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Abstract

This study examines whether stock purchases disclosed by U.S. House members generate
positive abnormal returns following public disclosure, and whether an outside investor can
earn risk-adjusted alpha by mimicking those purchases. We analyse a main sample of 5,225
events from January 2020 through December 2024 using an event study anchored on the
disclosure date and a calendar-time mimicking portfolio benchmarked against the
Fama—French three- and five-factor models with Newey—West standard errors. We find no
support for either positive-return hypothesis. Cumulative abnormal returns are significantly
negative at 20- and 40-day horizons, and calendar-time portfolio alpha is negative across all
factor models and weighting schemes. After transaction costs, the equal-weighted portfolio
earns a marginally significant negative alpha of —40 basis points per month under the primary
three-factor specification. The results are consistent with the absence of an exploitable
post-disclosure signal, as predicted by semi-strong market efficiency. A sub-sample analysis
finds that the negative result is concentrated among Democratic members’ disclosed
purchases, while Republican members’ purchases generate near-zero risk-adjusted returns.
The findings suggest that publicly disclosed House purchases did not provide a profitable raw
signal to outside investors during a period of unusually high public attention to congressional

trading.
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1. Introduction

Members of the U.S. House of Representatives may receive policy-related information that is
relevant for firms and financial markets. Through committee work, briefings from regulatory
agencies, and contact with industry representatives, they encounter information about
regulatory changes, government contracts, federal spending decisions, and policy shifts that
can move share prices before the rest of the market sees it. Whether they act on this
advantage in their personal portfolios is an old question with a contested answer, and one that
remains far from settled for the period that followed the Stop Trading on Congressional

Knowledge (STOCK) Act of 2012.

The STOCK Act was passed in April 2012 in response to public pressure over alleged insider
trading by members of Congress. The Act prohibits the use of material non-public
information obtained through official duties for personal financial gain. The provision that
makes this study possible is the disclosure requirement, members must publicly report
personal securities transactions exceeding $1,000 within 45 calendar days of execution, and
the filings appear electronically through the House Financial Disclosures system
(efts.house.gov) shortly after submission. Once filed, disclosures become publicly
observable, but the underlying transaction may be up to 45 calendar days old. The visibility

of the filings makes it possible to test whether investors can mimic disclosed trades.

Whether such a strategy can earn abnormal returns is not obvious. Under the semi-strong
form of the efficient market hypothesis, prices already reflect publicly available information,
and a disclosure that has been visible for even a few minutes should leave little on the table.
The reporting window matters here as well. A trade can be up to 45 calendar days old by the
time it surfaces in the disclosure feed, so any informational content may have already been
incorporated into prices over that interval. At the same time, legislative processes often move
slowly, the implications of a particular trade can take time to play out, and there is reason to
believe that retail attention to high-profile filings can move prices in ways that have nothing

to do with information.

The empirical literature is mixed. Ziobrowski, Cheng, Boyd, and Ziobrowski (2004)
document that U.S. Senators outperformed the market by approximately 85 basis points per
month over 1993 to 1998, consistent with the use of private information. A companion study

(Ziobrowski, Boyd, Cheng, & Ziobrowski, 2011) reports abnormal returns of about 55 basis



points per month for the House over 1985 to 2001. These findings drove much of the public
debate that produced the STOCK Act. Eggers and Hainmueller (2013) revisit the same
question with broader samples and better benchmarks and conclude that congressional
portfolios perform no better than chance. Karadas (2019) provides the most directly relevant
evidence for the post-STOCK Act period, the abnormal returns documented for powerful
Republicans before 2012 essentially disappear once the disclosure regime is in force. More
recent work, including Belmont, Sandler, and Eggers (2022), Hanousek et al. (2023), Karadas
and Schlosky (2024), and Moe and Ma (2024), has continued to test the question, but the
results remain inconsistent across designs and almost none of this work covers the years from

2020 onward.

The 20202024 window deserves separate attention. It contains the early-pandemic
disclosures that drew renewed media scrutiny in 2020, the broader policy response that
followed, the Inflation Reduction Act, and the 2022 chip export controls. It also coincides
with the rise of dedicated platforms (Capitol Trades, Quiver Quantitative, and Unusual
Whales) that publish congressional disclosures shortly after filing, along with two ETFs
(NANC and GOP) that systematically replicate disclosed trades subject to manager
discretion. To our knowledge, no published study has examined the full 2020-2024 sample:
Belmont, Sandler, and Eggers (2022) end in 2020, while Hanousek et al. (2023), Karadas and
Schlosky (2024), and Moe and Ma (2024) cover only partly overlapping periods, none
extending through 2024.

This study addresses two research questions. First, do stock purchases disclosed by U.S.
House members generate positive abnormal returns following public disclosure? Second, can
an outside investor earn risk-adjusted alpha by systematically mimicking those purchases?
We examine these questions over January 2020 through December 2024 using two
complementary methods. We conduct an event study following MacKinlay (1997), measuring
cumulative abnormal returns around the disclosure date over five event windows: [0, +5], [0,
+20], [0, +40], [+1, +20], and [+1, +40] trading days. Defining day zero as the disclosure date
rather than the transaction date isolates the central question of this study, whether the public
release of trading information is informative to the market, and whether an outside investor
can act on it. The [0, +X] windows include the disclosure day itself; the [+1, +X] windows
isolate the post-disclosure drift that is actually exploitable in real time. We then construct two

calendar-time portfolios, one equal-weighted and one trade-weighted, that hold disclosed



purchases for one month, and test whether the portfolio alpha is positive and statistically
significant when benchmarked against the CAPM, the Fama—French three-factor model, and

the Fama—French five-factor model.

Our study makes three contributions. We provide updated evidence on the profitability of
congressional stock purchases over an understudied window marked by heightened public
attention, dedicated disclosure platforms, and several major macro shocks. By centring the
event study on the disclosure date, we test directly whether the public disclosure conveys
information to the market, a question prior studies have not addressed cleanly. We also
evaluate the practical exploitability of disclosures from the perspective of an outside investor
who can only act once the filing is public, under a calendar-time framework with
Newey—West standard errors that addresses the cross-sectional dependence common in

congressional trading data.

Several restrictions apply. The 45-calendar-day reporting window means that a disclosed
trade may have been executed up to 45 calendar days before it becomes publicly observable,
s0 a substantial portion of any information-driven price movement may already have
occurred by the time an outside investor can respond. We restrict the analysis to purchases.
Sales are persistently ambiguous in this literature, members sell for liquidity, tax, rebalancing,
or compliance reasons, and the result is that sale-side abnormal returns are difficult to
attribute to private information (Karadas, 2019; Eggers & Hainmueller, 2013). The
asymmetry is not as clean as it first appears, however. If members truly possess material
non-public information about firms they regulate, they should know when to exit a position
as well as when to enter one. Confining the analysis to purchases captures only one side of
any informational trading and may understate its full extent. This improves interpretability
but limits the scope of the analysis, the limitation should be kept in mind when interpreting

the results.

The remainder of the thesis is structured as follows. Section 2 reviews the theoretical
framework and prior literature. Section 3 describes the data and methodology. Section 4

presents the results. Section 5 discusses the findings, and Section 6 concludes.



2. Theory and Literature Review

2.1 The Efficient Market Hypothesis

The theoretical starting point for this study is the semi-strong form of the efficient market
hypothesis (Fama, 1970), under which prices fully reflect all publicly available information.
If markets are semi-strong efficient with respect to congressional disclosures, the public
release of a member's trade should be incorporated into prices essentially immediately,

leaving no scope to earn consistent abnormal returns by acting on the disclosure.

By "consistent abnormal returns" we mean returns that are statistically significant at
conventional levels, repeatable across reasonable model specifications and sample splits, and
large enough to survive realistic transaction costs, not isolated outperformance concentrated
on a handful of trades. Persistent post-disclosure cumulative abnormal returns over
multi-week horizons would therefore be inconsistent with semi-strong efficiency. The strong
form, which would require prices to also reflect private information, has been repeatedly
rejected for corporate insiders, and that rejection is what makes congressional trading a

meaningful empirical question in the first place.

2.2 Information Asymmetry and Legislative Access

Abnormal returns from congressional trading require an information advantage that is
material enough to move prices and is exploited in personal portfolios. House members
occupy a distinctive position in the information environment. They may sit on committees
that decide which companies receive federal contracts, grants, or oversight, and they
routinely encounter information about regulatory changes, government contracts, and policy
shifts. Until the STOCK Act, the legal status of trading on such information was uncertain
(Karadas, 2019).

Kyle (1985) provides the standard model of how an informed trader exploits a private
information advantage when transacting against uninformed liquidity traders. Two features of
the model translate directly to our setting. First, an information advantage is partially
weakened through the trading process itself, as the informed trader executes, the resulting
price impact reveals a fraction of the underlying information to the market. Second, the rate

at which the advantage weakens depends on how much trading occurs between the moment



information is acquired and the moment it becomes public. Under the STOCK Act's reporting
window, up to 45 calendar days of intervening trading by other market participants can occur
on a stock between a member's transaction and its public disclosure. Whether any
informational edge survives that window in measurable form, and whether the remaining
information advantage is exploitable from the disclosure date forward by an outside investor

with no information of their own, is the empirical question this study addresses.

2.3 Congressional Trading Before and After the STOCK Act

Ziobrowski et al. (2004) provide the earliest systematic evidence. Examining U.S. Senate
transactions over 1993—-1998 with a calendar-time portfolio benchmarked against the CAPM
and the Fama—French three-factor model, they find that a portfolio mimicking Senate
purchases beats the market by 85 basis points per month, roughly 10% per year on a
trade-weighted basis. The companion study (Ziobrowski et al., 2011) covers the House over
1985-2001 and reports a smaller but still substantial 55 basis points per month, with the

largest excess returns concentrated among less-senior members.

Eggers and Hainmueller (2013) reach different conclusions. They argue that the original
headline figures depend heavily on weighting choices and benchmarking decisions, and that
under most reasonable alternatives the excess returns are not distinguishable from zero. For
the Senate sample, statistically significant outperformance survives in only one of four
weighting schemes and is driven by a small number of high-volume traders. For the House
sample, they note that the excess return on the buy portfolio is matched by a comparable
excess return on the sell portfolio, which is hard to explain through informational trading, the
stocks members sold went on to perform just as well as the ones they bought. Their own data
for 2004-2008 show no significant abnormal returns under any specification, and they
conclude that congressional portfolios perform no better than those of ordinary individual
investors. This sell-side finding is one reason sales are persistently difficult to interpret in this

literature.

Karadas (2019) provides the most directly relevant prior evidence for our design. Using
transactions from 2004-2010 and calendar-time portfolios with holding periods from one
week to one year, he finds that abnormal returns are not evenly distributed across members
but concentrated among powerful Republicans on influential committees. The most informed

group earns annualised abnormal returns above 35% under a one-week holding period, with



the magnitude falling sharply as the horizon lengthens, an empirical signature consistent with
time-sensitive private information. Karadas also extends the sample into the post-STOCK Act
period and finds that these abnormal returns largely disappear after 2012, suggesting that the
disclosure requirement and the associated legal accountability changed the incentive structure
for congressional trading. The Karadas (2019) study provides the methodological template
for parts of our own design, including the calendar-time portfolio with Newey—West standard

errors that we use as our primary inference method.

2.4 Recent Evidence on Congressional Trading

Several papers since 2019 have continued to test for abnormal returns under the post-STOCK
Act regime, with mixed results. Belmont, Sandler, and Eggers (2022) extend Eggers and
Hainmueller's design through 2020 and find no consistent evidence of outperformance.
Hanousek, Shamshur, and Tresl (2023) find that Senate purchases generate roughly 4.9%
abnormal returns over a three-month buy-and-hold horizon. Karadas and Schlosky (2024)
study over 100,000 congressional trades and link trading activity to congressional sessions
and geopolitical risk rather than firm-specific information. Moe and Ma (2024) document that
abnormal returns from congressional trades correlate positively with economic policy

uncertainty, with the strongest effects in policy-related industries.

These recent studies do not converge on a single answer. Sample windows differ, designs
differ, and the post-STOCK Act period itself contains several structural breaks (the
COVID-19 pandemic, the inflation cycle, the 2022 export controls) that may interact with
congressional trading patterns in ways that earlier samples did not contain. Table 1

summarises the empirical evidence on which this study builds.



Table 1. Summary of prior empirical evidence on congressional stock trading.

Study Sample period | Chamber | Method Main finding
Ziobrowski et 1993-1998 Senate Calendar-time Senate purchases beat market
al. (2004) portfolio by ~85 bp/month
(CAPM, FF3)
Ziobrowski et 1985-2001 House Calendar-time House purchases beat market
al. (2011) portfolio by ~55 bp/month
(CAPM, FF3)
Eggers & 2004-2008 Both Calendar-time, No abnormal returns; sell-side
Hainmueller multiple tracks buy-side
(2013) weightings
Karadas (2019) | 2004-2010 Both Calendar-time, Excess returns among powerful
Newey—West Republicans; fade post-STOCK
Act
Belmont, 2014-2020 Both Calendar-time, No consistent abnormal returns
Sandler & FF3/FF5
Eggers (2022)
Hanousek et al. | 2012-2020 Senate Buy-and-hold ~4.9% return over three months
(2023)
Karadas & 2014-2022 Both Trade-level Activity rises with sessions and
Schlosky (2024) analysis geopolitical risk
Moe & Ma 2014-2022 Both Event study Positive returns correlated with
(2024) economic policy uncertainty

2.5 Alternative Explanations for Post-Disclosure Abnormal Returns

If we observe positive cumulative abnormal returns following disclosure, three distinct

mechanisms could in principle explain them, and the design needs to take all three seriously.

The first is slow market reaction. Prices respond to the disclosure with a lag, possibly because
not all investors see the filing at once and information takes time to spread through the
market. This generates drift over days or weeks rather than a one-period jump. The second is
continued predictive power, the underlying information that drove the original trade has not
yet fully played out at the disclosure date. A regulatory decision is still pending, a contract
has not yet been awarded, a hearing is still ahead, and the disclosure itself is informative

because it points the market toward an event that has not yet been realized.
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The third explanation is retail attention, which we treat seriously throughout the analysis.
Capitol Trades, Quiver Quantitative, and Unusual Whales publish congressional disclosures
shortly after filing to a substantial retail audience. Attention is also concentrated around
individual members who have become public symbols of congressional trading, most notably
through the so-called Pelosi Tracker phenomenon, where social media accounts and
dedicated trackers follow Nancy Pelosi's disclosures specifically. The launch of NANC and
GOP made systematic replication available through publicly traded ETFs. Concentrated
buying pressure from retail imitators, together with the rebalancing flows of these ETFs,
could push prices up temporarily, generating a positive CAR even in the complete absence of
any informational content. This is the same mechanism documented for high-profile
institutional disclosures. Shares named in Berkshire Hathaway's 13F filings exhibit a
so-called "Buffett bump" on the disclosure date despite the trades being up to 45 calendar
days stale (Zhang, 2022). Zhang interprets part of the long-run drift as market underreaction,

but the immediate post-disclosure pop is consistent with attention-driven flow.

If the same mechanism is at work for congressional disclosures, a positive CAR cannot be
cleanly attributed to informational trading. Attention-driven pressure should reverse once the
news fades, leaving a positive return concentrated near the disclosure date followed by
reversal rather than sustained drift. We cannot fully separate the three mechanisms on returns
alone, but the contrast between the [0, +X] and [+1, +X] event windows we use, together
with the longer holding periods in the calendar-time portfolio, helps to limit the overlap. A
finding of positive CARs in the [0, +X] windows that does not survive in the [+1, +X]
windows or in the calendar-time portfolio would be consistent with attention-driven flow

rather than information.

2.6 Hypotheses and Empirical Predictions

The three mechanisms in Section 2.5 generate distinct, testable empirical predictions for the
pattern of post-disclosure returns. Specifying them explicitly clarifies what the design can

identify.

Semi-strong efficiency. If markets fully impound disclosed information at the moment of
release, no abnormal returns should follow. Cross-sectional mean CARSs across all five event
windows are statistically indistinguishable from zero, and calendar-time portfolio alpha is

zero across all factor models and holding periods.
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Continued informational content. If the underlying information that drove the original trade
has not fully played out by the disclosure date, post-disclosure returns should persist over
longer horizons rather than concentrate at the announcement. Positive CARs in [0, +20], [0,
+40], [+1, +20], and [+1, +40] should accompany positive calendar-time portfolio alpha at a
one-month horizon. The [+1, +X] returns should be of comparable magnitude to the [0, +X]
returns: an outside investor who acts the day after disclosure should still capture a meaningful

share of the drift.

Attention-driven flow. If retail and ETF imitators bid up disclosed names without
underlying informational content, returns should concentrate near the disclosure date and then
reverse as attention fades. The signature is a large CAR in [0, +5] that does not extend, or
only weakly extends to [+1, +40], paired with weak or zero calendar-time alpha. Reversal at

longer horizons is the cleanest indicator of attention rather than information.
Based on this framework, we test two hypotheses.

H1: Congressional stock purchases by U.S. House members generate positive cumulative

abnormal returns following public disclosure under the STOCK Act.

Null: Disclosed purchases are uninformative, with CARs not statistically different from zero

across the event windows examined.

H2: A calendar-time portfolio that mimics congressional stock purchases earns positive and

statistically significant risk-adjusted alpha.

Null: Portfolio alpha is zero, with any excess return absorbed by exposure to systematic risk

factors.

Joint rejection of both nulls in a pattern consistent with continued informational content
(sustained CARs across [+1, +X] windows and positive calendar-time alpha) would constitute
the strongest evidence of an exploitable signal. Joint rejection in a pattern consistent with
attention-driven flow (concentrated [0, +5] returns without persistence) would suggest that
disclosed purchases generate market reactions but not durable predictability. Failure to reject

either null would be consistent with semi-strong efficiency in this setting.
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3. Data and Method

3.1 Data Sources

Transaction data are obtained from Quiver Quantitative, which aggregates and digitises the
Periodic Transaction Reports (PTRs) submitted to the House Financial Disclosures system
(efts.house.gov) under the STOCK Act. Quiver Quantitative is an interface to the official
disclosure database rather than an independent data source, and individual records can be
verified directly against the original PTR filings. The full congressional transaction extract
used in this study was downloaded as a single Excel file on 2026-05-02 and contains 111,907
transaction records spanning both chambers and all reported asset classes. We restrict the

sample to House common-stock purchases in the sample-construction steps in Section 3.2.

The raw transaction file contains 20 fields per record. The core fields, all of which are
populated for every record, are: ticker symbol and asset name (Ticker, Company); transaction
date and PTR filing date (Traded, Filed); transaction direction (Transaction, taking values
such as Purchase, Sale (Full), Sale (Partial), and Exchange); reported transaction size as a
dollar interval (Trade Size USD, e.g. $1,001-$15,000, $15,001-$50,000); and member
identifiers (Name, BioGuidelD, Party, Chamber, State, District). Three optional free-text
fields are populated only for some records: Subholding (the holding account, populated for
32% of records), Description (a short trade description, 5%), and Comments (any filer
comments, 49%). The file also contains a quiver upload time stamp recording when each

record was added to Quiver's database.

PTR filings cover transactions executed by the member, by the member's spouse, and by
dependent children, with each row in the original filing tagged by an owner field. We pool all
transactions in the disclosure feed without separating by owner. The choice partly reflects the
research question, which centres on what an outside investor can earn by mimicking publicly
disclosed trades, and partly reflects a data constraint, Quiver Quantitative does not provide
the structured owner field from the underlying PTRs in our extract, so a rigorous
owner-by-owner disaggregation is not available to us. The pooling treatment matches
Ziobrowski et al. (2004, 2011), Karadas (2019), and the dominant treatment in the recent
post-STOCK-Act literature (Belmont, Sandler, & Eggers, 2022; Hanousek et al., 2023;
Karadas & Schlosky, 2024).

13



Quiver Quantitative reports each disclosed transaction with a ticker symbol and an asset
name. We match these to the Center for Research in Security Prices (CRSP), the standard
reference database for U.S. stock returns used in academic finance research, using its
historical names file (CRSP stocknames). The names file maps each PERMNO, CRSP's
permanent unique identifier for a security, to the tickers it has held with explicit start and end
dates. Because PERMNOs do not change when a company renames itself, changes ticker, or
moves between exchanges, they provide a stable identifier through time even when the

surface-level ticker does not.

Our matching procedure links every PTR row to the PERMNO that held the disclosed ticker
on the transaction date, not the ticker's current holder. This handles cases that a current-ticker
match would mishandle, including ticker changes (for example, Facebook to Meta in June
2022), ticker reuse following delisting, and pre-acquisition trades in firms that have since
been merged out of existence. For ambiguous filings, including those that list only a company
name without a ticker and those that name share classes mapping to multiple PERMNOs
(Alphabet's GOOG and GOOGL, for instance), we resolve the match using CRSP's company
name field and, where necessary, the original PTR document on efts.house.gov. Filings that

cannot be matched to a CRSP common stock with reasonable confidence are dropped.

Daily stock return data, including delisting returns, are obtained from the CRSP daily stock
file (dsf), accessed through Wharton Research Data Services (WRDS). The CRSP
value-weighted market index used in the market-model regressions is taken from the same
source. Factor returns for the Fama—French three-factor model (Fama & French, 1993) (the
market excess return, SMB, and HML) and the additional factors of the Fama—French
five-factor model (Fama & French, 2015), RMW (profitability) and CMA (investment), are
obtained from Kenneth French's data library at Dartmouth College. The risk-free rate used
throughout is the one-month Treasury bill rate from the RF column of the Fama—French data
library, applied consistently to both the calendar-time portfolio excess returns and the factor
model intercepts. All return data were extracted on 2026-05-02 for the period 1 January 2019
through 31 December 2024, the extra year of returns before the formal sample start is

required to support 250-trading-day estimation windows for the earliest events.
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3.2 Sample Construction

The STOCK Act sets the disclosure threshold at $1,000, so the dataset by construction
contains no transactions below this level, the smallest reported transaction-size bucket is
$1,001-$15,000. We apply the following filters to arrive at the final sample. First, we restrict
the sample to common stocks (CRSP share codes 10 and 11) listed on the NYSE, AMEX, or
NASDAAQ, excluding preferred stocks, ETFs, mutual funds, REITs, and foreign-listed
securities, following Ziobrowski et al. (2004, 2011) and Karadas (2019). Second, we exclude
penny stocks, defined as stocks with a closing price below $1 on the disclosure date, to avoid
the outsized influence of illiquid and low-priced securities on return calculations. Third, we
restrict the sample to purchase transactions only, for the reasons set out in Sections 1 and 2.5.
Fourth, we require that the event stock trade on day 0. Observations for which the stock did
not trade on the disclosure date, due to trading halts, suspensions, or post-delisting status, are
dropped from the sample. Fifth, we require a successful PTR-to-CRSP match. Filings for
which the disclosed asset cannot be linked to a CRSP PERMNO under the procedure
described in Section 3.1 are dropped. Most such cases involve assets outside the scope of the
study (corporate bonds, options, mutual funds, foreign listings without CRSP coverage),

which are excluded by the common-stock restriction in any case.

The raw extract contains records from both chambers, all asset classes, all transaction
directions, and the full history of the Quiver Quantitative feed. The reduction from 111,907 to
20,995 records in step B of Table 2 reflects the exclusion of Senate transactions, non-equity

assets, sales and exchanges, and filings outside the 2020-2024 window.

To avoid double-counting the same underlying signal, we aggregate multiple purchases by
the same member in the same stock whose transaction dates fall within 30 calendar days of
each other into a single event. Clustering on transaction date rather than disclosure date
reflects the economic content of the rule, repeated purchases by the same member of the same
security within a short trading window most likely correspond to a single underlying
investment decision, regardless of when each leg of that decision is later disclosed. The
earliest disclosure date among the clustered transactions is used as the event date in the event
study, so that day 0 corresponds to the first moment the market could have observed any part

of the clustered decision.
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A small number of members exhibit trading patterns that are inconsistent with personal
stock-picking decisions. Four members in the 2020-2024 sample generate trade volumes and
filing patterns that suggest their accounts are managed by a financial advisor or algorithmic
trading system rather than through individual investment decisions: Ro Khanna (7,312
transactions), Michael McCaul (3,737), Diana Harshbarger (504), and Tom Malinowski
(163). These members are identified by a combination of unusually high trade frequency, the
near-complete absence of sub-holding account information and filer comments in their PTR

filings, and a pattern of large batches of transactions disclosed on the same filing date.

For all four members, external management is supported by public records. Khanna has
publicly stated on multiple occasions that the trades reflect an independently managed family
trust held by his wife, without his personal involvement (Newsweek, 2026; Silicon Valley
Voice, 2025). Malinowski's trades were executed by a brokerage firm, Gagnon Securities, on
his behalf prior to him establishing a blind trust following an ethics investigation (Business
Insider, 2021). Harshbarger's high-volume batch disclosures triggered a Campaign Legal
Center ethics complaint which confirmed that her trades were managed through a trust, with
Harshbarger notified of transactions after the fact (Campaign Legal Center, 2021). McCaul's
office has stated that the trades were executed by his wife's third-party financial manager
without her direct direction (NewsNation, 2025). Together, the four members account for
11,716 individual transactions in the raw data, representing 55.8% of all House purchase

PTRs in the sample period.

Because this study's first research question concerns whether members' personal trading
decisions contain exploitable information, we exclude these externally managed observations
from the main analysis and refer to them collectively as advisor-managed trades for short.
Because the classification of advisor-managed trades involves judgment, we also report the
full sample throughout the analysis. For the second research question, whether an outside
investor can earn alpha by mimicking disclosed House purchases, the relevant sample is the
full sample, since all disclosed trades are publicly observable and mimickable regardless of
who initiated them. As shown in Section 4.3, the full sample produces a negative alpha of
comparable magnitude to the main analysis, so the conclusion is the same under both

research questions.
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Table 2. Sample construction filter funnel.

Filter step Observations remaining
A. Raw Quiver Quantitative extract file 111,907
B. House equity purchase PTRs (2020-2024) 20,995
C. Matched to CRSP PERMNO 19,554
D. Common stocks only (share codes 10, 11) 14,579
E. Excluding penny stocks and non-trading days 14,421
F. After 30-day same-member/same-stock clustering 10,093
of which: main analysis (excluding advisor-managed) 5,225
of which: advisor-managed sub-sample 4,868
3.3 Event Study Design

We follow the event study methodology of MacKinlay (1997). Unlike Ziobrowski et al.
(2004, 2011) and Karadas (2019), who centre their event studies on the transaction date, we
define day 0 as the disclosure date. The choice reflects the research question, we are
interested in whether the public release of trading information generates a market reaction,
not whether the trade itself was timed to exploit private information. An outside investor
observing congressional disclosures can only act from the disclosure date onward, making

this the economically relevant reference point.

We define the event day operationally as follows. If the disclosure calendar date falls on a
trading day, that day is day 0. If the disclosure date falls on a weekend or market holiday, day
0 is the next trading day. The intraday filing time is not reported in the House public feed and
is therefore unobservable. As a consequence, the [0, +X] windows include some return
realised before the filing was actually publicly visible whenever the filing was uploaded after
the 4:00 PM ET close. The [+1, +X] windows are immune to this concern, since a filing
posted at any point on the calendar disclosure date is fully public by the open of the following
trading day. We treat the [+1, +X] windows as the strict test of post-disclosure investability
and the [0, +X] windows as a broader measure of total market reaction that may include

same-day price movement preceding the filing's release.
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3.3.1 Normal Return Estimation
We estimate normal returns using the market model, which specifies a linear relationship
between the return on stock i and the return on the market portfolio:

R = a+ BR + €
i i mt

it it
where Ri . is the daily return on stock i on day ¢, Rm . is the daily return on the CRSP
value-weighted market index, and €, is a zero-mean error term. We use the CRSP

value-weighted index rather than a narrower benchmark such as the S&P 500 because it
covers all stocks in the CRSP universe (NYSE, AMEX, and NASDAQ), provides a broader
representation of the market than a 500-name index, and is the conventional choice in the
empirical finance literature on event studies and asset pricing. It is also the natural
counterpart to the Fama—French factor returns we use in Section 3.4, which are constructed

from the same broad universe.

The parameters o and 3. are estimated by ordinary least squares over an estimation window
L L

of 250 trading days ending the trading day before the transaction date. The window is
anchored on the transaction date rather than the disclosure date because the transaction date is
the earliest point at which the member's trading could begin to affect the security's price,
either directly through the trade's price impact or indirectly through information that other
members may act on after the same news. Anchoring the window on the disclosure date with
a fixed gap would either include contaminated days for trades with unusually long disclosure
lags, or exclude clean days for trades that are disclosed quickly. Anchoring on the transaction
date avoids both errors and uses all available pre-trade data. For events formed by
aggregating multiple transactions within a 30-day cluster (Section 3.2), the estimation

window ends the trading day before the earliest transaction in the cluster.

The estimation window for any individual event may itself be contaminated by purchases of
the same security by other members of Congress during that earlier period. If several
members trade the same stock during the estimation window, that activity becomes part of the
data used to estimate the stock's normal market behaviour. The estimated beta then partly
reflects the influence of congressional trading itself, which biases the abnormal returns we

measure on the event days towards zero. The sample is dominated by liquid large-cap stocks
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where this clustering is unlikely to move the price meaningfully, but the bias direction is

worth noting, any abnormal returns we observe are likely understated rather than overstated.

3.3.2 Abnormal Returns and Cumulative Abnormal Returns

The abnormal return for security i on event day t is the difference between the realised return

and the normal return predicted by the estimated market model:

We aggregate abnormal returns over time to form cumulative abnormal returns over each
event window:
T

CAR(t,t) = Ztitl AR,
We compute CARs over five event windows: [0, +5], [0, +20], [0, +40], [+1, +20], and [+1,
+40] trading days relative to the disclosure date. The [0, +X] windows include the disclosure
day itself and capture the total market reaction. The [+1, +X] windows isolate the
post-disclosure drift available to an investor who acts the day after disclosure, when the filing
has had time to circulate. The distinction matters, a large return concentrated on day 0
followed by flat returns would produce a positive CAR across [0, +X] windows while being
consistent with semi-strong efficiency, since no investor entering on day +1 could have
captured the day-0 jump. The [+1, +X] windows are therefore the more direct test of whether
the disclosure signal is exploitable in real time. To draw inferences, we compute the
cross-sectional mean CAR across all events for each window and test whether it differs from

zero using a standard t-test, alongside the calendar-time portfolio test described below.

3.3.3 Cross-Sectional Dependence

A specific concern with the standard event-study t-test is cross-sectional dependence. The test
assumes that abnormal returns are independent across events, but for congressional trades
that assumption is unlikely to hold. Disclosures cluster in calendar time around major
legislative milestones, market shocks, and policy transitions, and several members regularly
buy the same securities over similar windows. When events overlap and concentrate on the
same underlying securities, the abnormal returns are correlated across observations. A plain

cross-sectional t-test treats them as independent, which understates standard errors and
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inflates t-statistics, raising the risk of false positives (Lyon, Barber, & Tsai, 1999; Mitchell &
Stafford, 2000). This is not a hypothetical concern in our setting, the early months of 2020
alone show several days on which dozens of disclosed purchases of the same large-cap

technology and pharmaceutical stocks were filed by different members.

We address this in two ways. We report event-study results with the standard cross-sectional
t-test as a baseline so that the reader can compare the design with prior work. More
importantly, we use the calendar-time portfolio approach described in Section 3.4 as our

primary inference method, since it directly addresses the dependence concern.

3.4 Calendar-Time Portfolio Approach

We construct a calendar-time mimicking portfolio as our primary inference method,
following Fama (1998) and Mitchell and Stafford (2000). The portfolio collapses all
individual events into a single time series of portfolio returns. Inference is then drawn from
this time series rather than from the cross-section of overlapping events on overlapping
securities, which addresses the cross-sectional dependence problem identified in Section
3.3.3 by construction. The approach has a trade-off, it converts the inference problem from a
cross-sectional one into a time-series one, in which the portfolio returns may be
heteroskedastic and serially correlated. We address those time-series issues separately, with
Newey—West HAC standard errors, described later in this section. This combination of
calendar-time portfolio with Newey—West standard errors is the same primary inference

framework used by Karadas (2019).

We select one specification as the headline test. The primary inference target is the alpha of
the equal-weighted calendar-time portfolio under the Fama—French three-factor model with a
one-month holding period and Newey—West standard errors. This choice matches the
methodological template of Karadas (2019), the most directly relevant prior study, and is the
specification we ask the reader to weigh most heavily. We also report a trade-weighted
version of the calendar-time portfolio alongside the equal-weighted primary specification.
The two are not alternative tests of the same hypothesis. They answer different questions
about how an outside investor would size positions: the equal-weighted version treats every
disclosure as an equally informative signal, while the trade-weighted version uses the dollar
size of each disclosed trade as a proxy for signal strength. The comparison is informative in

itself but is not a robustness check of the primary specification. CAPM and FF5 alphas, three-
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and six-month holding periods, and all sample-restriction checks in Section 3.5 are robustness
analyses in the strict sense: they ask whether the headline conclusion changes under

reasonable variations of the design.

The equal-weighted portfolio assigns the same weight to every disclosed trade and treats each
disclosure as an equally informative signal. The trade-weighted portfolio scales the weight of
each position by the dollar size of the underlying disclosed trade, on the view that an outside
investor can observe trade size in the disclosure and that a $500,000-$1,000,000 purchase is

a stronger signal than a $1,001-$15,000 purchase.

We specify the construction mechanically to ensure reproducibility. On each trading day t, the
portfolio universe consists of every disclosed-purchase event whose disclosure date falls
within the preceding K trading days, where K = 21 for the primary one-month holding period
and K = 63 and K = 126 for the three- and six-month robustness specifications. A stock
disclosed on day d enters the portfolio at the open of day d+1 and exits at the close of day
d+K. Daily stock returns are taken from the CRSP daily stock file, including dividend
reinvestment (the RET field). When a stock is delisted during its holding period, the CRSP
delisting return is applied on the delisting date as the final return for that position, after which
the position is removed from the portfolio. For events disclosed close to the end of the sample
period, holding periods are cut short at December 31, 2024, the last date for which CRSP
return data are available, rather than excluding late events entirely, which would introduce

selection bias.

The portfolio universe rebalances daily, with new positions entering and expired positions
exiting at the close of each trading day, but the portfolio itself is buy-and-hold within each

day with no intraday rebalancing. The equal-weighted specification assigns weight 1/N o
each of the N . positions in the universe on day t. The daily portfolio return is formed as the
weighted average of the individual position returns on that day, where Rl, , is the return on

position i on day t and w is its weight:
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The trade-weighted specification assigns weights proportional to the midpoint of the dollar
interval reported for each underlying disclosed trade. Trade size is reported in dollar ranges
rather than exact amounts under the STOCK Act. We use the midpoint of each reported
range. The highest reported range, "over $50 million", has no upper bound, so we use $50

million for these observations. Few trades in our sample fall in this top bracket.

If a stock appears in the universe through multiple disclosed events on the same day (the
same member through multiple disclosures within a 30-day cluster, or different members
independently disclosing the same stock), it appears in the portfolio as a single position with
weight equal to the sum of its component weights. Two independent disclosures of the same
stock on the same day therefore produce a position with twice the weight of a single

disclosure, on the view that multiple simultaneous signals are more informative than one.

A small number of edge cases are handled by standard conventions. If the universe is empty
on a given day (no qualifying events in the preceding K trading days, which occurs only at
the very start of the sample), the portfolio return for that day is set to the one-month Treasury
bill rate. If a stock in the portfolio has a missing daily return (typically a one-day trading
suspension), the observation is dropped from that day's portfolio return and the remaining
weights are renormalised proportionally for that day only. Daily portfolio returns are

compounded to monthly returns using Rpm . ]_[t(l + Rp t) — 1, and monthly excess

on
portfolio returns are formed by subtracting the corresponding monthly risk-free rate from the

Fama-French data library.

We then regress the time series of monthly excess returns on three benchmark models. The

first is the CAPM:

Rp’t — th = o+ B(Rm't — th) t €

The second is the Fama—French three-factor model:

R, Rf, = a+BR,  —Rf)+sSMB + hHML +e,

The third is the Fama—French five-factor model (Fama & French, 2015):

R — Rf, = a+BR_

— Rf) + s*SMB_+ h-HML + r-RMW + c:CMA + €
pt t t t t t ot

t
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The intercept a in each regression is the risk-adjusted abnormal return. A positive and
statistically significant a indicates that the mimicking portfolio earns returns in excess of
what is explained by exposure to systematic risk factors, which we interpret as evidence of an

exploitable signal in the disclosures.

Standard errors are computed using the Newey—West heteroskedasticity- and
autocorrelation-consistent (HAC) estimator (Newey & West, 1987). The estimator produces
standard errors that remain valid when regression residuals are heteroskedastic, serially
correlated, or both, by combining the standard variance term with a weighted sum of
autocovariances out to a chosen truncation lag. Plain OLS standard errors would assume that
residuals are homoskedastic and serially uncorrelated, neither of which is plausible here.
Portfolio composition changes from month to month as new disclosures enter and old ones
roll off, producing time-varying residual variance, and any imperfection in the asset pricing
model leaves residual factor exposures that vary as the portfolio rebalances. For holding
periods longer than one month, an additional source of serial correlation is overlap, a stock
that enters the portfolio in a given month remains there for the full holding period, so the
same stock contributes to several consecutive monthly returns and the resulting positive
correlation persists for as many months as the holding period before fading to zero once the

earliest positions roll off.

We set the Newey—West truncation lag equal to the holding period in months: q = 1 for the
primary one-month specification, q = 3 for the three-month robustness check, and q = 6 for
the six-month robustness check. The lag choice is binding for the 3- and 6-month
specifications, where overlap is the dominant source of autocorrelation. For the 1-month
specification, where overlap between consecutive months is minimal, q = 1 still provides a
small buffer against residual autocorrelation from time-varying factor exposure and volatility

clustering. Newey—West standard errors are also the specification used by Karadas (2019).

Transaction costs are set at 0.10% per side, corresponding to 0.20% per round trip, reflecting
a conservative estimate for a retail investor using a modern online broker. Results are

reported both before and after transaction costs.
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3.5 Robustness Checks

We conduct a series of robustness checks to test whether the headline result is sensitive to
specific sample choices and factor models. The criterion we use is consistency, a finding that
is significant in the primary specification and remains directionally consistent across factor
models, holding periods, and sample splits is stronger evidence than a single significant cell

in a large grid.

Fama—French five-factor model. We add the RMW (profitability) and CMA (investment)
factors of Fama and French (2015) alongside the CAPM and FF3 specifications.
Congressional traders tend to favor large, profitable companies in sectors they oversee
(defence, pharmaceuticals, technology), which generate positive loadings on RMW and

CMA. Omitting these factors risks attributing a systematic risk premium to alpha.

Party subgroup analysis. We construct separate calendar-time portfolios for Republican and
Democratic members. Karadas (2019) finds that abnormal returns pre-STOCK Act were
concentrated almost entirely among powerful Republicans. Testing whether any differential
pattern persists post-STOCK Act is a natural extension. The party sub-group analysis
includes a formal test of whether the Democratic and Republican calendar-time alphas differ

significantly. Each month we compute the return difference:

Rdiff,t - RDem,t RRep,t

and regress this series on the same factor models, with the intercept serving as a test of

whether the two groups earn statistically different risk-adjusted returns.

Alternative trade size threshold. We re-run with a $15,000 minimum trade size to test
sensitivity to the inclusion of the smallest reported trades, which dominate the count of

observations but contribute relatively little to portfolio dollar exposure.

Trade-weighted versus equal-weighted. As described in Section 3.4, the trade-weighted
version is reported alongside the equal-weighted primary specification rather than as a
robustness check of it. The two are not alternative tests of the same hypothesis but distinct
sizing rules. The comparison itself is informative: a result that holds under equal weighting
but not trade weighting (or vice versa) would point to a specific source of any apparent

abnormal return.
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3.6 Limitations

The design has several limitations beyond the robustness sensitivities listed above.

What the design can and cannot identify. The design tests the predictive value of public
disclosures for an outside investor. Significant post-disclosure abnormal returns would show
that disclosed purchases are followed by exploitable returns. They would not identify whether
any member traded on material non-public information, whether any trade meets the legal
definition of insider trading, or whether any member violated the STOCK Act. A positive
abnormal return is consistent with three overlapping explanations from Section 2.5: continued
informational content, slow market reaction, and attention-driven flow from retail imitators
and replicating ETFs. The event-window structure and calendar-time portfolio narrow the gap
between them but do not fully separate them. We avoid causal language about misconduct

throughout.

Multiple testing. The combined design produces a large number of test statistics: five event
windows on the cross-sectional CARs, two weighting schemes crossed with three factor
models and three holding periods on the calendar-time portfolio, and several
sample-restriction robustness checks layered on top. Under the null hypothesis of no
abnormal return, a non-trivial number of these statistics will reach conventional significance
levels by chance alone. We address this in two ways. First, by designating a single primary
specification in Section 3.4 we anchor the headline conclusion to one test rather than to the
most favourable cell in a grid. Second, we treat consistency across specifications as the
central decision criterion, a robust result is one in which the direction and approximate
magnitude of the effect persist across reasonable variations, not one in which a single

specification crosses a p-value threshold.

Owner pooling. We pool transactions across owner types (self, spouse, dependent child,
joint) because the structured owner field is not available in our data extract. We cannot
separate trades that are plausibly closer to the member's own informational advantage from
those that are further removed. An owner-stratified analysis would be a natural extension if

the field becomes available.

PTR-to-CRSP matching. Some matching imprecision is unavoidable. PTR filings are
entered manually and occasionally contain ticker errors or ambiguous company names. We

resolve as many cases as possible through historical ticker tracing and document verification,
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but a small number of misclassifications cannot be ruled out. The implied measurement error
shrinks rather than inflates the estimated abnormal returns and works against finding

statistically significant alpha.

Filing timestamps within the trading day. Filing timestamps within the trading day are not
publicly observable, so the day-0 reaction includes some return realised before the filing was
actually visible to outside investors. The [+1, +X] event windows and the calendar-time

portfolio, which begins each position on the day after disclosure, address this concern.

Non-synchronous trading bias. Stocks that trade infrequently may have closing prices that
do not fully reflect the day's market news, because the last trade of the day occurred earlier
when less information was available. When the market model compares the stock's daily
return to the market return, the stock looks less responsive to market movements than it really
is, which leads OLS to underestimate the true beta (Scholes & Williams, 1977; Dimson,
1979). The sample is dominated by large, liquid stocks, so we do not expect this to be

material.

Cross-sectional dependence in the event-study t-test. As discussed in Section 3.3.3, the
standard cross-sectional t-test assumes independence across events, which is unlikely to hold
given the clustering of congressional disclosures in calendar time. The calendar-time

portfolio is the primary inference method for this reason.

Inability to distinguish three null interpretations. If the calendar-time portfolio earns no
significant alpha, the design cannot distinguish between three possibilities: (1) the market is
efficient with respect to congressional disclosures, (2) any information advantage is already
priced in during the lag period before disclosure, and (3) there was never a meaningful
information advantage in the first place. We can rule out informational trading from the

disclosure-date perspective, but not the underlying mechanism.

Sector concentration. House members tend to trade in sectors they oversee through
committee assignments, which creates systematic sector exposures that may not be fully
absorbed by the size, value, profitability, and investment factors. Even with the FF5 model,

residual sector risk could bias the estimated alpha in either direction.

Exclusion of sales. As discussed in Sections 1 and 2.5, omitting sales captures only one side

of any informational trading. If members systematically liquidate positions ahead of negative
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news in firms they oversee, our design will not detect it. The literature on the sell side is also
less methodologically settled than on the buy side (Eggers & Hainmueller, 2013; Karadas,
2019; Boehmer, Musumeci, & Poulsen, 1991), which is part of the reason most prior work,

including this study, prioritises purchases.

4. Results

4.1 Sample Overview

Applying the sample construction steps described in Section 3.2 to the full Quiver
Quantitative extract yields 10,093 disclosure events over the period January 2020 through
December 2024. Table 2 reports the filter funnel. Of the 20,995 House equity purchase PTRs
identified in the raw data, 19,554 (93.1%) match successfully to a CRSP PERMNO.
Restricting to common stocks (share codes 10 and 11) reduces the sample to 14,579
observations. Excluding penny stocks and observations where the stock did not trade on the
disclosure date leaves 14,421 observations. The 30-day clustering rule described in Section
3.2 aggregates repeated purchases into single events, producing the final sample of 10,093
events. Of these, 4,868 events (48.2%) are classified as advisor-managed and excluded from

the main analysis. The main analysis sample contains 5,225 events.

Table 3 reports descriptive statistics for the main analysis sample. The sample is concentrated
in large and mega-cap stocks: 56.5% of events involve stocks with market capitalization
between $10 billion and $200 billion, and a further 23.7% involve stocks above $200 billion.
Together, the mid, large, and mega-cap segments account for 93.9% of all events. Democratic
members account for 66.3% of events in the main analysis sample (3,464 events) and
Republican members for 33.7% (1,760 events), one event that was classified as Libertarian is
excluded from the party analysis. The $1,001-$15,000 trade size bracket accounts for 68.3%
of events, with the remaining 31.7% in the $15,001 and above brackets. Event counts decline
over the sample period, from 1,513 in 2020 to 738 in 2024, consistent with the broader
decline in congressional trading activity reported by Karadas and Schlosky (2024). The 5,225
main-analysis events are generated by 115 unique House members trading across 960 unique
securities. Trading activity is right-skewed, the median member contributes 12 events while
the mean is 45.4, and the ten most active members account for 49.6% of all events in the
main analysis sample. This concentration means that the calendar-time portfolio results may

partly reflect the specific stocks and trading patterns of a small number of highly active
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members, which should be kept in mind when interpreting the aggregate estimates.

Stock-level concentration is considerably lower: the ten most frequently traded securities, led

by Microsoft (94 events), Apple (94), and Amazon (69), together account for 12.0% of

events, suggesting that the results are not mechanically driven by a small number of

individual stocks.

Disclosure lags are right-skewed, with a median of 29 days in both samples but a mean of

105 days in the main analysis, reflecting a small number of extreme late filings. The 25th and

75th percentiles are 19 and 42 days respectively, and 79.4% of main-analysis events are filed

within the 45-day STOCK Act deadline. The remaining 20.6% are late disclosures, which

reduce the information content available to an outside investor at the time of filing and are

consistent with the absence of positive post-disclosure alpha documented in Sections 4.2 and

4.3.

Table 3. Descriptive statistics for the main analysis sample (5,225 events, excluding advisor-managed

trades).
Category N events Share (%)
Panel A: By year
2020 1,513 29.0
2021 1,270 243
2022 860 16.5
2023 844 16.2
2024 738 14.1
Panel B: By party
Democratic 3,464 66.3
Republican 1,760 33.7
Panel C: By trade size
$1,001-$15,000 3,569 68.3
Above $15,000 1,656 31.7
Panel D: By market capitalisation
Micro (<$300M) 37 0.70
Small ($300M-$2B) 286 5.5
Mid ($2B-$10B) 714 13.7
Large ($10B-$200B) 2,951 56.5
Mega (>$200B) 1,236 23.7
Panel E: Disclosure lag (trading day to filing date) Main analysis Full sample
Mean days 105.1 70.3
Median days 29 29
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Category N events Share (%)

25th percentile 19 19

75th percentile 42 37

Share filed within 45 days 79.4% 86.3%
4.2 Event Study Results

Table 4 reports cross-sectional mean cumulative abnormal returns for the main analysis

sample and the full sample across the five event windows. The market model is estimated
over a 250-trading-day window ending the day before the earliest transaction date in each
event cluster. Of the 5,225 main analysis events and 10,093 full-sample events, 5,165 and
10,015 respectively have sufficient estimation-window data for the market model and are

included in the event study.

For the main analysis sample (5,225 events, excluding advisor-managed trades), the
short-horizon CAR over the [0, +5] window is 6.0 basis points and statistically
indistinguishable from zero (t = 0.77, p = 0.440). There is no evidence of an immediate price
reaction on or around the disclosure date. Over longer horizons, the CARs turn negative and
grow in magnitude. The [0, +20] window produces a mean CAR of —29.3 basis points (t =
—1.90, p = 0.058), marginally significant at the 10% level. The [0, +40] window produces a
mean CAR of —84.8 basis points (t =—3.99, p < 0.001), significant at the 1% level.

The pattern is consistent in the [+1, +X] windows that exclude the disclosure day itself: the
[+1, +20] CAR is —32.1 basis points (t = —2.14, p = 0.032) and the [+1, +40] CAR is —86.3
basis points (t = —4.12, p <0.001). This interpretation is reinforced by the near-identical
CARs across the two sets of windows: the [0, +20] and [+1, +20] estimates differ by only 2.8
basis points, while the [0, +40] and [+1, +40] estimates differ by only 1.5 basis points,
indicating that day O contributes very little to the longer-horizon CARs and providing no
indication of an economically meaningful disclosure-day pop. The fraction of events with
positive CARs declines from 49.3% at the five-day horizon to 46.5% at the [+1, +40]
horizon, suggesting that the negative drift is broad-based rather than driven by a small

number of extreme observations.
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The full sample (10,015 events, including advisor-managed trades) shows a weaker pattern.

CARs are negative at longer horizons but not statistically significant at conventional levels:

the [0, +40] CAR is —19.7 basis points (t =—1.36, p = 0.174) and the [+1, +40] CAR is —17.8

basis points (t =—1.24, p = 0.215). The weaker result reflects the inclusion of the

advisor-managed sub-sample, which exhibits a mean CAR of +50.6 basis points at the [0,

+40] horizon (t = 2.59, p = 0.010). As noted in Section 3.2, these trades are likely executed

by financial advisors rather than by the members personally, and their positive performance

does not survive the calendar-time portfolio test with Newey—West standard errors reported in

Section 4.3.

The event study cross-sectional t-test is subject to the dependence concerns described in

Section 3.3.3. The calendar-time portfolio in Section 4.3 provides the primary inference.

Table 4. Cross-sectional mean cumulative abnormal returns (CARs) by event window.

Sample Window N Mean CAR t-stat p-value % positive
(bps)

Main analysis
[0, +5] 5,165 +6.0 0.77 0.440 493
[0, +20] 5,121 —29.3 —-1.90 0.058* 47.6
[0, +40] 5,026 —84.8 —3.99 | <0.001%*** 47.1
[+1,+20] 5,121 -32.1 —2.14 0.032%* 47.2
[+1, +40] 5,026 —86.3 —4.12 | <0.00]%%** 46.5

Full sample
[0, +5] 10,015 +2.3 0.43 0.671 48.8
[0, +20] 9,871 —-0.6 —0.06 0.956 493
[0, +40] 9,681 -19.7 —-1.36 0.174 493
[+1,+20] 9,871 +0.8 0.08 0.935 49.3
[+1, +40] 9,681 -17.8 —1.24 0.215 49.3

Notes: *** ** and * denote statistical significance at the 1%, 5%, and 10% levels, respectively.

CARs are computed relative to market-model predicted returns estimated over a 250-trading-day

window. Day 0 is the disclosure date. N declines for longer event windows because events without a

complete post-disclosure return window are excluded from the corresponding CAR calculation.
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4.3 Calendar-Time Portfolio Results

Table 5 reports alpha estimates from the calendar-time mimicking portfolio. The primary
specification uses the Fama—French three-factor model with a one-month holding period (K =
21 trading days), Newey—West standard errors with truncation lag q = 1, and transaction costs
0f 0.10% per side. The sample covers 60 months of active portfolio returns from January

2020 through December 2024.

Panel A reports the primary specification for the main analysis and full samples. The
equal-weighted portfolio earns a post-cost alpha of —40.2 basis points per month (t =—1.68, p
=0.093), marginally significant at the 10% level. Before transaction costs, the alpha is —20.1
basis points (t = —0.84, p = 0.402) and not statistically significant. The trade-weighted
portfolio produces a larger negative alpha: —69.2 basis points per month after costs (t =
—2.01, p = 0.044), significant at the 5% level. Larger dollar trades, which an outside investor

might interpret as stronger signals, actually produce worse outcomes.

The pre-transaction cost alpha estimates are negative but do not reach conventional
significance levels. After transaction costs, however, the results indicate that the mimicking
strategy underperforms once realistic implementation costs are considered. The calendar-time
portfolio with Newey—West standard errors is more conservative than the cross-sectional
event study, as it accounts for correlation among simultaneously disclosed trades. The two
methods are therefore not directly comparable. The market beta ranges from 1.04 to 1.12
across the primary specifications, indicating that the mimicking portfolio carries slightly
above-market systematic risk. The adjusted R? values are high, indicating that the three-factor
model explains a large share of the month-to-month variation in portfolio returns. The alpha
estimates therefore represent average residual performance after accounting for these

common factor €Xposures.

The full sample results are particularly relevant to the second research question, as all
disclosed trades are publicly observable and mimickable regardless of who initiated them.
The full sample (including advisor-managed trades) produces results of comparable
magnitude: the equal-weighted post-cost alpha is —40.2 basis points (t = —2.10, p = 0.036)
and the trade-weighted post-cost alpha is —71.4 basis points (t =—2.16, p = 0.031), both
significant at the 5% level. That the full-sample alpha is more significant than the main

analysis sample, despite including the advisor-managed trades that showed positive CARs in
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the event study, reflects the calendar-time portfolio's proper treatment of cross-sectional
dependence. The advisor-managed sub-sample's positive event-study CARs appear sensitive
to the cross-sectional dependence problem, since including them in the full sample does not

translate into positive calendar-time alpha.

Table 5. Calendar-time portfolio alpha estimates. Panel A: Primary specification (FF3, K =21, NW q
= 1). Panel B: Robustness across factor models and holding periods, main analysis, equal-weighted.

Panel C: Robustness across factor models and holding periods, main analysis, trade-weighted.

Sample / specification Weighting | o (bps/mo) | t-stat p-value p MktRF Adj. R?
Panel A: Primary

specification (FF3, K=21)

Main analysis, post-TC Equal —40.2 —1.68 0.093* 1.04 0914
Main analysis, post-TC Trade —69.2 -2.01 0.044** 1.12 0.813
Main analysis, pre-TC Equal —20.1 —-0.84 0.402 1.04 0.913
Main analysis, pre-TC Trade —49.2 —1.43 0.153 1.12 0.812
Full sample, post-TC Equal —40.2 -2.10 0.036** 1.06 0.945
Full sample, post-TC Trade -71.4 -2.16 0.031** 1.22 0.873
Panel B: Equal-weighted

(post-TC)

CAPM, K =21 Equal -50.5 —1.65 0.099%* 1.10 | 0.878
FF5, K =21 Equal —46.8 —-1.96 0.050** 1.03 | 0.914
FF3, K =63 (3 months) Equal -19.9 —-1.52 0.128 1.04 | 0.967
FF3, K =126 (6 months) Equal —-14.0 -1.27 0.204 1.03 | 0.980
Panel C: Trade-weighted

(post-TC)

CAPM, K =21 Trade -73.1 —2.14 0.032** 1.14 | 0.815
FF5,K=21 Trade —69.0 -1.93 0.054* 1.10 | 0.808
FF3, K =63 (3 months) Trade —47.4 —1.44 0.149 1.13 | 0.847
FF3, K =126 (6 months) Trade -2.8 —0.12 0.905 1.05 ] 0.871

Notes: *** ** and * denote statistical significance at the 1%, 5%, and 10% levels. Standard errors
are Newey—West HAC with truncation lag equal to the holding period in months. Transaction costs
are 0.10% per side. Costs are applied at the position level on the day each stock enters and exits the
mimicking portfolio, rather than as a flat monthly deduction. N = 60 months for all specifications.

Full factor loadings for all specifications are reported in Tables Al and A2 in the Appendix.

32



Panel B and C report robustness across factor models and holding periods for the main
analysis sample. All specifications produce negative alpha point estimates. The CAPM alpha
(—50.5 basis points) is larger in magnitude than the FF3 alpha (—40.2), consistent with the
portfolio's slight positive loading on SMB and HML that the CAPM does not capture (see
Tables A1 and A2 in the Appendix). The FF5 alpha (—46.8 basis points, t = —1.96, p = 0.050)
is borderline significant at the 5% level, indicating that the negative finding survives the

addition of the profitability and investment factors.

Extending the holding period to three months (K = 63) and six months (K = 126) reduces the
magnitude of the alpha, from —40.2 basis points at K =21 to —19.9 at K =63 and —14.0 at K
= 126 (equal-weighted, FF3, post-cost). The less negative alpha estimates at longer holding
periods suggest that the negative post-disclosure performance is concentrated closer to the
disclosure date rather than persisting over longer horizons. The same pattern is more
pronounced for the trade-weighted portfolio: the K = 126 alpha is essentially zero (—2.8 basis
points, p = 0.905). The less negative estimates at longer holding periods should be read
carefully, as events near the end of the sample period have shorter effective holding periods

due to the data ending on December 31, 2024 (see Section 3.4).

4.4 Sub-Sample Analysis

Table 6 reports calendar-time portfolio alpha estimates for the party and trade-size
sub-samples under the primary specification (FF3, K = 21, post-transaction-costs,

Newey—West q = 1).

Table 6. Sub-sample calendar-time portfolio alpha estimates (FF3 and FF5, K = 21, post-TC, NW q =
1).

Sub-sample N events Model | Weighting o (bps/mo) t-stat p-value
Panel A: By party

Democrats 3,464 | FF3 Equal -67.0 —247 ] 0.013**
Democrats FF3 Trade —106.7 —2.84 | 0.004%**
Democrats FF5 Equal —81.8 —2.95 | 0.003*%**
Democrats FF5 Trade -121.8 —3.20 | 0.001%**
Republicans 1,760 | FF3 Equal -29.3 —0.64 0.519
Republicans FF3 Trade +4.6 +0.11 0914
Republicans FF5 Equal -17.6 —0.36 0.720
Republicans FF5 Trade +26.8 +0.62 0.536
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Sub-sample N events Model | Weighting o (bps/mo) t-stat p-value

Panel B: Cross-group
test (Dem minus Rep)

Spread FF3 Equal —35.8 —0.96 0.342
Spread FF3 Trade -107.3 —2.44 1 0.017**
Spread FF5 Equal -56.9 —1.46 0.148
Spread FF5 Trade —135.9 —3.23 | 0.002%*%*x*
Panel C: By trade size

$1,001-$15,000 3,569 | FF3 Equal —48.6 -1.73 0.084*
Above $15,000 1,656 | FF3 Equal -25.0 —0.83 0.407
Above $15,000 FF3 Trade —64.9 —1.64 0.101

Notes: *** ** and * denote statistical significance at the 1%, 5%, and 10% levels. N = 60 months
for all specifications. FF5 results for the trade-size sub-samples are not shown in the table but follow
the same overall pattern as the FF3 results. The trade-weighted specification is not separately
reported for the $1,001-815,000 bracket because all trades within this bracket receive the same

disclosed trade-size midpoint value, making it equivalent to the equal-weighted result.

Panel A shows that the negative alpha estimates are concentrated in the Democratic
sub-sample, while Republican estimates are close to zero. The Democratic sub-sample (3,464
events) produces large and statistically significant negative alphas under both weighting
schemes: —67.0 basis points per month equal-weighted (t =—2.47, p=0.013) and —106.7
basis points trade-weighted (t = —2.84, p = 0.004). Under the five-factor model, the
trade-weighted alpha reaches —121.8 basis points per month (p = 0.001).

The full factor loadings in Appendix Table A1 show that the trade-weighted Democratic
portfolio carries a significantly negative HML loading of —0.324, indicating a systematic tilt
toward growth stocks. This is consistent with the sector composition hypothesis discussed in

Section 5.3.

The Republican sub-sample (1,760 events) produces point estimates close to zero and
statistically indistinguishable from it: —29.3 basis points equal-weighted (p = 0.519) and +4.6
basis points trade-weighted (p = 0.914). The pattern suggests that the aggregate negative

estimate is primarily associated with Democratic members' disclosed purchases.

This pattern is directionally consistent with Eggers and Hainmueller (2013), who report
somewhat stronger performance for Republicans than Democrats, although they do not find a

statistically significant party difference, and with Karadas (2019), who documented that

34



pre-STOCK Act outperformance was concentrated among powerful Republicans. In the
post-STOCK Act period covered by our sample, Republican members' disclosed purchases
generate near-zero risk-adjusted returns, while Democratic members' purchases generate
significantly negative returns. Possible explanations for the asymmetry are discussed in

Section 5.

Panel B reports a formal test of whether the two party sub-samples earn statistically different
risk-adjusted returns. Each month we subtract the Republican portfolio return from the
Democratic portfolio return and regress the resulting return difference on the Fama—French
three- and five-factor models with Newey—West standard errors. Under equal-weighting the
difference is negative but not statistically significant (FF3: —35.8 bps, p = 0.342; FF5: —56.9
bps, p = 0.148). Under trade-weighting the difference is large and statistically significant
(FF3: —=107.3 bps, p = 0.017; FF5: —=135.9 bps, p = 0.002). The trade-weighted result confirms
a statistically distinct party effect for larger disclosed positions, while the equal-weighted

result does not reach conventional significance levels.

Panel C reports results by trade size. The smaller bracket ($1,001-$15,000, 3,569 events)
produces a marginally significant negative alpha: —48.6 basis points (p = 0.084). The larger
bracket (above $15,000, 1,656 events) produces a smaller and non-significant equal-weighted
alpha of —25.0 basis points (p = 0.407) but a larger trade-weighted alpha of —64.9 basis points
(p =0.101). The point estimates are negative in both trade-size brackets, but the evidence is
statistically weaker among trades above $15,000. This suggests that the result is not confined
to the smallest disclosed trades, though the evidence does not allow firm conclusions about

differences across trade-size brackets.

Taken together, the results provide no support for H1 or H2. Disclosed House purchases do
not generate positive post-disclosure abnormal returns. In the main analysis sample excluding
advisor-managed trades, CARs are instead negative over the 20- and 40-day horizons. The
calendar-time portfolios likewise fail to produce positive alpha, and after transaction costs,
the trade-weighted portfolio generates statistically significant negative alpha under the
primary one-month specification. The sub-sample analysis reveals a statistically distinct party
effect under trade-weighting, with Democratic members' disclosed purchases driving the

aggregate negative result
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5. Discussion

The combined evidence from the event study in Section 4.2 and the calendar-time portfolio in
Section 4.3 fails to support both research questions of this study. Disclosed House purchases
over 2020 through 2024 do not generate positive post-disclosure abnormal returns, and a
calendar-time portfolio that mimics those purchases does not earn positive risk-adjusted
alpha. We find no support for HI or H2 as stated. In several specifications, the estimates are
significantly different from zero, but in the opposite direction to the hypothesised positive

abnormal returns.

The cross-sectional CARs in the main analysis sample are significantly negative at the 20-
and 40-day horizons, and the calendar-time alpha is negative across factor models and
weighting schemes. After transaction costs, the trade-weighted portfolio produces a
statistically significant negative alpha under the primary specification. The equal-weighted
primary specification reaches only marginal significance at the 10% level (p = 0.093), and as
discussed below, this significance is primarily driven by transaction costs, with the pre-cost

equal-weighted alpha not statistically distinguishable from zero (p = 0.402).

This section interprets the findings in the context of the three competing mechanisms set out
in Section 2.5, situates them in the prior literature, discusses the party asymmetry observed in
the sub-sample analysis, and considers what the results imply for market efficiency and for

the STOCK Act.

5.1 The three competing mechanisms revisited

Section 2.5 specified three mechanisms that could in principle generate positive
post-disclosure abnormal returns: continued informational content, slow market reaction, and
attention-driven flow. Each predicts a distinct return signature, and the observed pattern

provides no support for any of them.

Continued informational content would imply positive CARs that persist over longer
horizons and positive calendar-time alpha at the one-month holding period. We find the
opposite. CARs are negative at 20- and 40-day horizons in the main analysis sample, and the
calendar-time alpha is negative across factor models and weighting schemes. The positive
information content interpretation is not supported by the data. The finding is in line with

Karadas (2019), who showed that the abnormal returns earned by powerful Republicans
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before the STOCK Act largely disappeared after 2012, and with Belmont, Sandler, and
Eggers (2022), who found no consistent abnormal returns over 2014 through 2020. Our result

extends both into a more recent sample.

Slow market reaction predicts the same directional pattern as continued informational
content, a gradual incorporation of information into prices over days or weeks. If the
disclosed trades reflected genuine information that the market absorbed slowly, returns
should drift upward after disclosure rather than downward. The observed negative drift
provides little support for slow market reaction as an explanation for positive post-disclosure

returns.

Attention-driven flow predicts a different signature: a concentrated price reaction near the
disclosure date followed by reversal once the news fades. The cleanest indicator would be a
large positive CAR in the [0, +5] window that does not persist or that reverses at longer
horizons. We find no evidence of this pattern either. The [0, +5] CAR is essentially zero (6.0
basis points, p = 0.440) and the longer-horizon CARs are negative. The near-identical
estimates across the [0, +X] and [+1, +X] windows, differing by only 1.5 to 2.8 basis points,
indicate that the disclosure day itself contributes very little to the longer-horizon return. If a
retail or ETF attention bump existed, it would likely show up as a wedge between the two
sets of windows, and it does not. This stands in contrast to the pattern documented by (Zhang,
2022) for Berkshire Hathaway 13F filings, where a clear disclosure-day pop is followed by
drift. The congressional disclosure feed, despite the existence of dedicated tracker platforms
and replicating ETFs, does not produce a comparable attention effect in our sample. This
does not rule out smaller or more selective attention effects, for example among high-profile
members or for trades in widely followed stocks, which the aggregate design of this study is

not built to detect.

The three mechanisms in Section 2.5 were specified as the explanations capable of producing
positive abnormal returns, and the observed pattern provides no support for any of them. The
observed pattern is instead a negative drift, which was not the main focus of the theoretical
framework. Disclosed purchases are followed by returns lower than the predicted normal

return, with the difference growing over the 40 trading days following disclosure.
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One additional point should be noted. The fade in the calendar-time alpha at longer holding
periods, from —40.2 basis points at K =21 to —14.0 at K = 126 in the equal-weighted main
analysis, should be interpreted cautiously. As discussed in Sections 4.3 and 3.4, events
disclosed near the end of the sample period have shorter effective holding periods because
returns data end on December 31, 2024. This cut applies most strongly to K = 126, where it
affects events disclosed in the second half of 2024. The less negative alpha at longer horizons

may therefore partly reflect that artefact rather than a true fade of the underlying drift.

5.2 A non-information explanation: below-average stock selection

The simplest interpretation is that disclosed purchases do not function as profitable
post-disclosure signals for outside investors, not that members are systematically poor
investors overall. Several features of their disclosed purchases work against the later
performance of a mimicking strategy. This is in line with Eggers and Hainmueller (2013),
whose conclusion that congressional portfolios performed no better than chance over 2004

through 2008 anticipated the type of null or weakly negative result we observe.

Two features of the institutional setting are consistent with this reading, although we cannot
test them directly. The first is timing. The 45-day disclosure window is in itself an obstacle to
any informational advantage surviving in measurable form. The median disclosure lag in our
sample is 29 days and the 75th percentile is 42 days. By the time an outside investor can act,
much of any short-term return that might have followed the original trade has already been
realised by the market. The longer the gap between the original trade and the public
disclosure, the more of any underlying signal has been absorbed into prices before the public
can react. The second feature is the apparent pattern of which stocks are bought. Microsoft,
Apple, and Amazon dominate the most frequently purchased securities, suggesting that
disclosed purchases tend to concentrate in high-profile, recently appreciating stocks. We do
not test whether members systematically buy after extended price runs, but if that pattern
were present in the data, it would expose the mimicking portfolio to the tendency of such
stocks to underperform after big positive runs. A natural extension would be to test whether

disclosed purchases are preceded by unusually high prior returns.

This reading is also consistent with what the calendar-time portfolio shows about transaction
costs. The pre-cost alpha is negative but not statistically significant, suggesting that the

mimicking portfolio generates roughly zero risk-adjusted return before implementation costs.
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The post-cost alpha is significant in the trade-weighted specification, the strategy
underperforms on a risk-adjusted basis once realistic implementation costs are added. The
strongest statement the data support is therefore not that members systematically
underperform but that a mimicking strategy underperforms once it is implemented at

retail-investor cost levels.

The role of the advisor-managed exclusion is worth noting in this context. Our main analysis
excludes four high-volume members whose trading patterns are consistent with external
management, and this exclusion was motivated by the first research question rather than the
second. As shown in Section 4.3, the calendar-time alpha estimates for the main analysis and
the full sample are nearly identical, —40.2 versus —40.2 basis points for equal weighting and
—69.2 versus —71.4 for trade weighting. The exclusion choice does not drive the negative
result. This is a meaningful robustness finding in itself, since the four flagged members

generate 48.2% of the final clustered events.

The result also relates back to a point developed in Section 3.3.3. The cross-sectional event
study and the calendar-time portfolio can in principle give different answers when events
cluster in calendar time and overlap in the securities they hold. The cross-sectional t-test
treats observations as independent, which overstates the precision of the estimate. The
calendar-time portfolio with Newey—West standard errors is designed to mitigate this
problem. In our setting the two methods point in the same direction, negative CARs and
negative alpha, which means the cross-sectional dependence concern does not change the
qualitative conclusion. The calendar-time estimate is more conservative, and the difference is
clearest when comparing the full sample, where the event-study CAR is small and
insignificant but the calendar-time alpha is significantly negative. This illustrates the

dependence concern that motivated the methodological choice in the first place.

5.3 The party asymmetry

The sub-sample analysis in Section 4.4 produces the most distinctive pattern in the results.
Democratic members' disclosed purchases generate large negative alphas across all
specifications, the trade-weighted FF5 estimate reaches —121.8 basis points per month with a
p-value of 0.001, while Republican members' purchases produce point estimates close to zero
and statistically indistinguishable from it. The estimates suggest that the aggregate negative

result is mainly associated with the Democratic sub-sample.
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The cross-group test in Panel B of Table 6 formally tests whether the two party sub-samples
earn statistically different risk-adjusted returns. Under equal-weighting the difference is
negative but does not reach conventional significance levels (FF3: —35.8 bps, p = 0.342; FF5:
—56.9 bps, p = 0.148). Under trade-weighting the difference is large and statistically
significant (FF3: —107.3 bps, p = 0.017; FF5: —135.9 bps, p = 0.002), confirming a
statistically distinct party effect for larger disclosed positions. The equal-weighted result calls
for continued caution in interpreting the party asymmetry across the full cross-section of

positions.

It is also worth noting that three of the four excluded advisor-managed members are
Democrats, which should be kept in mind when interpreting the party asymmetry. The

full-sample robustness check in Section 4.3 does not resolve this at the sub-sample level.

The direction of the pattern, with Republican estimates above Democratic estimates, is
consistent with the prior literature. Eggers and Hainmueller (2013) reported stronger
performance for Republican than Democratic members over 2004 through 2008, although
they did not find a statistically significant party difference. Karadas (2019) documented that
abnormal returns before the STOCK Act were concentrated among powerful Republicans on
influential committees, and showed that this advantage largely disappeared after 2012. The
relative ordering of party performance in our sample therefore looks similar to what these

earlier studies found.

What does appear different in our sample is the level rather than the ordering. Republican
members' purchases earn essentially zero risk-adjusted returns in our post-STOCK Act
window, which is roughly what one would expect if any pre-STOCK Act information
advantage has been removed by the disclosure regime. Democratic members' purchases
produce significantly negative risk-adjusted returns, which is not anticipated by the prior
literature in this specific form. Whether this reflects something genuinely new about
Democratic trading behaviour in the 2020 through 2024 window, or whether it is largely a

sample-period effect, is the more important question.

Three potential explanations are worth raising for the confirmed trade-weighted party
difference, with the qualification that the data do not allow us to distinguish among them. The
first is sector composition. Democratic and Republican members may concentrate their

disclosed purchases in different sectors, and sector performance during our sample period
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was uneven. The 2022 drawdown in technology and other long-duration growth stocks was
particularly severe, and a portfolio overweight in those sectors would have produced negative
residual returns even after factor adjustment. The significant HML factor loading in the
Democratic trade-weighted portfolio (—0.324, Table A1) provides direct evidence of this
growth tilt. A negative HML loading corresponds to an overweight in growth stocks relative
to value stocks, precisely the segment that underperformed sharply during the 2022 rate

cycle.

Our analysis applies the Fama—French three- and five-factor models, which control for the
broad size, value, profitability, and investment dimensions but not for sector risk in any
detailed way. If Democratic members tilt their purchases toward technology and growth and
Republican members tilt toward energy, financials, or other sectors that performed
comparatively well in the inflationary period, the residual exposure could appear as a

difference in alpha.

The second is style exposure within sectors. Even within the same sector, the two groups may
concentrate on different types of firms, perhaps younger or higher-growth companies for one
and more established firms for the other. The factor models capture average size and value
tilts but not the specific stock selections that drive deviation from those average exposures.
The third is portfolio concentration. The Democratic sub-sample is larger and more
concentrated among a small number of highly active members, while the Republican
sub-sample is smaller and more spread across members. Concentrated trading by a small
number of highly active members could produce specific exposures that look like systematic

underperformance once aggregated into a portfolio.

The trade-weighted party difference is statistically established, but the mechanism behind it
remains unidentified. The point estimates are large and consistent across factor models and
weighting schemes, which suggests a real pattern in the data for larger disclosed positions.
The most defensible reading is that the direction matches what Eggers and Hainmueller
(2013) and Karadas (2019) reported for earlier periods, and that the mechanism behind the

Democratic negative alpha calls for dedicated future analysis.
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5.4 Implications for market efficiency and the STOCK Act

The results are consistent with the absence of an exploitable post-disclosure signal, as
predicted by semi-strong market efficiency. We find no evidence that the visible portion of
the disclosure feed contains exploitable information for an outside investor. By the time a
trade reaches the public record, any short-term advantage has either been absorbed into prices
over the disclosure lag or never existed in identifiable form. This conclusion is in line with
Karadas (2019), who found that the pre-STOCK Act abnormal returns for powerful
Republicans largely disappeared after the disclosure regime took effect, with Eggers and
Hainmueller (2013), who reached the same conclusion for an earlier period without a formal
disclosure requirement, and with Belmont, Sandler, and Eggers (2022), who find no
consistent abnormal returns over 2014 through 2020. Moe and Ma (2024) report that
abnormal returns from congressional trades correlate positively with economic policy

uncertainty, with the strongest effects in policy-related industries.

Our sample includes the 2020 through 2022 period of high policy uncertainty, the pandemic,
the inflation cycle, and the 2022 export controls, yet we find no consistent positive abnormal
returns. One interpretation is that any policy-uncertainty effect is not strong enough to
overcome the general fading of the post-STOCK Act information advantage. Another is that
our purchase-only design captures only one side of a trading pattern that may be more

informative when sales are included.

The interpretation of these findings for the STOCK Act itself is less straightforward than it
might first appear. One reading is that the Act is working as intended. By imposing
disclosure, it has either deterred informational trading directly or made any residual
information advantage too late and too widely known to be exploited by outsiders. The
absence of post-disclosure abnormal returns is then evidence that the legislation has closed
off the channel it was designed to close. An alternative reading is that the Act has not
changed underlying behaviour but has only made it harder to detect. The 45-day window
leaves room for information to be absorbed into prices before disclosure, and our design
cannot identify what happens in that pre-disclosure interval. A study that anchored event
windows on the transaction date rather than the disclosure date would be needed to test the

alternative.
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Our finding that a mimicking portfolio built on disclosed congressional purchases does not
earn positive alpha is also relevant for ETFs that operate on the same premise. Funds such as
NANC and GOP have attracted attention precisely on the premise that congressional
disclosures contain exploitable information. Our results do not support the raw-disclosure
premise over the sample period, the equal-weighted and trade-weighted mimicking portfolios
both produce negative alpha after transaction costs, with the trade-weighted version
statistically significant. This does not rule out the possibility that such products could deliver
positive returns through active management decisions, including the selection of which
disclosures to act on, sector tilting, or timing decisions. The headline claim of systematically
profiting from raw congressional disclosures was not supported by the data over 2020

through 2024.

5.5 Limitations and what the design cannot answer

Several limitations affect the interpretation of these results. The disclosure-date anchor of the
event study and calendar-time portfolio, as noted above, means that we test only the
exploitability of disclosures from the public release onward. Whether members earn returns
from the trade itself, measured from transaction date to disclosure date, is a separate question
that our design does not address. A natural extension would be to repeat the analysis with day
0 anchored on the transaction date, which would isolate the pre-disclosure interval where any
informational advantage, if it exists, has the best chance of being detected. The same applies
to sales. We have restricted the analysis to purchases for the reasons set out in Sections 1 and
2.5, and the question of whether members' sales contain information of either sign remains

open.

A second natural extension concerns which members are studied. Our design pools all House
members in the full analysis sample and tests them as a single group. This is consistent with
how the prior literature has approached the question, but it averages over substantial
differences in committee assignments, seniority, and access to non-public information. A
study that selected members ex ante on observable characteristics, for example committee
chairs, members of committees that oversee government spending and regulation, or
members in formal leadership positions, would test the hypothesis that informational
advantages are concentrated in a specific group rather than spread across all members. Any
such selection must be based on position rather than past trading performance to avoid

selecting on the outcome.

43



The party asymmetry is the most prominent feature of the results that we cannot fully explain.
The cross-group test confirms a statistically distinct party effect under trade-weighting, but
without a decomposition of the Democratic-minus-Republican spread into sector, style, and
member-specific components, the mechanism behind the difference remains unidentified. A
study designed specifically around the party question, with sector controls, a panel design
that accounts for individual member characteristics, or a difference-in-differences design
exploiting events that would differentially affect one party's disclosed purchases, would be

better suited to answer it than the calendar-time portfolio approach we use here.

Finally, the sample period itself is unusual. The 2020 to 2024 window contains the
early-pandemic disclosure boom, the 2021 reflation, the 2022 inflation cycle and technology
drawdown, the chip-export controls, and the 2023 banking stress. Each of these introduced
periods of large differences in returns across sectors that the Fama—French factor models do
not fully capture. The negative alpha we estimate is partly an alpha of a particular sample
period, and the extent to which it generalises beyond 2020 to 2024 remains an empirical

question for future work.

6. Conclusion

This study examined whether stock purchases disclosed by members of the U.S. House of
Representatives generate positive abnormal returns following public disclosure, and whether
an outside investor can earn risk-adjusted alpha by mimicking those purchases. We studied
the period January 2020 through December 2024 using two complementary methods, an
event study centered on the disclosure date and a calendar-time mimicking portfolio
benchmarked against the CAPM, the Fama—French three-factor model, and the Fama—French

five-factor model. For our sample, the answer to both research questions is no.

The event study finds no positive abnormal returns around disclosure. In the main analysis
sample, which excludes four high-volume members whose accounts are consistent with
external management, cumulative abnormal returns are close to zero in the first week after
disclosure and turn significantly negative over the 20- and 40-day horizons. The
near-identical estimates in the windows that include and exclude the disclosure day show that
the disclosure day itself adds very little, which argues against an attention-driven price effect.
The calendar-time portfolio confirms this picture. The pre-cost alpha is negative but not

statistically significant, while the post-cost alpha is significantly negative under the
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trade-weighted specification. A strategy that mimics disclosed House purchases would not
have earned positive risk-adjusted returns over the sample period, and would have
underperformed on a risk-adjusted basis once realistic transaction costs are included. The
results are consistent with the absence of an exploitable post-disclosure signal, as predicted
by semi-strong market efficiency, and with the prior findings of Eggers and Hainmueller

(2013), Karadas (2019), and Belmont, Sandler, and Eggers (2022).

The sub-sample analysis points to a difference between the two parties. The negative result is
concentrated among Democratic members' disclosed purchases, while Republican members'
purchases earn returns close to zero after risk adjustment. A formal cross-group test confirms
a statistically distinct party effect under trade-weighting, though the equal-weighted
difference does not reach conventional significance. The direction of this pattern matches
what earlier studies reported for periods before our sample, but the size of the negative

Democratic alpha is specific to the window we study.

The study contributes updated evidence on a window that prior work has not covered, a
period marked by heightened public attention, dedicated disclosure platforms, and several
large macroeconomic shocks. By anchoring the event study on the disclosure date, it tests
directly whether the public release of a member's trade is informative to the market, and by
using a calendar-time framework with Newey—West standard errors it addresses the
cross-sectional dependence that is common in congressional trading data. The concrete
takeaway is not evidence of congressional outperformance, but evidence that publicly
disclosed House purchases did not provide a profitable raw signal to outside investors during

a period of unusually high public attention to congressional trading.

Several extensions would build naturally on this design. Anchoring the analysis on the
transaction date rather than the disclosure date would test what happens during the
pre-disclosure interval, a decomposition of the party spread into sector, style, and
member-specific components would identify the mechanism behind the asymmetry, and
extending the analysis to sales would capture a side of congressional trading that this study
leaves open. Longer buy-and-hold horizons would also test whether disclosures contain
information that materialises over several years rather than months. Whether the negative
pattern we document persists beyond the 2020 through 2024 window remains a question for

future work.
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Appendix

This appendix reports the full factor loadings from the calendar-time portfolio regressions for

the primary one-month holding period (K = 21 trading days) after transaction costs. The main

results tables in Section 4 report the alpha, the market beta, and the adjusted R? for each
specification. Tables A1 and A2 below add the size (SMB), value (HML), profitability

(RMW), and investment (CMA) loadings with their t-statistics, for all six samples under both

the equal-weighted and trade-weighted schemes. Standard errors are Newey—West HAC with

a truncation lag of one month.

Table Al. Fama—French three-factor loadings, K = 21, post-transaction-costs. Coefficients with

t-statistics in parentheses.

Sample Weighting a (bps) MktRF SMB HML Adj. R?
Main analysis Equal —40.2 (-1.68) 1.037 (19.27)| 0.257 (3.94) 0.133 (1.92) 0.914
Main analysis Trade —69.2 (-2.01) 1.119 (14.18) | 0.122 (1.14) —0.093 (—0.97) 0.813
Full sample Equal —40.2 (-2.10) 1.056 (20.29) 0.274 (5.51) 0.129 (2.65) 0.945
Full sample Trade —71.4 (-2.16) 1.217 (16.13)| 0.421 (3.85) 0.144 (1.60) 0.873
Democrats Equal —67.0 (—2.47) 1.060 (18.73)| 0.225 (2.44) 0.071 (0.98) 0.886
Democrats Trade —106.7 (—2.84) 1.193 (13.23)| 0.050 (0.39) —0.324 (-3.29) 0.784
Republicans Equal —29.3 (-0.64) 1.021 (12.33)| 0.243 (1.51) 0.320 (2.25) 0.748
Republicans Trade +4.6 (+0.11) 1.031 (11.91)| 0.266 (1.67) 0.339 (3.15) 0.763
Above $15k Equal —25.0 (—0.83) 1.084 (15.54)| 0.242 (2.84) 0.016 (0.18) 0.867
Above $15k Trade —64.9 (—1.64) 1.143 (11.68)| 0.086 (0.71) —0.157 (-1.37) 0.754
$1k-$15k Equal —48.6 (-1.73)|  1.017 (17.58)| 0.249 (3.18) 0.200 (2.50) 0.882
$1k-$15k Trade =50.1 (-1.77) 1.016 (17.55) 0.259 (3.37) 0.197 (2.47) 0.883

Notes: a. is reported in basis points per month. SMB, HML, and MktRF are factor loadings.
T-statistics in parentheses are based on Newey—West standard errors with a one-month truncation lag.
N = 60 months for all specifications.
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Table A2. Fama—French five-factor loadings, K = 21, post-transaction-costs. Coefficients with

t-statistics in parentheses.

Sample Wit. a (bps) MktRF SMB HML RMW CMA R?
Main analysis | EW —46.8 (—1.96) 1.034 (19.38) | 0.334 (3.76) 0.049 (0.60) 0.118 (1.02)| 0.126 (1.50)| 0.914
Main analysis | TW —69.0 (—1.93) 1.104 (14.97)| 0.110 (0.82) | —0.038 (—=0.31) 0.030 (0.21)| —0.129 (-0.57) | 0.808
Full sample EwW —46.8 (—2.58) 1.051 (21.48)] 0.349 (4.92) 0.051 (0.86) 0.120 (1.32) 0.114 (1.72) | 0.946
Full sample ™ —77.8 (—2.35) 1.179 (18.09) | 0.473 (4.17) 0.189 (1.59) 0.195 (1.51) [ —0.181 (-1.17) | 0.875
Democrats EW —81.8 (-2.95) 1.030 (19.65) | 0.382 (3.52) | —0.034 (—0.42) 0313 (2.57)| 0.086(0.88)| 0.895
Democrats ™ —121.8 (=3.20) 1.132(12.23)] 0.191 (1.24) | —0.321 (-2.81) 0.390 (2.14) [ —0.179 (=0.79) | 0.794
Republicans EW —17.6 (-0.36) 1.072 (12.76) | 0.136 (0.76) 0.304 (1.46) [ —0.312 (-1.50)|  0.172 (0.69) | 0.751
Republicans ™ +26.8 (+0.62) 1.108 (13.01)] 0.052 (0.34) 0.375 (2.80) | —0.547 (-2.92)] 0.165(0.99)| 0.788
Above $15k EwW —16.3 (—0.54) 1.075 (15.68) | 0.134 (1.34) 0.172 (1.62) | —0.124 (=0.92) | —0.276 (—2.19) | 0.872
Above $15k ™ —61.4 (—1.50) 1.117 (12.30) | 0.028 (0.18) | —0.010 (—0.07) 0.002 (0.01) [ —0.311 (—1.12) | 0.753
$1k-$15k EW —63.3 (—2.40) 1.006 (18.55)| 0.415 (4.04) 0.031 (0.34) 0.269 (2.22)| 0.238(2.34)] 0.892
$1k-$15k ™ —65.1 (—2.47) 1.004 (18.54) | 0.429 (4.26) 0.024 (0.26) 0274 (2.26)| 0.246 (2.42)| 0.894

Notes: a. is reported in basis points per month. MktRF, SMB, HML, RMW, and CMA are factor
loadings. T-statistics in parentheses are based on Newey—West standard errors with a one-month

truncation lag. N = 60 months for all specifications. EW and TW denote equal-weighted and
trade-weighted.

Generative AI Use Statement

Generative Al tools were used for two limited purposes. First, minor coding assistance was
provided during data preparation, primarily syntax troubleshooting in Python. Second,
generative Al was used for language editing at selected points in the drafting process,
including suggestions on phrasing, clarity, and sentence structure. All ideas, research
questions, theoretical arguments, empirical analyses, interpretations of results, and
conclusions are the authors' own. All references were independently identified, read, and

verified by the authors.
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