003-05-31
2015-06-30
2013-11-13
2007-08-23
2009-04-02
2010-03-24
2019-05-24
2016-07-31
2020-12-31
2022-03-31
2022-07-12
2007-01-31
2016-01-20
2005-02-28
2021-09-01
2023-08-30
2012-02-10
2007-07-12

2022-06-16
2017-12-19
2015-01-12
2014-10-03
2021-03-01
2018-09-26
2019-11-18
2016-06-27
2016-05-26
2009-12-18
2011-12-20
2016-04-30
2015-12-11
2014-12-31
2004-10-31

Fiskarhedenvillan AB
FlexLink AB

Frosunda Omsorg AB

GCE Holding AB

Hector Rail AB

HF Oral Care AB

Hilding Anders International AB
Hypergene AB

It Inlasningstjanst AB
Inflight Service Europe AB
Infobric AB

Iptor Supply Chain Systems AB
Iver Holding AB

JD Stenqvist AB

Karnov Group Holding AB
KGH Customs Services AB
Lekolar AB

LGT Logistics AB
Lodosehus Group

Logent AB

NeTel AB

Nordomatic AB

Opus Bilprovning AB
Outpost24 AB

Phadia AB

Piab AB

Plastal Group AB

Polygon International AB
Ports Group AB

QleanAir Scandinavia AB
Q-MATIC AB

Quant AB

Ramuddenbolagen AB

S:T Eriks AB

San Sac AB

Sandbécken Utveckling Aktiebolag
Scanacon AB

Scandinavian Cosmetics Group
SecureLink Sweden AB

SEM AB

Semantix AB

Skandinavisk Kommunalteknik AB
Sortera Group AB

STC GreenFood AB

Textilia Tvatt & Textilservice AB
Thule Group AB

Litorina Capital Advisors
AAC Capital Partners
HgCapital

Argan Capital Advisors
Ancala Partners

Accent Equity Partners
Candover

Thoma Bravo

Priveq Investment

Triton

Stirling Square Capital Partners
Marlin Equity Partners
Intermediate Capital Group
Triton

Five Arrows Managers
Bridgepoint

3i Group

Axcel

Bridgepoint

Stirling Square Capital Partners
IK Partners

Trill Impact

Arcus Infrastructure Partners
Vitruvian Partners

Cinven

EQT

Nordic Capital

AEA Investors

Bridgepoint

Priveq Investment

Altor Equity Partners

Permira Advisers

Triton

Accent Equity Partners
Accent Equity Partners
KLAR Partners

Alder

Accent Equity Partners
Investcorp

Procuritas Capital Investors
Litorina Capital Advisors
Litorina Capital Advisors
Summa Equity

Nordic Capital

Accent Equity Partners

Candover

32

Polaris Management

EQT

Polaris Management

Triton

EQT

Procuritas Capital Investors
Investcorp

Monterro

PEQ Invest

CapMan

Summa Equity

Symphony Technology Group
EQT

EQT

GMT Communications Partners
Procuritas Capital Investors
Procuritas Capital Investors
Litorina Capital Advisors
Valedo Partners

Adelis Equity Partners
Axcel

Adelis Equity Partners
Searchlight Capital Partners
Monterro

Silverfleet Capital Partners, Triton
Altor Equity Partners
Rivean Capital

Triton

Priveq Investment
Credelity Capital

3i Group; Litorina Capital
Advisors

Nordic Capital

IK Partners

Segulah Advisor

Priveq Investment

Segulah Advisor

Verdane

Aurelius

Perusa

Perusa

Accent Equity Partners
Segulah Advisor

Norvestor Equity

Fidelio Capital

Litorina Capital Advisors
EQT



2013-01-31
2016-02-09
2011-09-15
2014-06-23

Troax Group AB
Unifaun AB

Verisure Midholding AB
Yrkesakademin AB

FSN Capital Partners
Vitruvian Partners

Bain Capital Private Equity
CapMan

33

Accent Equity Partners
Bridgepoint

EQT

Fagerberg & Dellby



