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Abstract:

When thinking about the disadvantages of becoming unemployed, the mind instantly goes to
the economic side of things. However, it can also cause psychological and emotional problems
whereby the magnitude of problems might differ depending on certain individual
characteristics. Some of the ones that are checked for in this study are marital status, gender,
age and household income. This study revisits the relationship between unemployment and
subjective well-being, with an extra emphasis on how this relationship varies across these
previously mentioned characteristics. The rich and modern panel data from Germany used in
this thesis made it possible to run a series of regression models including OLS, random effects
and fixed effects to examine both the magnitude and heterogeneity of the psychological impact
of being unemployed. Our findings confirmed our hypothesis that unemployment is
significantly associated with lower life satisfaction and worse for men compared to women in
some subgroups. Initial OLS and random effects models suggest that men experience a larger
decline in well-being than women when unemployed. However, the results from the fixed effect
were not statistically significant, which suggests that the previous models may suffer from
hidden factors which affect the results. With further testing, a significant result was found with
the fixed effects model when limiting the regression to only those who are married and with at

least one child in the household.
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Key words:

Unemployment

Life satisfaction

SWB: Subjective well-being

FE: Fixed-effects regression model (covering panel data)

RE: Random-effects regression model (more effective than FE but stricter assumptions need to
hold)

Gender effect: In this thesis the meaning of the difference in reported loss of life satisfaction
between the genders when becoming unemployed, and more specifically how much more males
suffer compared to females.

Hartz I'V: Major labor law changes in Germany in 2005

Hausman test: A statistical test that shows whether RE can be used and if not = use FE



1. Introduction

Unemployment is not only an economic challenge but also a significant social and
psychological burden. In recent years, subjective well-being has become an increasingly
important area of focus in both media and academic research. Early key research into this, such
as Clark and Oswald (1994) and Winkelmann and Winkelmann (1998), has shown that the
negative effects of unemployment on SWB go beyond the financial burden (Winkelmann &
Winkelmann, 1998). While the general relationship between unemployment and SWB is well
documented, less attention has been paid to how these effects vary across different subgroups
in society. Factors such as gender, marital status and number of children may impact the

psychological effect of unemployment.

This study then contributes to the already existing research in two key ways. Firstly, it uses
more modern and extensive panel data than the ones used in previous studies, which makes it
logical to revisit and reassess existing findings in this context. Secondly, and more importantly,
it puts more focus on heterogeneity by examining how unemployment affects life satisfaction
across different subgroups. This is key, as it’s essential information for policy makers and such

to be able to tailor the policy interventions to aid those affected most.

Our results show that, on average across the sample population, unemployment does not
significantly affect life satisfaction differently for men and women. However, important
differences could be seen when looking at different subgroups where married men with at least
one child experience an average change in life satisfaction of -0.1420 while women in the same
circumstances experience an average change of -0.0536 life satisfaction units when becoming
unemployed on a 0-10 scale. This finding suggests that traditional gender roles and societal
expectations might still be present and shape the psychological burden of unemployment. By
identifying the most vulnerable subgroups of society, this study offers insights that can be

fundamental in tailoring more targeted and effective policy interventions.

2. Purpose and research questions

This study aims to investigate the potential causal relationship between unemployment and life
satisfaction while controlling for different observable (e.g. income, gender) and unobservable
characteristics (e.g. different personality traits). Specifically, this paper seeks to explore whether

this result varies between different sub-groups by analyzing an extensive and modern panel



dataset from Germany. The goal is to give a more extensive insight into the societal problem of
mental health issues connected to unemployment and to help policy makers tailor their policies
to help the ones who suffer most from becoming unemployed. These aims and purposes for the

thesis created the following research questions:
What is the overall effect of unemployment on individuals’ subjective well-being in Germany?
How does this effect vary by gender?

Are certain subgroups affected differently?

3. Theoretical framework

Many studies on subjective well-being, life satisfaction and happiness have been made since
the 1990s where different studies put more emphasis on different factors, (e.g. income,
education, marriage, etc.) contributing to overall life satisfaction. Since the focus of this thesis
is to examine how unemployment affects life satisfaction, and more precisely if the gender of
the individual who becomes unemployed influences life satisfaction, previous studies made on

these factors will be the groundwork for the theoretical framework.

3.1 Unemployment and Subjective Well-being

Previous studies have shown that becoming unemployed has a statistically significant negative
effect on subjective well-being, SWB, where one study studied data from twelve different
European countries using Eurobarometer data over the period of 1975-1991. Their study found
that the overall life satisfaction was considerably lower among the individuals who were
unemployed compared to those with similar characteristics (same education level, marital
status, income etc.) but with employment (Di Tella, MacCulloch, and Oswald, 2001). In their
analysis, the reported loss of subjective well-being was -0.33 units in their life satisfaction scale
which ranged from 1 (“not at all satisfied”) to 4 (“fully satisfied”). Other studies have also found
significant results where unemployment has a negative effect on well-being on the individual
level for different countries and timeframes which further implies that there is a negative
correlational relationship between life satisfaction and unemployment, however, the magnitude
of this effect varies between studies with different datasets, timeframes and SWB scale (see
Bjorklund and Eriksson (1998), Blanchflower and Oswald (2000), Korpi (1997), Ravalion and
Lokshin (2001)). People with a higher level of education are affected more negatively, i.e.
reporting a bigger loss of SWB by becoming unemployed (Clark and Oswald, 1994). Multiple
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studies have been made on whether men or women are affected more than the other by
becoming unemployed, however, not many put the same emphasis on this as is done in this
thesis. Generally, these studies show that men’s SWB is affected more negatively than women
by becoming unemployed (Blanchflower and Oswald (2004); Clark (2003); Winkelmann,
(2009); Gedikli et al, (2023)). According to a few studies the reason behind this is because the
male identity in society is very work-focused and general gender norms, roles and societal
expectations attribute domestic activities to women, all combined makes it more socially
acceptable for women to be unemployed than men (Carrol, 2007; Winkelmann and
Winkelmann, 1998). With these extensive and thorough studies mentioned a hypothesis for this
thesis was formed and is that: both men and women are affected negatively, in terms of life
satisfaction, when becoming unemployed, however, this effect is larger (more negative) for men

on average.

It is, despite all the previous literature mentioned above, hard to claim a direct causal effect
between becoming unemployed leading to lower life satisfaction. While the negative
correlational relationship between unemployment and life satisfaction is well established and
understood worldwide by different independent studies, it could also be the case that instead of
unemployment leading to lower happiness it could be vice versa. For instance, imagine that
unhappy people perform worse at their job compared to happy people. This would increase the
likelihood of unhappy people getting laid off and becoming unemployed. While this could be
an issue, studies like Winkelmann and Winkelmann (1998) and Marks and Fleming (1999) look
deeper into this and find that the causality seems to go from unemployment to unhappiness

supporting hypothesis for this thesis.

Based on studies like Clark and Oswald (1994) and Winkelmann and Winkelmann (1998) who
studied how different factors such as age, education and health affect SWB when becoming
unemployed, this thesis aims to dive further into how gender affects SWB when becoming
unemployed within these sub-groups which have not been explored before. To do this, this
thesis performed a series of regressions of different sub-samples from the full sample such as
one regression limit for people over 50, one under 50, one for married, one for anything but
married etc. The different sub-groups investigated in this thesis are age, education, health,

marital status and household composition.

Since there is no past studies on sub-groups like in this study, a hypothesis based on previous
studies cannot be made, however, an intuitive hypothesis based on the gender norms mentioned
by Carrol (2007) and Winkelmann and Winkelmann (1998) made by the authors of this thesis
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is that men who has a more work-focused social norm experience a bigger loss of SWB when
becoming unemployed compared to women, particularly, when they are married and have a
family. This hypothesis means the more the man in the household is seen as a provider for the
household, the bigger the loss in SWB, and this norm is expected to be the biggest and most

significant when the man has a family to provide for.

4. Data

The data used in this paper comes from the German Socio-Economic Panel Study (SOEP-Core).
SOEP-Core is a multi-cohort survey that contains panel data of around 10 000 to 30 000 (varies
between years) individuals in Germany from the year 1984 to 2017 with a total of over 236 000
observations after negative values were dropped within the dataset. The dataset contains both
the outcome variable, overall life satisfaction, as well many different types of control variables
that were used in the regression. Every single variable, outcome and control, used in this thesis
was exclusively picked from this dataset. The outcome variable, overall life satisfaction, is
given on an ordinary scale from 0 to 10 with 0 being “completely dissatisfied” and 10 being

“completely satisfied” when everyone in the survey was asked the question:
How satisfied are you at present with your life as a whole?

These types of questions are common among household surveys throughout the world, another
similar example is the British Household Panel Survey, Buck et al (1994). The control variable
used for employment versus unemployment is a binary variable in the dataset that simply states
whether the individual is “Not Employed (0)” or “Employed (1)” with 177 705 observations
being employed and 59 106 observations being not employed with a total of 236 811

observations.

4.1 Hartz IV, Labor Law Change

In the early 2000s Germany had a major law change for their labor market known as the Hartz
reformation. It consists of four different parts, Hartz I-IV, but in this thesis, we will only put
focus on the last law known as Hartz IV since it had the most impact on the labor market. The
law came into effect on January 1%, 2005, and its main part is the unemployment benefit
(Arbeitslosengeld IT) which replaced the old social welfare and unemployment assistance
programs that were in place. In short, the law states that in order to receive unemployment
benefit, one must look more actively for a job but most importantly, the individual is required

to accept any reasonable job. The benefits can subsequently be reduced or even suspended fully
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if the individual does not meet these obligations (such as refusing a job offer or not actively
searching for any work) which incentivizes and encourages the unemployed more than before
to more actively participate in the labor force. For full law, see: Bundesministerium der Justiz
und fiir Verbraucherschutz, (2003) (German Ministry of Justice and Consumer Protection,

(2003)).

The effect of this law was extremely crucial for the German labor supply, seeing a growth in
labor supply by nearly half million people (1 percent of the labor force at the time) with many
being former welfare participants. According to the IMF, Hartz IV represented a big and crucial
step toward improving the incentives to get back to employment and reducing long term
unemployment although it was a politically difficult step due to the impact it had on vulnerable

populations (International Monetary Fund, 2006).

With the law taking effect in 2005, the data in the dataset contained both pre- and post-Hartz
IV employment data and due to its major impact on the labor force, it was considered that the
data differed too much and all observations before 2005 were dropped. Therefore, the data used
in the regressions in this thesis consists of data only from after the Hartz IV law was taken into

effect.

4.2 Descriptive statistics

Starting with some descriptive statistics of the outcome variable life sat (self-reported life
satisfaction), table 1 shows the mean and standard deviation for life satisfaction (0-10 scale)
and how this differs between males, females and employed versus unemployed. Looking at
table 1, the average life satisfaction is lower for both men and women when they are
unemployed where the average life satisfaction for males is 6.70 and for females 7.04. However,
when being employed males report an average of 7.25 perceived life satisfaction and females
7.27. This means that both genders report about the same life satisfaction when being employed
but males report a lower life satisfaction when being unemployed, which is in line with our

hypothesis.



Figure 1 graphically displays the distribution in overall life satisfaction and how this
distribution differs between the genders in the dataset. It is easy to see in both graphs that both
males and females report a relative high life satisfaction, with most observations being
concentrated around the 7-8 mark. The biggest difference between the two graphs however is
the number of females that reported 8 or above is higher than that of males. Looking back at

table 1 we see that the females do in fact on average report a slightly higher life satisfaction

compared to males (7.204 for females and 7.152 for males).

Life Satisfaction - Male

Frequency
N

2

Life Satisfaction by Gender

4 6
Overall life satisfaction

Frequency
N
1

Employment Gender Mean Std. Dev. N (number of
Status observations)
Not Employed | Female 7.05 1.94 38,457

Male 6.70 2.09 20,649

Total 6.93 2.00 59,106
Employed Female 7.27 1.66 89,697

Male 7.25 1.62 88,008

Total 7.27 1.64 177,705
Total Female 7.20 1.75 128,154

Male 7.15 1.73 108,657

Total 7.18 1.74 236,811

Table 1

Life Satisfaction - Female

4

6
Overall life satisfaction




4.3 Possible limitations

Using panel data, especially over such a long period of time observing the same individuals,
one can make sure that individual heterogeneity will not be an issue which otherwise could’ve
been a problem if cross-sectional data were used. To control for these individual effects, two
different panel data regression models were used, a fixed-effects regression, FE, and a random-
effects regression, RE (these models are explained further in part 5.3.2 and 5.3.1 respectively)
instead of regular OLS. This is because individual characteristics that are hard to capture, such
as personality, natural work ethic or intelligence, are expected to not change among the
individual over time. Using panel data is therefore crucial since these factors could otherwise

bias the results, had individual heterogeneity not been controlled for.

When working with SWB, a common hindrance is often the fact that the overall life satisfaction
is self-reported. Everyone has their own opinion on what is most important for their happiness
and getting a generalized result that is applicable to most could therefore be quite difficult.
When, for example, trying to get a generalized result on how income loss affects different
individuals, this is a big issue since it is expected that the ones that do not have much money
will be affected more negatively compared to those that have a lot of it and therefore, they rank
income differently in terms of happiness. Because of the large and extensive dataset used in this
thesis which contains very many different individuals and observations over a very long time,
it is expected that this won’t be too big of an issue and will be good enough to get a generalized

result but is still worth mentioning.

5. Econometrics

5.1 Baseline OLS-regression

The first model used is a simple ordinary least squares regression where life satisfaction is our
dependent variable and is regressed on employment status along with several additional control
variables such as health status, post governmental income, marital status and more (full
regression results in appendix). The rationale for starting with a simple OLS-regression is that
it provides a clear starting point when it comes to establishing the correlation between

unemployment and life satisfaction.
A general OLS-regression equation is expressed as follows:
Y=‘80+ﬂ1XX1+‘82XX2+."BkXXk+€
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Where Y is the dependent variable, X, , X,, X are the independent variables such as marital
status and gender and more. B, is the intercept whilst 8, , B, , By are the coefficients that show
how each independent variable effect the dependent variable. Finally, ¢ is the error term which
captures the part of the dependent variable that cannot be explained by the independent

variables used in the model.

By observing the regression results, there are some key findings. Firstly, the unemployment
coefficient is negative and statistically significant, which indicates that unemployed individuals,
on average, score lower when it comes to life satisfaction level, than employed individuals. This
is consistent with our prediction as well as most of the previous research into this topic. When
looking at the other variables included in the model, there are no surprises as, for example,

better health and higher income are associated with higher life satisfaction.

As previously explained, simple OLS-regressions can provide insightful information, however,
it has major weaknesses and hence advanced regression models must be used to strengthen
causal interpretation. One of the worries is the model's inability to model individual trajectories.
OLS does not account for individual-specific trajectories over time. Ignoring such individual
differences can lead to biased estimates (Ugrinowitsch & Fellingham & Ricard, 2004).
Moreover, OLS also assumes a linear relationship between independent and dependent
variables. However, since this model uses pooled OLS on panel data, it does not control for
unobserved individual characteristics that are constant over time. This may lead to the

relationship between unemployment and life satisfaction being biased.

OLS Regression: Life Satisfaction

VARIABLES OLS
Unemployment -0.169%**
(0.008)
Gender -0.141%**
(being male) (0.006)
Observations 236,811
R-squared 0.245

Table 2, standard OLS
Standard errors in parentheses
*#* p<0.01, ** p<0.05, * p<0.1
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5.2 OLS with interaction — Gender differences

OLS-regression equation with interaction term is expressed as follows:
Y=Bo+P1 X X1+ B2 XXo+  + P X Xy X X3) +&

The interaction model is similar to the baseline OLS-regression model but additionally includes
a term where X;, X, are multiplied. That is the independent variables “unemployment” and
“gender”. This makes it possible to investigate whether the effect that employment status has
on life satisfaction differs between men and women. As stated earlier, some past studies have
shown that men and women are affected differently in terms of life satisfaction when being

unemployed.

The regression results show that men experience on average a larger drop in life satisfaction
from being unemployed compared to women. The main effect of unemployment (-0.113494)
reflects the estimated decrease in life satisfaction for women when unemployed. For men, the
total effect is the sum of the main effect and the interaction term. Together these add upto a
total of -0.2628406 (see table 3). This suggests that men suffer a considerably larger reduction
in SWB due to unemployment. With this statistically significant result, a correlational direction
has been established but to try to estimate causal effects, a more advanced regression model

needs to be used.

This model is a natural step to proceed with after the baseline OLS as it allows the effect of
unemployment to vary depending on gender. However, it still relies on pooled OLS and does
not control for unobserved individual heterogeneity. Therefore, we cannot interpret the results
as causal but rather correlational. Unobserved time-invariant factors may influence both the

dependent variable and employment status, which would lead to OV-bias.
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OLS Regression With Interaction: Life Satisfaction

VARIABLES Model 2
Baseline unemployment -0.113%***
(for females) (0.010)
Gender -0.256%**
(being male) (0.013)
Unemployment difference -0.149%**
between males and females (0.015)
Observations 236,811
R-squared 0.246

Table 3, Showing OLS with interaction term
Standard errors in parentheses
% p<0.01, ** p<0.05, * p<0.1

5.3 Model Specification

5.3.1 Random-effects regression (RE)

Since this study handles panel data, a more advanced regression model is needed. The random-
effects model, RE model, is a regression model built for panel data which OLS is not (OLS
treats the data as cross-sectional data and ignores the panel or longitudinal structure)
(Wooldridge, 2010). Therefore, the RE model is the logical step to take, once the correlational
relationship has been established using OLS regression, to try to find a causal relationship.
There are, however, a few key assumptions that need to be met for the RE model to be effective

and unbiased.
Random effect regression equation is expressed as follows:
Y =B0 +ﬂl XXl +ﬁ2 +X2+ﬁk +Xk +u+e

Firstly, the individual specific effects (personality, intelligence etc.) are assumed to be
uncorrelated with the regressors, including both time-varying and time-invariant variables.
This guarantees that the model is unbiased by handling panel data. Secondly, the individual
specific effects have constant or known variance, this ensures valid standard errors. Finally,

regressors need to vary and be non-collinear which ensures that the model can be estimated.

Under the strict condition of these assumptions holding, when analyzing panel data, the RE
model is more efficient than both the FE model (the FE model is explained more thoroughly in
in the next part) as well as OLS regression meaning smaller standard errors under ideal

conditions. This is because it uses both within-individual variation (how variables change over
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time within individuals) as well as between-individual variation (differences across
individuals). However, it is common that these assumptions, especially the first one, are
extremely hard to assume in practice. This can lead to a biased and inconsistent result and in
such cases, one should use the FE model instead. The FE model controls for the individual-
specific effects by only focusing on within-individual variation which makes it provide more

consistent estimates at the cost of lower efficiency (Wooldridge, 2010).

5.3.2 Fixed-effects regression (FE)

Like the random effects model, the fixed effects model is a regression model that is specifically
used in panel data analysis. Different from RE when using FE, it is assumed that the unobserved
individual characteristics (personality, intelligence etc.) in fact affect the regressors. The FE
model eliminates the bias that would occur in RE if the individual characteristics do affect the
regressors by focusing only on within-individual variation. It provides consistent estimates but

at a lower efficiency than RE would have (Wooldridge, 2010).
Fixed effect regression equation is expressed as follows:
Y=ﬂ0+ﬂ1XX1+ﬂ2 XX2++[)’k><X3+0(+€

5.3.3 Hausman test

To determine which panel data model is more appropriate for the analysis, a Hausman (1978)
specification test was conducted. There are several reasons as to why it is relevant to do this
whereby the most important one is that it checks whether the explanatory variables are
correlated with unobserved individual specific factors. If they are, then the Random effects
model would produce biased estimates, hence the Fixed effect model should be the preferred
one. However, if it is not, then random effects is more efficient and thus the appropriate choice
(Croissant & Millo, 2008). Some of the important previous studies on the relationship between
unemployment and life satisfaction decided to go for the fixed effect modeling directly. This
has primarily been since the authors anticipated issues of endogeneity and OV-bias beforehand.
This has particularly been the case when it comes to individual characteristics such as baseline
mental health Clark et al., (2008). Unobserved factors like this can lead to biased estimates if

not correctly controlled for.

The dataset used in this study is a very extensive, modern and rich panel dataset from Germany.
It includes many variables even after limiting the regression to only include those that were

deemed most relevant. This means that the chance of some unobserved characteristics such as
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personality, intelligence or social skills are correlated with both life satisfaction and
employment status is high. Therefore, it is important to formally test which model is more

appropriate.

By observing the test results in table 5, the Hausman test yields a chi 2 statistic of 3471.36 with
a p-value of 0.000. This indicates that the null hypothesis that there is no correlation between
the unique errors and the regressors can be rejected. As previously mentioned, this means that
the fixed effect model is the appropriate one for this analysis as the assumptions that need to be

satisfied in order for the random effect model to work, do not hold in this data.

Test statistic Value

Chi® (df =33 3471.36
p-value 0.000
Preferred model Fixed effects

Table 4, Results from Hausman test

6. Results

In this section, it is time to present the results from the multiple regressions that investigate how
being unemployed is associated with the level of life satisfaction. Moreover, how different
characteristics contribute to this effect such as gender, marital status and more (only the
variables that are explained and interpreted are included in the results, for full regression, see
appendix). Firstly, the regression results from the full sample are shown and followingly the

regressions from the sub-samples.

6.1 Fixed-effects model with full sample

Seeing the results from the Hausman test performed in 5.3.3 it strongly suggests that FE should
be used as the main regression. This is somewhat troubling since looking at the results in the
FE regression (table 5 below), the effect of becoming unemployed for females is -0.0891 and

statistically significant but the interaction term is not statistically significant.

This result indicates that both the OLS regressions as well as the RE were biased in some way
(which the Hausman test in 5.3.3 showed) and that the unobserved individual characteristics
are in fact correlated with some, or many, of the regressors, and the result of the Hausman test

indicated this. This means that when these individual unobserved effects are controlled for there
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is no statistically significant gender effect (i.e. how being male compared to female affects life

satisfaction differently when becoming unemployed).

While the statistical significance is easy to see, what needs a bit further discussion is the
magnitude of the statistically significant regressors. The unemployment variable has a reported
value of -0.0891 for females (which is assumed to be the same for males since the gender
interaction effect showed no significance) in the FE regression and as a reminder, the outcome
variable is measured on an ordinal scale from 0-10 which makes it a very small effect.
Comparingly, looking at the value of reporting poor health is -2.0918 compared to if the
individual reported perfect health which shows how small of an effect the unemployment effect
is.

FE Regression With Full Sample: Life Satisfaction

VARIABLES FE Model
Baseline unemployment -0.0892%**
(for females) (0.0120)
Gender (Omitted)
(being male)

Unemployment difference -0.0222
between males and females (0.0195)
Observations 236,811
R-squared 0.246

Table 5, Showing FE regression with full sample
Standard errors in parentheses
% p<0.01, ** p<0.05, * p<0.1

6.2 Fixed-effects regression results from sub-groups

In this part of the results the regression results from the sub-samples analyzed are presented
and discussed. Table 6 shows a summary of the regressions where significant results were
found.

6.2.1 Education

The first two regressions were conditioned as to whether the person had an education level of
12 years or more, or less than 12 years. It was thought that depending on an individual’s level
of education they might react differently from one another when they get unemployed. Someone
with a higher level of education might feel like they worked more to get to a certain job, say,
for example, a doctor who needed to study for several years compared to a minimum wage
worker who needed little to no special education. Both regressions, however, did not produce
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any significant results meaning there was no difference in SWB between the two genders when

becoming unemployed.

6.2.2 Age

The next two regressions checked whether the age of the individual had any effect. This was
done by running one regression where the individuals were 50 years old or above, and one
where the individual was under 50 years old. Being older and closer to retirement was thought
to have a more negative effect when becoming unemployed due to fear of not easily being able
to get a new job because of their age, or at least not as large a spectrum of different jobs as if
they were younger (see Humpert, 2012). While the regression with age 50 or above was
somewhat closer to being statistically significant compared to age under 50 (p-value 0.27 for
age 50 or above and p-value 0.481 for age under 50) neither was significant enough to be

considered any further.

6.2.3 Marital status

The next thing that was checked for was whether the individual was married or not. Firstly, a
regression with the condition of the individual being married was made and then a second
regression where the individual was anything but married (i.e. separated, single, divorced or
widowed). Being married was thought to have a significant gender effect due to the social norms
of the man being the provider and their social role being more work- and career focused
compared to women (Carrol, 2007; Winkelmann and Winkelmann, 1998). Starting with being
anything but married a p-value of 0.177 was found, which is not statistically significant. Being
married, however, generated a p-value of 0.028 which is statistically significant and with the
gender effect being -0.0567 less for men. This means that, on average, when being married and
getting unemployed men report a -0.0567 lower score of life satisfaction than women. This is
interesting since it is in line with the hypothesis that men suffer more from becoming
unemployed compared to women simply due to their gender. This effect is thought to exist due
to underlying factors other than simply the genetical differences like those mentioned

previously (social pressure, gender norm and roles in society).

6.2.4 Number of kids in the household

Next, it was checked whether having a child in the household would play a significant role in
the result. It was believed that having a child will most likely affect life satisfaction more

negatively when becoming unemployed compared to not having a child. However, whether this
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effect would differ between the genders was hard to know. Having no children in the household
gave an insignificant result for the gender effect but having 1 or more children gave a p-value
of 0.074 which is slightly significant (less than p-value = 0.1 but not quite below p-value =
0.05) which is interesting. The significant effect was that men report, on average when having
at least one child, a -0.0569 lower life satisfaction compared to women. The magnitude of this
effect is extremely close to that of the gender effect when we look at marital status which is
interesting. However, both of these effects are very small since life satisfaction is reported on a
0-10 scale, but they are still statistically significant. We do believe that the reason behind this
gender effect is like in the marital status case due to different social and gender norms making
employment a more crucial role for men in society compared to women (again Carrol, 2007;

Winkelmann and Winkelmann, 1998).

6.2.5 Health status

Second to last was to check whether health status had any significant effect. The thought behind
this was that someone who is in a worse health condition might be more reliant on their work
(say, for example, to afford medicinal treatment) and this might have a significant effect.
However, it is important to note that it might be a reverse correlational effect where someone
gets unemployed because of their poor health so determining whether this effect is causal or not
is a challenge. Two regressions for health status were made where the first one was if the health
status was 3 or less i.e. individuals with worse health (1 being the best and 5 being the worst)
and got no significant results. Running the opposite regression (with health being good, i.e. 1
or 2) we also got no significant results indicating that health status does not matter for the gender

effect of becoming unemployed.

6.2.6 Married Family (being married with at least 1 child in the household)

Since there were two sub-groups that generated significant results, being married and having at
least one child, the final step was to check these two together. The same FE model was regressed
as before but with the condition that the individual is both married and have at least one child.
This gave a statistically significant result (p-value = 0.015) where the gender effect was -0.0884
which means that on average, when becoming unemployed while being married and having at
least one child, men report a -0.0884 lower perceived life satisfaction compared to women. It
is also important to mention that this is not the full effect on life satisfaction when becoming
unemployed but rather the difference between men and women. The results from this regression

show that when becoming unemployed while having at least one child and being married,
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women report a -0.0536 lower life satisfaction while men report a -0.0536 + (-0.0884) =-0.1420
lower life satisfaction on average. Again, the magnitude of this effect is not very large, being a
bit more than 0.1 on a 0-10 scale, but it is bigger than both effects when we checked only for
marriage or at least one child. Comparing these two effects for men and women, the negative
effect of unemployment in terms of life satisfaction is on average almost 3 times as large
compared to the effect on women (while being married and having at least one child). While
the magnitude of the total effect is not that large it is very interesting to see how much larger
the effect is on men compared to women. It is not believed that this gender effect of men
suffering more in terms of life satisfaction compared to women is because of any genetical
differences but rather due to previously mentioned social and gender norms from society. While
the magnitude of the effect is not that large, it is considered that the difference between men

and women is of great significance.

(1 (2) 3) 4) Q)
VARIABLES Married Other marital status At least one kid No kid Married with at least one kid
Baseline -0.0471%** -0.1607*** -0.0827*** -0.0952%%** -0.0537%**
unemployment
(for females) (0.0149) (0.0210) (0.0163) (0.0188) (0.0187)
Gender Omitted Omitted Omitted Omitted Omuitted
(being male)
Unemployment -0.0567** -0.0425 -0.0570* -0.0057 -0.0885%*
difference for males (0.0259) (0.0315) (0.0319) (0.0268) (0.0365)
and females
Observations 147,078 89,733 112,872 123,939 83,214
R-squared 0.0609 0.0714 0.0615 0.0710 0.0597

Table 6, showing significant sub-group results using fixed-effects regression
Standard errors in parentheses
% p<0.01, ** p<0.05, * p<0.1

6 Discussion

This thesis is aimed at answering three research questions. The research questions were: 1) What
is the overall effect of unemployment on individuals’ subjective well-being in Germany? ii)
How does this effect vary by gender? And iii) Are certain subgroups affected differently? The

results show that the overall effect of unemployment on individuals subjective well-being is
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negative, however, the effect is incredibly small, being less than 0.1 on a 0-10 scale. The second
research question got two answers. When regressing the full sample, no significant differences
between the genders was found which leads to the conclusion that both men and women are
affected the same in terms of SWB when becoming unemployed. However, when regressing
sub-samples of the dataset, significant differences was found when limiting the data to only
those who are married and with at least one child, showing that men report on average a much
larger loss of SWB when becoming unemployed, which simultaneously answered the last

research question.

One limit of the results is the R-squared value received. In the full sample regression, an R-
squared value of 0.246 was found which is relatively low but can be explained by the
complexity of human behavior and the fact that fixed-effects regression is used. Fixed effects
remove any variation between individuals and account for only within-individual variation
which is often hard to model and since large chunks of variation are removed (the between
individual variation) a lower R-squared is expected. This is seen even further in the sub-sample
regression for individuals who are married and have at least 1 child where the R-squared is only

0.0597 which is probably due to the regression being more limited and conditional than before.

The initial results showed that there is a significant negative effect of becoming unemployed.
Becoming unemployed makes people less satisfied with their life. The result was, however,
smaller in magnitude compared to past studies. On population level, on average, men and
women do not experience any difference in SWB when becoming unemployed. However, under
the conditions of being married and with at least one child, men do in fact experience a
significantly greater loss of SWB compared to women. This means that the first hypothesis for
this thesis was wrong. Men do not on average (population level) experience a lower SWB when
becoming unemployed. The second hypothesis, however, is true. Men who have a more work-
and career-focused social norm, which is believed to be the biggest when being the provider for

the family, does experience a significantly greater loss in SWB when becoming unemployed.

7 Conclusion

This study aimed to investigate the relationship between employment status and life satisfaction
using modern German panel data. Compared to previous research into this well-discussed topic,
an extra emphasis was put on studying different subgroups of the population which can have
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major implications on how the policymakers should go about structuring unemployment
support systems. By employing several regression models including OLS, fixed effects and
random effects, significant gender-based differences in how being unemployed affected life
satisfaction could be observed which aligns with previous research and the hypothesis for the

thesis.

The fixed effect model did not yield any statistically significant results on the sample level so
what was interesting to investigate was whether it did on different subsamples of interest. When
altering the conditions for the subgroups, some interesting and important findings were made.
The results showed that men who are both married and have at least one child, experience a
significantly greater loss in SWB when getting unemployed compared to women in similar
circumstances. This finding suggests that societal norms and expectations might still be present
and strongly affect the psychological responses to unemployment. As previously stated,
extensive research has been made into the relationship between unemployment and life
satisfaction but by investigating different subgroups, it can help policymakers tailor the
unemployment programs in order to focus on the most vulnerable groups of society. This is in

order to mitigate the negative effect of unemployment on mental health.

One major limitation of this study is that the findings are based on German panel data, which
limits the generalizability of the results beyond the German context. For example, cultural
norms and gender roles differ massively across countries and continents, which probably
influences how unemployment affects individuals' life satisfaction. Therefore, it would be really
beneficiary if future research could replicate this study to some extent, but in different countries
where societal expectations regarding gender roles may influence the results differently. It
would also be interesting to explore other subgroups of the populations that were not addressed

in this study.
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Appendix

Full regression results from FE model with full sample

VARIABLES FE
age -0.03271%**
(0.0049)
Age? 0.0004***
(0.0001)
Income 0.0000%**
(0.0000)
Good health -0.2605%***
(0.0110)
Satisfactory health -0.6445%**
(0.0125)
Poor health -1.1837%**
(0.0150)
Bad health -2.0918%***
(0.0233)
Education -0.0199%**
(years) (0.0067)
HH size 0.2206%**
(0.0162)
Number of kids in HH 0.0200
(0.0149)
Unemployment -0.0892%**
(0.0120)
Gender Omitted
(being male)
Unemployment difference -0.0222
Between males and females (0.0195)
Observations 236,811
R-squared 0.0664

Standard errors in parentheses
Kk p<()_01’ *k p<0‘05, * p<0‘1
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Full FE Regression results from significant sub-sample regressions

(1 (2) (3) 4) Q)
VARIABLES Married Other At least one No kid Married
marital kid with at
status least one
kid
Age -0.0503***  _0.0345%**  (.04]1]*** -0.0250%** 0.0265*
(0.0074) (0.0077) (0.0110) (0.0069) (0.0139)
Age? 0.0005***  0.0006***  -0.0006*** 0.0004*** -
0.0005**
%k
(0.0001) (0.0001) (0.0001) (0.0001) (0.0002)
Income 0.0000***  0.0000%**  (0.0000%** 0.0000%** 0.0000**
%k
(0.0000) (0.0000) (0.0000) (0.0000) (0.0000)
Good Health -0.2495%**  _(0.2655%**  _(.259]1%** -0.2492%** -
0.2455%*
%k
(0.0141) (0.0182) (0.0150) (0.0168) (0.0166)
Satisfactory -0.6041***  _0.6820%**  _0.6360*** -0.6298*** -
health 0.6060**
%k
(0.0158) (0.0212) (0.0173) (0.0189) (0.0193)
Poor health -1.1278***  _1.2283%**  _],1540%** -1.1689%** -
1.1201**
%
(0.0187) (0.0255) (0.0214) (0.0219) (0.0242)
Bad health -1.9433*** D 2516%**  _1.9067*** -2.1910%** -
1.8145%*
%
(0.0293) (0.0392) (0.0367) (0.0316) (0.0433)
Education 0.0009 -0.0327%** -0.0265%* -0.0240%** 0.0023
(years) (0.0165) (0.0085) (0.0156) (0.0081) (0.0222)
HH_size -0.0541 0.2076***  (0.2306*** 0.2070%** -0.1187
(0.1251) (0.0204) (0.0316) (0.0210) (0.1995)
kids HH 0.0024 0.0693** 0.0029 -0.0099
(0.0168) (0.0294) (0.0196) (0.0213)
Unemployment  -0.0471***  (.1607***  (.0827**%* 0.0952%** 0.0537**
%k
(0.0149) (0.0210) (0.0163) (0.0188) (0.0187)
Gender Omitted Omitted Omitted Omitted Omitted
Difference -0.0567** -0.0425 -0.0570* -0.0057 -
between males 0.0885**
and females
(0.0259) (0.0315) (0.0319) (0.0268) (0.0365)
R-squared 0.0609 0.0714 0.0615 0.0710 0.0597
Observations 147,078 89,733 112,872 123,939 83,214

Standard errors in parentheses
*H% p<0.01, ** p<0.05, * p<0.1



